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(a)               
Fig. 4 the segmentation results using K

(a)   
Fig. 5 the segmentation results using the proposed method

6 Conclusion

This paper presents multi
K-means and the firefly algorithm. Experimental result show that proposed 
approach could effectively overcome the problem which the 
sensitive to initial value. And the running time of 
can have good segment
algorithm with
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onclusion 

This paper presents multi
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