
 

Digitalization and Poverty Reduction: 
Case in Indonesia 

Dewi Regina1, Febrina Elia Nababan2* 

1 Ministry of Transportation, Indonesia 
2 National Research and Innovation Agency, Indonesia 
*Corresponding author. Email: febr013@brin.go.id  

ABSTRACT 
The Indonesian government has set a target of 0 extreme poverty by 2024. Pandemic covid-19 make this target become 

more challenges. Various strategies have been designed by the government to achieve the poverty target, such as 

digitalization. The purpose of this article is to estimate the impact of digitalization on poverty reduction and economy 

growth in Indonesia. Using data from 34 provinces in Indonesia from 2015 to 2020. This article's empirical analysis is 

based on panel data, Random Effect Model (REM) with an estimation technique of Two Stages Least Square (2SLS). 

Our results show, digitization has a significant effect on reducing poverty. On the other hand, digitalization has negative 

impact on economic growth. In order for digitalization to have a major impact in encouraging poverty alleviation, 

various things are needed, including increasing community capacity and supporting regulations made by the 

government. Capacity building is carried out so that the community is able to take advantage of digitalization for 

productive activities so as to encourage increased community welfare. Government policy support is also needed to 

support the wider use of digitalization. 
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1. INTRODUCTION 

Poverty is a problem faced by many countries, 

including Indonesia. Poverty will continue to be a 

global issue [1] so that currently poverty alleviation is 

included in the first sustainable development goal 

(SDG), namely "No Poverty" proposed by the United 

Nations (2020). In Indonesia, the Government's 
commitment to poverty alleviation is also proven by 

setting a target of 0 percent extreme poverty in 2024. 

This is certainly not something that is easy to do 

because currently we are still in the COVID-19 

pandemic situation so hard work is needed from all 

parties, both the Central Government and the Central 

Government. Local government. BPS data shows that 

the poverty rate in Indonesia until September 2021 was 

9.71% or 26.50 million people, decreased by 1.04 

million people in March 2021 and decreased by 1.05 

million people in September 2020. Poverty reduction 
activities, including reduction of extreme poverty, 

which is spread across various ministries/agencies and 

local governments are generally divided into two 

program groups, namely programs/activities in order 

to reduce the expenditure burden of the extreme poor 

through social assistance and subsidies, and 

empowerment programs to increase productivity in 

order to increase their economic capacity. Based on 

data from the Ministry of Finance, the poverty-related 

budget in 2021 will reach IDR 526 trillion. Thus, the 

main issue in accelerating extreme poverty reduction 

is how to ensure that social protection and 

empowerment programs can be effective and 

convergent in reducing poverty, including extreme 
poverty. However, until now the results of the efforts 

made by the government in poverty alleviation have 

not been maximized. To overcome this, digitalization 

can be used as a strategy in poverty alleviation. The 

use of digitalization is an important supporting factor 

for community activities, especially in the midst of 

activity restrictions due to the COVID-19 pandemic 

situation [2]. Digitalization in the form of using ICT 

reduces transaction costs (eg transportation fares and 

service fees) and increases the possibility of saving, 

borrowing, and receiving remittances, contributing to 

accessing digital financial services [3]. So far, there is 
a gap in the use of ICT between villages and cities. The 

internet gap prevents rural households from having 

access to the benefits of ICT [4], resulting in income 

inequality and poor poverty reduction effectiveness. 

At the microeconomic level, the use of digitalization, 

namely ICT, can increase labor productivity, reduce 

transaction costs and company production [5]. Other 

research results show the advantages of using digital 

for the community, namely access to a wider market 
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[6], convenience of public services such as education 

and health [7], broad business opportunities [8], lower 

transaction costs [9] and better income opportunities 

[10]. Utilization of ICT also makes it easier to conduct 

business, marketing and pricing more efficiently [11] 
(Salahuddin and Gow, 2016), making it easier to deal 

directly with consumers thereby reducing time and 

effort spent on communication and marketing. ICTs 

can also encourage increased skills of the workforce 

and provide access to human resources [12]. 

Various studies have been conducted to reveal the 

impact of using digitalization on poverty alleviation. 

The results of the study [13] show that increasing 

internet use has a multidimensional impact on poverty 

reduction in rural China. The same thing was also 

found by Yilmaz and Koyuncu [14]; Zhang  [15]; 

Pradhan [12], ICT penetration can lead to higher 
economic growth; the results showed that increasing 

access to information had a significant positive effect 

on poverty reduction efforts [16]. Research in 

Bangladesh shows that ICT has a very good ability to 

alleviate poverty despite the many challenges that 

must be faced [17]. But on the other hand there are 

different findings that the use of ICT does not always 

have a positive impact on poverty alleviation. Negrete 

[18] looks at how the Internet affects agricultural 

productivity and poverty rural areas, finding that the 

Internet has almost no impact on agriculture and that 
its effect on rural productivity and poverty is minimal. 

Sujarwoto and Tampubolon [19] analyzed the 

relationship between spatial inequality and Internet 

inequality in Indonesia and concluded that the Internet 

deepens spatial inequality and spatial inequality 

increases Internet inequality. 

The findings of various studies show that the use of 

ICT will not only have an impact on poverty but also 

on economic growth. The results of research by Garcia 

Zaballos and Lopez-Rivas [20], found that broadband 

was correlated with a 3.2 percent increase in GDP in 

26 Latin American countries. Qiang [21] found that an 
increase in the national broadband penetration rate of 

10 percent would lead to an increase in GDP per capita 

growth of 1.21 percent and 1.38 percent in developed 

and developing countries, respectively. Katz and 

Callorda [43] found that broadband penetration led to 

an increase in average annual income of 3.67 percent 

respectively in Ecuador overall. Toader et al. 2018 

states that ICT infrastructure has a beneficial and 

strong effect on economic growth in EU countries. 

Bahrini and Qaffas [22] found that mobile phones, 

internet usage, and broadband adoption are the main 
drivers of economic growth. The results of research by 

Raeskyesa and Lukas [23] show that ICT indicators 

have important beneficial consequences for economic 

growth and physical and human capital in ASEAN. 

Myovella et al. [24] found the positive contribution of 

digitalization to economic growth in 41 Sub-Saharan 

African countries and 33 OECD member countries. 

Based on the discussion above, this research tries to 

see the relationship between Digitalization and 

Poverty in Indonesia. 

2. RESEARCH METHOD 

 The data used in this study is panel data for 2015 - 

2020 in 34 provinces in Indonesia. Variables observed 

include digitization, poverty and economic growth. 

Digitization is described by the Information and 

Communication Technology Development Index 

(ICT). The estimation equation used is a simultaneous 

equation model that is used to estimate variables that 

are thought to influence each other. The most 

prominent feature in simultaneous equations is that the 

dependent variable in one equation may appear as the 

independent variable in another equation in the system 

(Gujarati, 2004). The simultaneous model in this study 

is expected to be able to capture the phenomenon of the 

relationship between digitization and poverty levels.  

3. RESULT AND DISCUSSION 

This study uses two research models and there are 

dependent variables in one equation that appear as 

independent variables in other equations in the system, 

therefore in this study using simultaneous equations. 

The provisions in using simultaneous equations are that 

the system of equations must be identified first. 

Simultaneous equation identification in this study aims 

to determine whether the model can be estimated or not 

or commonly referred to as order condition 

identification. 

Poverty equation: 

Povit = c0 + c1 𝐺𝑟𝑜𝑤𝑡ℎ̂  it + c2 ICTit + c3 IHKit + c4 

Unemployit + regional dummy + εit 

Economic growth equation: 

Growthit = c0 + c1 𝑃𝑜𝑣̂it + c2 Investmentit + c3 

Populationit + c4 IPMit + c5 ICTit  + c6 Giniratioit + 

εit 

Table 1. Result of identification of order condition 

Model 

Model K k K-k M-1 Category 

Poverty 8 4 4 1 Over 

identified 

Economic 

Growth 

8 5 5 1 Over 

identified 

If a simultaneous equation is in overidentified 

condition, then the appropriate estimation method used 

is Two Stage Least Square (2SLS). In testing the order 

condition in Table 1. it can be seen that the two 
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structural equations in this study are over identified so 

that the above variables have met the requirements in 

the simultaneous equation model and can be estimated. 

The most appropriate estimation method for the 

simultaneous equation in this study is Two Stage Least 

Square (2SLS) because the equation is in an 

overidentified condition. 

3.1 MULTICORRELATION TEST 

The multicollinearity test in this study was carried 

out before performing the regression, the aim was to see 

if there were independent variables that experienced 

serious correlations between other independent 

variables. The multicollinearity test in this study uses a 

correlation matrix which according to Gujarati (1995) 

multicollinearity testing can be done by looking at the 

Variance Inflation Factor (VIF) value and the 

correlation between the independent variables. If the 
VIF value is < 10 or the tolerance value is > 0.10, or 

you can also use the coefficient on the correlation test. 

It is said that there is a symptom of multicollinearity if 

the correlation between the independent variables is 

greater than 0.9. 

Table 2. Poverty Model Correlation Matrix 

 ICT IHK  Unempl

oyment 

Regional 

Dummy  

Econo

mic 

Growth 

ICT 1.0000         

CPI -0.0697 1.0000       

Unempl

oyment 

0.1969 -0.1015 1.0000     

Regional 

Dummy  

0.3161 0.0374 0.1791 1.0000   

Economi

c Growth 

-0.2958 0.5099 -0.1593 -0.1331 1.0000 

Based on table 2. the correlation matrix in the 

poverty model shows that all independent variables, 

namely ICT, CPI, Unemployment, Regional Dummy, 

Economic Growth have values below 0.9 so that 

multicollinearity between these variables does not 

occur.

Table 3. Correlation Matrix of Economic Growth Model 

 Investment Population ICT HDI Gini Ratio Percentage 

Ratio of Poor 

Investment 1.0000           

Population 0.8659 1.0000         

ICT 0.4099   0.1438 1.0000       

HDI 0.4752   0.2559   0.8358 1.0000     

Gini Ratio 0.2141   0.2707   0.0889   0.0537 1.0000   

Percentage 

Ratio of Poor 

-0.3151  -0.1484  -0.5250  -0.6672   0.3131 1.0000 

Based on table 3. the correlation matrix in the 

economic growth model shows that all independent 

variables, namely investment, population, ICT, HDI, 

Gini Ratio, the Poor have a value below 0.9 so 

multicollinearity between these variables does not 

occur. 

3.2 DATA PANEL REGRESSION TEST 

In this study, the poverty model was estimated using 

random effects, this is because according to Widarjono 
[25] the random effects model is used to overcome the 

weaknesses of the fixed effect model that uses dummy 

variables. Panel data analysis method with random 

effects model must meet the requirements, namely the 

number of cross sections must be greater than the 

number of research variables. In this study, the number 

of cross sections used was 34, and the number of time 

series used was 6, so it can be said that the poverty 

model has met the requirements to be estimated using 

random effects. 

Table 4. MODEL POVERTY 

VARIABLES Random Effect 

Koef Prob 

Pertumbuhan Ekonomi -0.61* 0.082 
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ICT -3.22* 0.000 

CPI 0.038 0.548 

Unemplyment -0.32 0.130 

Regional Dummy  -1.61* 0.039 

Konstanta 26.57* 0.000 

Observations 204   

R-squared 0.2688   

F- Stats 0.0000   

 * significant at 10% alpha 

 

Test of Statistical Criteria 

1. Simultaneous test (F – test) 

Simultaneous test on the poverty model can be 

seen in the F-Stat value in Table 4. The results of 

the simultaneous test on the poverty model show 
that the F-Stat value is 0.0000, because the value 

is less than 0.05 it can be concluded that the 

independent variables in this research model 

together have a significant influence on the 

dependent variable, namely the level of poverty. 

2. Coefficient of Determination/Goodness of Fit 

(R2) 

The value of R-squared (R2) in the poverty model 

can be seen in Table 4. The results show that the 

magnitude of the Goodness of Fit in the poverty 

model is 0.2688. The meaning of this value is that 

26.88% of the poverty rate variable can be 

explained by independent variables, namely 

economic growth, ICT, CPI, unemployment rate 

and Sumatran Java, while the rest is explained by 

other factors outside the model. 

DISCUSSION POVERTY MODEL 

a. Effect of Information and Communication 
Technology Development Index (ICT) on Poverty 

The results of the random effect regression found 

that the ICT variable was significant at 10% alpha with 

a coefficient of -3.22. So it can be concluded that 

poverty has a negative relationship to the level of 

poverty. If ICT increases by 1%, poverty will decrease 

by 0.32% ceteris paribus. This is in line with previous 

research which stated that the use of ICT, and 

particularly the Internet, can help reduce poverty [26] 

[9]. The results of Mushtaq and Bruneau's 2019 
research also state that the development of ICT has a 

role in poverty reduction [8]. ICTs can help the poor in 

a number of ways including through e-banking, mobile-

banking and mobile ATMs, as well as helping access to 

timely and inexpensive information and better 

connectivity and making it easier to obtain micro-loans. 

Various evidences from studies show that better access 

to finance can encourage poverty reduction and 

improve household welfare. The use of ICT, namely the 

Internet, also provides benefits ranging from easy 

access to information, the purchase of goods and 
services, to interaction with various individuals and 

groups in the broader government process. Rural 

residents are able to get more opportunities and 

opportunities because the use of the Internet reduces 

and removes previous barriers. But on the other hand, 

the use of the internet has the possibility of causing 

consequences for vulnerable groups of non-Internet 

users, rural residents lose their rights by these 

developments [27]. In order for digitalization to have a 

major impact in encouraging poverty alleviation, 

various things are needed, including increasing 

community capacity and supporting regulations made 
by the government. Capacity building is carried out so 

that the community is able to take advantage of 

digitalization for productive activities so as to 

encourage increased community welfare. López Ruiz 

and Alfaro Navarro [28] state that in the era of 

digitalization, the key to development is investment in 

improving the knowledge and skills of human 

resources. Isman, Gungoren [29] consider that the 

increasing use of digital tools in a digital society creates 

new requirements for individual skills. who use this 

tool and ensure the safe use of information, and are 
responsible for the use of new technology. An increase 

in qualifications in the field of technology is obtained 

through training within the organization. In addition, 

government policy support is also needed to support the 

wider use of digitalization Heeks in 2018 stated that in 

order for the target of digitalization development to be 

achieved properly, improving the effectiveness of 

governance can be increased by increasing the 

accountability of public services in the form of 

improving the quality of public services and 

information disclosure; developing an economic 

strategy [30]. Digital omi through a multi-stakeholder 
collaborative approach and also involving the 

community in decision-making for digital 

development; conduct policy evaluations, develop 

initiatives and innovations 

b.   The Effect of Economic Growth and Regional 
Dummy Variables on Poverty 

This study uses 2SLS simultaneous estimates, so 

that the economic growth variable in this model is an 

endogenous variable whose magnitude is estimated 

from other equations. Economic growth is an 

independent variable in the equation in the poverty 

model. The regression results showed that the 

economic growth variable was significant at 10% alpha 

with a coefficient of -0.61. So it can be concluded that 

economic growth has a negative relationship to the 

level of poverty. If economic growth increases by 1%, 

poverty will decrease by 0.61% ceteris paribus. This is 
in line with previous research which states that 

132 D. Regina and F. E. Nababan 



 

economic growth will reduce poverty levels [31] 

(Suryadarma and Suharyadi, 2007). 

This study uses a regional dummy variable to see 

differences in the development of poverty levels, by 

giving treatment based on the non-Java-Sumatra region 
as a reference area (benchmark). The reason for using 

the non-Java-Sumatra region as a benchmark is because 

the non-Java-Sumatra region has the highest average 

poverty rate compared to the Java-Sumatra region. 

Meanwhile, a positive or negative number in the 

dummy coefficient indicates that the area indicated by 

the dummy variable has a lower poverty level (for the 

negative sign) or higher (for the positive sign) than the 

area used as the benchmark [32]. The regression results 

showed that the regional dummy variable was 

significant at 10% alpha with a coefficient of -1.61. 

This means that the Java and Sumatra regions have 
lower poverty conditions than the non-Java-Sumatra 

areas. This difference in conditions occurs because 

each region has a condition of factors that affect the 

level of poverty, such as differences in economic 

growth, minimum wages and gaps in development 

achievement between provinces. The problem of the 

lack of equitable development, especially between the 

Western and Eastern Regions of Indonesia, has 

emerged for a long time. The development which is 

dominated by the provinces that are included in the 

Western Region of Indonesia, makes development in 
the Eastern Region of Indonesia still relatively far 

behind. BPS data shows that 80s of percent of 

Indonesia's GDP is dominated by provinces in the 

Western Region of Indonesia, while the rest is 

distributed across provinces in Eastern Indonesia 

(Central Bureau of Statistics, 2016). The phenomenon 

of inclusive growth in reducing poverty, reducing 

inequality, and increasing employment absorption is 

more common in the Western Region of Indonesia. [33] 

[34] [35]. 

Table 5. ECONOMIC GROWTH MODEL 

VARIABLES Random Effect 

Koef Prob 

Poverty -1.092675* 0.002 

Invesment -0.188864 0.916 

Population -1.844898 0.323 

ICT -2.058873* 0.002 

HDI -0.7094952* 0.065 

Gini Ratio 79.81461* 0.000 

Konstanta 55.54829* 0.0031 

Observations 204   

R-squared 0.480   

F- Stats 0.0002   

* significant at 10% alpha 

Test for Statistical Criteria 

1. Simultaneous test (F-test)  

Simultaneous test on the economic growth model 

can be seen in the F-Stat value in Table 5. The 

results of the simultaneous test on the poverty 

model show that the F-Stat value is 0.0002, 

because the value is less than 0.05 then it can be 

concluded that the independent variables in this 
research model together have a significant 

influence on the dependent variable, namely 

economic growth. 

2.     Coefficient of Determination/Goodness of Fit 

(R2) 

The value of R-squared (R2) in the economic 

growth model can be seen in Table 5. The results 

show that the amount of Goodness of Fit in the 

economic growth model is 0.48. The meaning of 

this value is that 48% of economic growth 

variables can be explained by independent 
variables, namely poverty, investment, 

population, ICT, HDI and Gini ratio while the rest 

is explained by other factors outside the model. 

DISCUSSION ECONOMIC GROWTH 

MODEL 

a. Effect of Information and Communication 

Technology Development Index (ICT) on 
Economic Growth  

The results of the random effect regression found 

that the ICT variable was significant at alpha 10% with 
a coefficient of -3.05. So it can be concluded that ICT 

has a negative relationship to the rate of economic 

growth. If ICT increases by 1%, economic growth will 

decrease by 0.30% ceteris paribus. This is in 

accordance with the research of Papaioannou and 

Dimelis 2007 [36]; Yousefi 2011 [37]; Pradan et al. 

2015; which mentions that economic growth in many 

countries and regions of the world is negatively 

affected by ICT. 

b.     The effect of the variable Poverty Level, HDI and 
Gini Ratio on Economic Growth 

This study uses a simultaneous estimate of 2SLS, so 

that the poverty rate variable in this model is an 

endogenous variable whose magnitude is estimated 

from other equations. Poverty level which is an 

independent variable in the economic growth equation. 

From the regression results, it was found that the 
poverty level variable was significant at alpha 10% 

with a coefficient of -1.09. So it can be concluded that 
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the variable poverty rate has a negative relationship to 

economic growth. If the poverty rate decreases by 1%, 

then economic growth will increase by 1.09% ceteris 

paribus. This is in line with previous research, namely 

Rogoff (2004) and Tambunan (2005) which stated that 
the lower the poverty rate, the faster economic growth. 

The influence of the HDI variable has a significant 

negative relationship to economic growth. From the 

regression results, it is found that the HDI variable is 

significant at alpha 10% with a coefficient of -0.7, 

meaning that if the HDI increases by 1%, economic 

growth will decrease by 0.7% ceteris paribus. These 

results are in line with research [38], namely the human 

development index and economic growth have a 

negative relationship in the short term in Nigeria. Gini 

ratio variable has a significant positive relationship to 

economic growth. From the regression results, it was 
found that the Gini ratio variable was significantly 

positive at 10% alpha. This result is in accordance with 

the findings of Henderson et al. [45], inequality in the 

distribution of economic activities has a positive 

relationship with the level of development. Later, 

Shahbaz [41] and Majeed [42] both used the ARDL 

technique to study the relationship of growth in income 

inequality in Pakistan, with the first investigation 

covering the years 1971-2005, and the second, 1975-

2013. Both studies identify a positive correlation 

between income inequality and economic growth in 

Pakistan during the investigated period. 

4. CONCLUSION 

The use of digitalization has a significant positive 

effect on reducing poverty levels. But on the other 

hand, the use of digitalization also has a negative effect 

on economic growth. Utilization of ICT, and especially 

the Internet, can help reduce poverty in several ways 

including through access to digital banking such as e-

banking, mobile-banking and mobile ATMs, helping 

access information to wider network interactions. 

In order for digitalization to have a major impact in 

encouraging poverty alleviation, it is necessary to 

increase community capacity and support regulations 

made by the government. Capacity building is carried 
out so that the community is able to take advantage of 

digitalization for productive activities so as to 

encourage increased community welfare. The use of 

technology that is not wise will have more negative 

impacts, namely a lack of productivity.  

AUTHORS’ CONTRIBUTIONS 

Dewi Regina and Febrina Elia Nababan are the main 

author. All author has equal contribution to the research 

study from design the study framework, analysis and to 

the writing of the manuscript. 

REFERENCES 

[1] Banerjee A and Duflo E (2020) How poverty ends: 

the many paths to progress-and why they might not 

continue. Foreign Affairs 99: 22–29  

[2] Ting DSW, Carin L, Dzau V, et al. (2020) Digital 

technology and COVID-19. Nature Medicine 

26(4): 459–461. DOI: 10.1038/s41591-020-0824-

5  

[3] Munyegera, G. K., & Matsumoto, T. (2018). ICT 

for financial access: Mobile money and the 

financial behavior of rural households in Uganda. 

Review of Development Economics, 22(1), 45–66. 

https://doi.org/10.1111/rode.12327 

[4] Van Deursen, A. J. A. M., & van Dijk, J. A. G. M. 

(2019). The first-level digital divide shifts from 

inequalities in physical access to inequalities in 

material access. New Media and Society, 21(2), 

354–375. 

https://doi.org/10.1177/1461444818797082.  

[5] Meijers, Huub. 2014. "Does the internet generate 

economic growth, international trade, or both?," 

International Economics and Economic Policy, 

Springer, vol. 11(1), pages 137-163, February.  

DOI: 10.1007/s10368-013-0251-x 

[6] Atasoy H (2013) The effects of broadband internet 

expansion on labor market outcomes. Industrial 

and Labor Relations Review 66(2): 315–345. 

https://doi.org/10.1177/001979391306600202 

[7] Grazzi M and Vergara S (2014) Internet in Latin 

America: who uses it? and for what? Economics of 

Innovation and New Technology. Taylor & 

Francis Journals, vol. 23(4), pages 327-352, June. 

DOI: 10.1080/10438599.2013.854513 

[8] Mushtaq, Rizwan & Bruneau, Catherine, 2019. 

"Microfinance, financial inclusion and ICT: 

Implications for poverty and inequality," 

Technology in Society, Elsevier, vol. 59(C). DOI: 

10.1016/j.techsoc.2019.101154 

[9] Galperin H and Viecens MF (2017) Connected for 

development? Theory and evidence about the 

impact of Internet technologies on poverty 

alleviation. Development Policy Review Overseas 

Development Institute, vol. 35(3), pages 315-336, 

May. DOI: 10.1111/dpr.12210 

[10] Whitacre B, Gallardo R and Strover S (2014) Does 

rural broadband impact jobs and income? 

Evidence from spatial and first-differenced 

regressions. The Annals of Regional Science 

Springer;Western Regional Science Association, 

vol. 53(3), pages 649-670, November. DOI: 

10.1007/s00168-014-0637-x  

134 D. Regina and F. E. Nababan 

https://doi.org/10.1111/rode.12327
https://doi.org/10.1111/rode.12327
https://doi.org/10.1177/1461444818797082
https://ideas.repec.org/a/kap/iecepo/v11y2014i1p137-163.html
https://ideas.repec.org/a/kap/iecepo/v11y2014i1p137-163.html
https://ideas.repec.org/s/kap/iecepo.html
https://doi.org/10.1177%2F001979391306600202
https://ideas.repec.org/a/eee/teinso/v59y2019ics0160791x16300811.html
https://ideas.repec.org/a/eee/teinso/v59y2019ics0160791x16300811.html
https://ideas.repec.org/s/eee/teinso.html


 

[11] Bianchi, C., & Mathews, S. (2016). Internet 

marketing and export market growth in Chile. 

Journal of Business Research, 69(2), 426-434. 

10.1016/j.jbusres.2015.06.048 

[12] Pradhan, R.P., Arvin, M.B., Norman, N.R., & 

Bele, S.K. (2014). Economic growth and the 

development of telecommunications infrastructure 

in the G-20 countries: A panel-VAR 

approach.Telecommunications Policy. Elsevier, 

vol. 38(7), pages 634-649. DOI: 

10.1016/j.telpol.2014.03.001  

[13] Yang, L.; Lu, H.; Wang, S. & Li, M. (2021). 

Mobile internet use and multidimensional poverty: 

Evidence from a household survey in rural China. 

Social Indicators Research: An International and 

Interdisciplinary Journal for Quality-of-Life 

Measurement, Springer, vol. 158(3), pages 1065-

1086, December. DOI: 10.1007/s11205-021-

02736-1 

[14] Yilmaz,  R.  &  Koyuncu,  J.Y.  (2018).  The  

contribution of  ICT  to  poverty  reduction:  A  

panel  data  evidence. Social Sciences Research 

Journal, Volume 7, Issue 4, 63-75 (December 

2018), ISSN: 2147- 5237 

[15] Zhang, J.; Zhang, Y.; Cheng, M.; Yu, N.; Wei, X. 

& Zhang, Z. (2019). Impact of information access 

on poverty alleviation effectiveness: Evidence 

from China, Digital Object Identifier 

10.1109/ACCESS.2019.2946652  

[16] Postula, M.; Chmielewski, W.; Puczynski, P. & 

Cieslik, R. (2021). Impact of information and 

communication technologies on energy poverty 

and unemployment in selected European Union 

Countries. Energies, 14 (19), 6110; 

https://doi.org/10.3390/en14196110 

[17] Md. Shahnur Azad Chowdhuryand, Mustafa Manir 

Chowdhury, Mrs. Nazneen Jahan Chowdhury, 

Mohammad Emdad Hossain, Sayed Md. Hashib 

Ahsan. 2021. The Role Of Information And 

Communication Technology (Ict) To Alleviate 

Poverty In Bangladesh. American International 

Journal of Social Science Research Vol. 7, No. 1; 

2021 ISSN 2576-103X   E-ISSN 2576-1048 

Published by CRIBFB, USA 

[18] Negrete JC (2018) Internet of things in Mexican 

agriculture; a technology to increase agricultural 

productivity and reduce rural poverty. Research 

and Analysis Journal 1(2): 1–13. 

[19] Sujarwoto, S., & Tampubolon, G. (2016). Spatial 

inequality and the internet divide in Indonesia 

2010–2012. Telecommunications Policy, 40(7), 

602–

616.https://doi.org/10.1016/j.telpol.2015.08.008 

[20] Garcia Zaballos, A. and Lopez-Rivas, R. (2012) 

Socioeconomic Impact of Broadband in Latin 

American and Caribbean Countries, Inter-

American Development Bank Technical Note 471, 

[21] Qiang, C.; Rossotto, C. and Kimura, K. (2009) 

‘Economic Impacts of Broadband’, in Information 

and Communications for Development 2009: Ex-

tending Reach and Increasing Impact, Washington 

DC: World Bank 

[22] Bahrini, Raéf, and Alaa A. Qaffas (2019) “Impact 

of information and communication technology on 

economic growth: Evidence from developing 

countries”, Economies 7(1): 21. 

[23] Raeskyesa, Dewa Gede Sidan, and Erica Novianti 

Lukas (2019) “Does Digitalization Increase 

Economic Growth? Evidence from ASEAN8 

Countries”, Jurnal Ekonomi Indonesia, 8(2): 267-

278. 

[24] Myovella, Godwin, Mehmet Karacuka, and Justus 

Haucap (2020) “Digitalization and economic 

growth: A comparative analysis of Sub-Saharan 

Africa and OECD economies”, 

Telecommunications Policy, 44(2): 101856. 

[25] Widarjono, Agus. 2009. Ekonometrika Pengantar 

dan Aplikasinya, Edisi Ketiga. Yogyakarta: 

Ekonesia 

[26] May, J., Dutton, V., & Munykazi, L. (2014). 

Information and communication technologies as a 

pathway from poverty: evidence from East Africa. 

In O.E. Adera, T.M. Waema, J. May, O. 

Mascarenhas, & K. Diga (Eds.), ICT pathways to 

poverty reduction: empirical evidence from East 

and South Africa (pp. 34-51). London: Practical 

Action Publishing. 

[27] Martyn Warren. The digital vicious cycle: Links 

between social disadvantage and digital exclusion 

in rural areas. Telecommunications Policy, 

31(6):374–388, 2007. 

https://doi.org/10.1016/j.telpol.2007.04.001 

[28] Nevado Peña, D.; López Ruiz, V.R.; Alfaro 

Navarro, J.L. An analysis of the key role of human 

and technological development in the smart 

specialization of smart European regions. Inf. 

Technol. Dev. 2020, 26, 728–741. [CrossRef] 

[29] Isman, A.; Canan Gungoren, O. Digital 

citizenship. Turkish Online J. Educ. Technol. 

2014, 13, 73–77. 

135Digitalization and Poverty Reduction: Case in Indonesia 

https://econpapers.repec.org/scripts/redir.pf?u=https%3A%2F%2Fdoi.org%2F10.1016%252Fj.jbusres.2015.06.048;h=repec:eee:jbrese:v:69:y:2016:i:2:p:426-434
https://econpapers.repec.org/scripts/redir.pf?u=https%3A%2F%2Fdoi.org%2F10.1016%252Fj.jbusres.2015.06.048;h=repec:eee:jbrese:v:69:y:2016:i:2:p:426-434
https://ideas.repec.org/s/spr/soinre.html
https://ideas.repec.org/s/spr/soinre.html
https://ideas.repec.org/s/spr/soinre.html
https://ideas.repec.org/s/spr/soinre.html
https://doi.org/10.3390/en14196110
https://doi.org/10.1016/j.telpol.2015.08.008
https://doi.org/10.1016/j.telpol.2007.04.001
https://doi.org/10.1016/j.telpol.2007.04.001


 

[30] Bukht, R., & Heeks, R. (2018). Development 

Implications of Digital Economies. Centre for 

Development Informatics, 6, 23. 

https://doi.org/10.13140/RG.2.2.11124.09602 

[31] Adams, R., dan J. Page, 2003. ―Poverty, 

inequality and growth in selected Middle East and 

North Africa countries,1980-2000‖, World 

Development 31(12): 2027-2048. 

[32] Ayu, Indah and Husaini, Muhammad, 2013. 

Analysis The Factors Influencing The Level Of 

Poverty In 10 Districs/Municipalities In The 

Lampung Province 2006-2010 . Jurnal Ekonomi 

Pembangunan 2(1) 

[33] Sholihah, Dyah Hapsari Amalina. 2014. 

Pertumbuhan Inklusif : Faktor-Faktor yang 

Memengaruhi dan Dampaknya Terhadap 

Pertumbuhan Kelas Menengah di Indonesia. 

Sekolah Pasca Sarjana : Institut Pertanian Bogor  

[34] Usmaliadanti, Christiana and Handayani, 

Herniwati Retno, 2011. Analisis Pengaruh Tingkat 

Kemiskinan, Pengeluaran Pemerintah Sekor 

Pendidikan Dan Kesehatan Terhadap Indeks 

Pembangunan Manusia Di Provinsi Jawa Tengah 

Tahun 2007-2009. Universitas Diponegoro. 

[35] Hartati, I., & Azwar. (2016, Desember 28). 

Pertumbuhan di Kawasan Timur Indonesia: Sudah 

Inklusifkah? 

https://bppk.kemenkeu.go.id/id/publikasi/artikel/1

50-artikel-keuangan-umum/23374-pertumbuhan-

dikawasan-timur-indonesia-sudah-inklusifkah, 

diakses tanggal 1 Juni 2022 

[36] Papaioannou, Sotiris K., and Sophia P. Dimelis. 

2007. Information technology as a factor of 

economic development: Evidence from developed 

and developing countries. Economics of 

Innovation and New Technology 16: 179–94. 

[37] World Bank. 2017. World Development 

Indicators. Washington, DC: World Bank. 

Yousefi, Ayoub. 2011. The impact of information 

and communication technology on economic 

growth: Evidence from developed and developing 

countries. Economics of Innovation and New 

Technology 20: 581–96 

[38] Abraham, Terfa, dan Ahmed, Umar (2011) 

“Economic Growth and Human Development 

Index in Nigeria: An Error Correction Model 

Approach” International Journal of Administration 

and Development Studies, University of 

Maiduguri, Nigeria, 2. (1): 239 – 254 (March, 

2011) 

[39] Pradhan, Rudra P., Mallik Girijasankar, and Tapan 

P. Bagchi. 2018. Information communication 

technology (ICT) infrastructure and economic 

growth: A causality evinced by cross-country 

panel data. IIMB Management Review 30: 91–

103. [CrossRef] 

[40] Toader, Elena, Bogdan Narcis Firtescu, Angela 

Roman, and Sorin Gabriel Anton (2018) “Impact 

of information and communication technology 

infrastructure on economic growth: An empirical 

assessment for the EU countries”, Sustainability, 

10(10): 3750. 

[41] Shahbaz M. Income inequality, economic growth 

and nonlinearity: a case of Pakistan. Int. J. Soc. 

Econ. 2010;37(8):613–636. 

[42] Majeed M.T. Economic growth and income 

inequality nexus: an empirical analysis for 

Pakistan. Kashmir Econ. Rev. 2016;25(1):1–12. 

[43] Katz, R. and Callorda, F. (2013) ‘Economic Impact 

of Broadband Deployment in Ecuador’, Dialogo 

Regional Sobre Sociedad de la Informacion, 

https://idlbnc.idrc.ca/dspace/bitstream/10625/537

97/1/IDL-53797.pdf 

[44] Kami Richmond & Russell E. Triplett (2017): ICT 

and income inequality: a cross-national 

perspective, International Review of Applied 

Economics, DOI: 

10.1080/02692171.2017.1338677 

[45] Henderson, J. V., Squires, T. L., Storeygard, A., & 

Weil, D. N. (2018). The global spatial distribution 

of economic activity: Nature, history and the role 

of trade. The Quarterly Journal of Economics, 

133(1), 357–406. 

https://doi.org/10.1093/qje/qjx030 

 

136 D. Regina and F. E. Nababan 

https://doi.org/10.13140/RG.2.2.11124.09602
https://idlbnc.idrc.ca/dspace/bitstream/10625/53797/1/IDL-53797.pdf
https://idlbnc.idrc.ca/dspace/bitstream/10625/53797/1/IDL-53797.pdf
https://doi.org/10.1093/qje/qjx030


137Digitalization and Poverty Reduction: Case in Indonesia 

Open Access This chapter is licensed under the terms of the Creative Commons Attribution-NonCommercial 4.0 International License (http:// 
creativecommons.org/licenses/by-nc/4.0/), which permits any noncommercial use, sharing, adaptation, distribution and reproduction in any 
medium or format, as long as you give appropriate credit to the original author(s) and the source, provide a link to the Creative Commons 
license and indicate if changes were made. 

The images or other third party material in this chapter are included in the chapter’s Creative Commons license, unless indicated otherwise 
in a credit line to the material. If material is not included in the chapter’s Creative Commons license and your intended use is not permitted 
by statutory regulation or exceeds the permitted use, you will need to obtain permission directly from the copyright holder. 


	Test of Statistical Criteria
	1. Simultaneous test (F – test)
	Simultaneous test on the poverty model can be seen in the F-Stat value in Table 4. The results of the simultaneous test on the poverty model show that the F-Stat value is 0.0000, because the value is less than 0.05 it can be concluded that the indepen...
	Test for Statistical Criteria

