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ABSTRACT 

The goal of this research is to see how social influence, hedonic motivation, and habit affect e-money behaviour. This 

study also examines whether perceived risk influences the link between habit and behavioral intention. The current 

and future behavioral intention to use electronic money is described by behavioral intention. Data obtained from 484 

e-money users in West Sumatra who took part in an online survey. Data analysis with SmartPls reveals that social

influence, habit, and hedonic motivation all have a direct impact on behavioral intention. The findings also shows that

the social influence and hedonic motivation have an indirect effect on behavioral intention via habit. Furthermore,

there is no evidence that the influence of habit on behavioral intention is moderated by perceived risk.
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1. INTRODUCTION

The introduction of new payment innovations is 

influenced by the growth of electronic-based payment 

systems. Electronic money is a payment system 

innovation designed primarily for small-scale 

transactions. Bank Indonesia regulation No. 

20/6/PBI/2018 governing electronic money governs the 

issuance and use of e-money in Indonesia. Electronic 

money issuers are defined under the regulation as both 

bank and non-bank financial firms. With the issuance of 

the legal basis for e-money, many publishers participate 

and compete to issue e-money. As of June 28, 2021, 

there are 59 companies that have obtained permission to 

issue e-money [1]. 

The development of e-money raises various issues 

and problems related to the use and technology of e-

money. The problem of user attitudes and behaviour 

towards e-money or security and risk issues in the use of 

e-money is a major constraining factor in the

development of e-money. The many issues that have

developed around e-money have attracted the interest of

many researchers to study further. Theories related to

the adoption of new technologies are applied to analyse

why someone accepts or rejects certain technologies,

whether risk plays a role in influencing user behaviour

and interests. Theories that focus on technology

acceptance and adoption mainly adapt social 

psychology theory [2]. Davis et al. [3] stated that in 

order to increase user acceptance of technology, it is 

necessary to measure the attitudes and interests of users. 

2. LITERATURE REVIEW

E-Money adoption

The use behaviour (UB) of e-money describes the

intensity of the use of e-money by the user. This 

behaviour is measured based on the frequency of use of 

e-money. Venkatesh et al. [4] states that UB is directly

and indirectly influenced by habit and facilitating

conditions. Susanto et al. [5] revealed that perceived

risk directly affects the behaviour of using e-money.

This is due to the fact that e-money entails a number of

risks, including those related to performance, financial,

time, psychological, social, and privacy. Perceived risk

is defined as the extent to which the use of e-money will

bring risk to the user. Hoque et al. [6] states that non-

cash payment media contain elements of uncertainty,

risk and the possibility of loss. The greater the risk

arising from the use of e-money, the lower the level of

use of e-money. It is assumed that the perceived risk

will have a negative impact on e-money usage based on

this description.

Advances in Economics, Business and Management Research, volume 222

Proceedings of the Eighth Padang International Conference On Economics Education, Economics, 

Business and Management, Accounting and Entrepreneurship (PICEEBA-8 2021)

Copyright © 2022 The Authors. Published by Atlantis Press International B.V.
This is an open access article distributed under the CC BY-NC 4.0 license -http://creativecommons.org/licenses/by-nc/4.0/. 184

mailto:perengki@fe.unp.ac.id


Social influence 

Social influence [7], defined as the extent to which 

individuals believe that people who are important and 

influential to them should use the new technology [8,] 

represents the social environment in terms of user ideas 

and beliefs. Social influence is defined in this study as 

an individual's belief that other influential people should 

utilize e-money. According to the findings of Abrahao 

et al. [9], social influence has a direct impact on 

behavioral intention. Individuals and social groups that 

exchange experiences can become used to doing so. The 

findings of Husnil et al's [7] study show that social 

influence has a direct impact on habit. As a result, the 

hypotheses are as follows: 

H1: Social influence has a significant and positive 

impact on behavioral intention. 

H2: Social influence has a significant and positive 

impact on habit 

Hedonic motivation 

The pleasure experienced when employing particular 

technology is known as hedonic motivation [4]. 

Baabdullah [10] found a positive effect of hedonic 

motivation on behavioral intention on mobile game 

adoption by consumers. The pleasure generated when 

using e-money (especially when consumers make 

payments) can increase the attachment to continue using 

it in the future [11]. Therefore, it is expected that 

hedonic motivation will have a positive effect on 

consumer habits and intentions to use e-money. 

H3: Hedonic motivation has a significant and positive 

impact on habit 

H4: Hedonic motivation has a significant and positive 

impact on behavioral intention 

Habit 

Habit is defined as the degree to which people 

perform behaviours automatically as a result of prior 

experiences [2]. Venkatesh et al. [4] states that habit is a 

perceptual construct that reflects the results of previous 

experiences. Furthermore, Venkatesh et al. [4] indicate 

that depending on the interaction and experience gained 

with a given technology, the chronology of time might 

build varied levels of habits. In the context of this study, 

the use of e-money is not something new but has 

become an action that is carried out repeatedly both 

consciously and unconsciously so that it becomes a 

habit. Herting et al. [12] asserted that habit is a 

mechanism of unconscious behaviour repetition. In the 

case of India, habit is a significant factor influencing 

behavioral intention to accept mobile payment [13]. It is 

hypothesized that habit has a favourable influence on 

behavioral intentions based on this description. 

H5: Habit has a significant and positive impact on 

behavioral intention 

Perceived risk 

Risk is thought to be a significant component in 

determining customer behaviour intentions [14]. 

Uncertainty is supposed to heighten the sense of risk in 

online transactions. A consumer's subjective judgment 

about the potential for errors when undertaking online 

service transactions is known as perceived risk (PR) in 

electronic services [15]. Risk has a detrimental impact 

for e-money adoption in the context of e-money. 

Featherman & Pavlou [16] discuss PR as a potential 

drawback in achieving desired objectives from 

employing electronic services in the context of 

technological adoption. This definition pertains to e-

money adoption. "Performance risk," "financial risk," 

"time risk," "psychological risk," "social risk," "privacy 

risk," and "overall risk" are the seven types of risk they 

presented. They also advise that, given the many sorts of 

risks, it is sensible to use a multidimensional PR metric 

when analysing technology adoption. PR theory also 

assumes that public relations can have a major impact 

on customer intentions and behaviour. As a result, 

Susanto et al. [5] discovered that PR mitigates the 

impact of habit on behavioral intentions. This study 

believes that PR can explain m-payment service 

adoption for these reasons. 

H6: Perceived risk moderates the influence of habit on 

behavioral intention  

Figure 1. Research Model 

3. METHOD

The survey method was used to test the proposed

research model. Samples were obtained through the 

distribution of online questionnaires. The sampling 

technique used was purposive sampling method. The 

data analysis was based on 484 responses (168 males 

and 316 females). Respondents range in age from 17 to 

58 years old, with degrees ranging from high school to 

PhD degrees (S3). SmartPLS 3.0 is used to analyse the 

information. The structural model is analysed first, 

followed by the measurement model. Validity and 
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reliability of the instrument are included in the 

measurement model testing. The value of outer loading, 

cross loading, and average variance extract is used to 

measure convergent and discriminant validity (AVE). 

Composite reliability and Cronbach alpha were used to 

examine the instrument's reliability. 

4. RESULT

Measurement Model 

Measurement model testing was conducted to ensure 

that the instrument used met the valid and reliable 

criteria. There are two validity criteria tested, namely 

convergent and discriminant validity A positive 

correlation between indicators that measure the same 

construct is referred to as convergent validity. As a 

result, a reflective construct's measuring indicators 

should have a high amount of variance [17]. The value 

of the outer loading indicator and the average variance 

retrieved can be used to assess a reflective construct's 

convergent validity (AVE). 

When a construct has a high outer loading, it means 

that the connected indicators have a lot in common with 

it. The rule of thumb for determining convergent 

validity is that for confirmatory research, outer loading 

must be larger than 0.7, and the AVE value must be 

greater than 0.5 [18]. Figure 2 illustrates that, based on 

outer loading larger than 0.70, all indicators have 

convergent validity. 

Figure 2. Outer loading indicators 

Based on the AVE value in Table 1, convergent 

validity testing suggests that all variables have an AVE 

value greater than 0.5. As a result, all variables are 

found to have convergent validity. 

Table 1. Average Variance Extract (AVE) 

Variable AVE 

Behavioral Intention 0.747 

Hedonic Motivation 0.754 

Habit 0.738 

Social Influence 0.695 

Perceived Risk 0.694 

Habit*Perceived Risk 1,000 

Discriminant validity denotes that a construct is 

empirically unique from the other constructs [19]. It is 

evaluated by Fornell-Larcker Criterion. The square root 

of AVE for each construct (diagonals in bold) is larger 

than the correlation value of the construct with other 

constructs, according to the discriminant validity test 

results in Table 2. As a result, discriminant validity has 

been established for all constructs. 

Testing the reliability of the construct seen from the 

value of Cronbach alpha and composite reliability. 

Table 3 shows that all constructs are reliable with values 

above 0.7. Overall the measurement model shows that 

the model meets the requirements of validity and 
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reliability so that it can be continued in testing the 

structural model. 

Table 2. Discriminant Validity (Fornell-Larcker Criterion) 

Behavioral 

Intention 
Habit Habit*Perceived Risk 

Hedonic 

Motivation 

Perceived 

Risk 

Social 

Influence 

Behavioral Intention 0.864 

Habit 0.765 0.859 

Habit*Perceived Risk 0.036 0.074 1.000 

Hedonic Motivation 0.575 0.605 0.105 0.868 

Perceived Risk 0.176 0.209 0.386 0.074 0.833 

Social Influence 0.539 0.585 0.189 0.565 0.237 0.834 

Table 3. Reliability of construct 
Composite 

reliability 

Cronbach 

Alpha 

Behavioral Intention 0.899 0.830 

Habit 0.919 0.882 

Habit*Perceived Risk 1,000 1,000 

Hedonic Motivation 0.902 0.836 

Perceived Risk 0.900 0.870 

Social Influence 0.872 0.780 

Structural Model 

Evaluation of the structural model is carried out to 

see whether the proposed hypothesis can be accepted. 

Table 4 summarizes the results of hypothesis testing, 

and shows that 5 of  6 proposed hypotheses, proved 

significant with a positive direct correlation coefficient. 

Thus H1, H2, H3, H4, H5 are accepted. The moderating 

effect of perceived risk on the interaction between habit 

and behavioral intention proved insignificant, so H6 was 

rejected. In addition, as shown in Table 5, habit 

mediates the effect of hedonic motivation and social 

influence on behavioral intention. 

Table 4. Hypotheses Testing 

Hypothesis 
Original 

Sample (O) 

T Statistics 

(|O/STDEV|) 
P Values 

Result 

H1: Social Influence -> Behavioral Intention 0.098 1,728 0.042 Supported 

H2: Social Influence -> Habit 0.357 5.938 0.000 Supported 

H4: Hedonic Motivation -> Behavioral Intention 0.152 2,560 0.005 Supported 

H3: Hedonic Motivation -> Habit 0.404 6,967 0.000 Supported 

H5: Habit -> Behavioral Intention 0.612 9,724 0.000 Supported 

H6: Habit*Perceived Risk -> Behavioral Intention -0.054 1.192 0.117 Not Supported 

Table 5. Indirect effects 

Original Sample (O) T Statistics (|O/STDEV|) P Values 

Hedonic Motivation -> Behavioral Intention 0.247 6.068 0.000 

Social Influence -> Behavioral Intention 0.218 4.939 0.000 

Table 6 displays the explained variance (R2) and 

adjusted R 2 for each endogenous variable, with values 

ranging from moderate to high [18]. 61.2 percent of the 

variance in behavioral intention can be explained by 

social influence, habit, and hedonic motivation; the rest 

is impacted by variables not investigated in this study. 

While social impact and hedonic motivation account for 

45.3 percent of habit variance, the remaining 54.7 

percent is influenced by factors not addressed in this 

study. 

Table 6. R-Square and Adjusted R-Square 

R-Square Adjusted R-Square

Behavioral Intention 0.612 0.605 

Habit 0.453 0.449 

5. DISCUSSION

This study combines the UTAUT variable with

perceived risk (PR) to look into the variables that can 

predict e-money usage, such as social influence (SI), 
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hedonic motivation (HM), habit (HT), and behavioral 

intention (BI). This study's findings suggest that HT 

mediates the effect of SI and HM on BI. This result 

shows that the social environment (such as family and 

colleagues) and the pleasure obtained from the use of e-

money make e-money transactions a habit and so 

influence the behavior of using e-money. This study 

confirms Husnil et al. [7]. The research findings also 

yield a direct effect of HM on BI. This indicates that 

user acceptance of a particular technology is influenced 

by the underlying motivation. The direct effect of HM 

on BI is in line with previous studies [7], [11] , [10]. 

SI has a direct effect on BI, according to the study's 

findings. This suggests that important and prominent 

people's opinions and suggestions can be a driving force 

for technology adoption, which is consistent with prior 

study that found users are strongly impacted by the 

opinions of others in their social milieu [20]. According 

to Jung et al. [21], most people are uneasy about the 

adoption of a new technology since it is unclear. 

Individuals often rely on their social networks to help 

them make decisions in order to alleviate this 

discomfort. Many prior research employed the SI 

variable to gauge user adoption of new technologies. 

The results of this study are consistent with the findings 

of Tarhini et al. [22], Trinh et al. [23] and Rahmiati & 

Susanto [24]. 

Contrary to what was hypothesized, PR was found 

not to moderate the effect of HT on BI. PR is concerned 

with people's perceptions of their vulnerability to 

threats. The adoption of new technologies such as the 

use of electronic services contains an element of 

uncertainty, especially in the form of the possibility of 

errors when conducting online transactions [15]. 

However, when the use of online services has become a 

routine and a habit, the perception of risk can no longer 

affect the BI of users. In addition, it is probably that PR 

is not a moderating variable, but has a direct effect on 

BI, as the findings of Abrahao et al. [9] and Luo et al. 

[25] .

6. CONCLUSION

Based The findings revealed that habit had the

significant impact on e-money behavioral intentions. 

This indicates, to increase behavioral intention, 

transactions with e-money must become a habit. An 

activity becomes a habit if the activity is entertaining 

and fun to do. This can be done by increasing the 

convenience of transacting with e-money. The results of 

this study also have implications for policy makers. To 

increase the use of e-money, retail business players and 

other authorities need to create a wider electronic 

payment environment, for example in cafes, restaurants, 

supermarkets, mini market, transportation services and 

entertainment/tourist places. The more places that 

accept payments with e-money, the more e-money 

transactions will increase, and in the end, payments with 

e-money will become a habit. When the use of e-money

has become a habit, consumers no longer think about

the risks of using e-money. The increase in payment

transactions using e-money indicates the success of the

government's program in realizing a less cash society.
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