
Research on the Influencing Factors of Students’
User Intention in Public Online Education

Platform

Zhijun Lv(B), Nan Zhu, and Xueyan Wang

School of Economics and Management, Dalian University of Technology, Dalian, China
dllg@dlut.edu.cn, {nanzhu1228,wangxueyan}@mail.dlut.edu.cn

Abstract. In 2021, China’s Ministry of Education launched a public online edu-
cation platform to serve primary and secondary school students to reduce students’
learning burden and promote educational equity. How to get more student users to
use the public online education platform has become an urgent problem. Based on
TAMandECMmodels, this study constructs amodel of factors affecting the usage
intention of public online education platform from three aspects: system experi-
ence, social factors, and personal motivation. To verify this model, this study
uses a questionnaire to conduct an empirical test. Research confirms that system
experience factors indirectly influence users’ intention to use through perceptual
factors, while social factors and personal motivation can directly influence users’
intention to use. It is recommended that public online education platform take
measures to stimulate student usage intention from three aspects: user experience,
student initiative, and social influence.
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1 Introduction

The online education platform carries out teaching activities through information tech-
nology, which is the combination of traditional education and information technology
[1]. According to the Statistical Report on Internet Development in China released by
the China Internet Network Information Center (CNNIC), China’s online education
platforms have 325 million users as of June 2021, accounting for 32.1% of the total
Internet users. In the meantime, many problems emerge as public online education plat-
form develop. Spurred by capital, some online education platforms for primary and
secondary education have deviated from the original intent of education. For example,
some platforms develop educational products that violate cognitive laws, which leads
to an excessive academic burden for students. Moreover, some platforms make use of
parents’ anxiety about children’s education to induce parents to rationally purchase extra
online education courses and expensive courses about test skills, which leads to educa-
tional injustice. In response to themessy phenomena, theMinistry of Education of China
proposed a policy to optimize free online learning services in July 2021 and launched a
free public online education platform. Therefore, how to get student users to actively use
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public online education platform has become an urgent problem. Most of the previous
studies are based on the business perspective, mainly using the questionnaire survey
method to explore the influencing factors of users’ continuous use behavior from three
aspects: system, individual and environment [2]. However, the influencing factors of
student users’ intention to use are not explored from the perspective of usage. Therefore,
this paper uses the technology acceptance model (TAM) and expectation confirmation
model (ECM) as the theoretical basis to explore the influencing mechanism of student
users’ willingness to use public online education platforms from three aspects: user
experience factors, personal motivation factors, and environmental factors.

2 Literature Review

2.1 System Experience and User Perception

Systematic experience refers to people’s cognitive impressions and reactions to the prod-
ucts, systems or services they use or expect to use. This definition emphasizes the sub-
jectivity of the user experience and focuses on the pleasure and value of its process
[3]. Combined with the usage scene of students public online education platforms, the
platform should make students feel physical and mental pleasure and learning value
through technology and resources. Therefore, this study defines system experience as
the perceptions that students develop through their technology experiences and resource
experiences while using public online education platforms. A related study based on the
technology acceptance model shows that the user perception of the public online edu-
cation platforms is mainly derived from perceived usefulness and perceived ease of use
[4]. Resources have a certain effect on perceived usefulness. For example, Tan Hongxia
confirmed through a relevant study on the online learning teaching of college students
that course resources affect perceived usefulness [5]. Liu’s study on usage behavior on
MOOC platforms also confirmed that resources of good quality have a significant effect
on perceived usefulness [6]. Technology affects the perceived ease of use. For example,
Sun Yumei and other related studies based on BIM technology learning of college stu-
dents found that technology has a certain correlation with perceived usefulness [7]. Wu
Jun and others, based on online user satisfaction research, also found that the ease of
technology use affects the perceived ease of use [8]. Students’ user experience is partic-
ularly critical to the formation of their perception. Student resource experience affects
the formation of perceptual usefulness, and student technology experience affects the
formation of perceived ease of use. Accordingly, the following hypotheses are proposed
in this paper:

H1: Resource experience has a positive effect on perceived usefulness.
H2: Technology experience has a positive effect on perceived ease of use.

2.2 User Perception and Satisfaction

Perceived usefulness and perceived ease of use are the fundamental factors affecting
user perception in the TAM model. Student users perceive the usefulness and ease of
use of the public online education platforms in the utilization process of the platform,
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which affects their satisfaction with the online platform. Perceived usefulness is defined
as the degree to which individuals trust that an information system can improve work
efficiency, which is an important factor of user satisfaction in the continuous use behavior
of information systems [9]. Perceived ease of use refers to the ease of operating a product
or technology [10]. It has been established that perceived ease of use has a positive impact
on satisfaction [11]. Perceived ease of use has a positive impact on perceived usefulness
[12, 13]. In addition, Chen G’s study also confirmed that perceived ease of use, perceived
usefulness, and satisfaction are the key factors of the continuous usage intention of online
education platforms [1]. Accordingly, the following hypothesis is proposed:

H3: Perceived ease of use has a positive effect on perceived usefulness.
H4: Perceived usefulness has a positive effect on satisfaction.
H5: Perceived ease of use has a positive effect on satisfaction.

2.3 Social Factors, Satisfaction, and Usage Intention

Relevant studies confirm that social factors can have an impact on individuals’ infor-
mation system usage behavior [14]. Venkatesh et al. define the social impact as the
extent to which users feel about being affected by the surrounding environment; that is,
the higher the influence degree of the surrounding population on the use of a certain
information system or information technology, the stronger the user’s willingness to use
[15]. Domestic and overseas studies have also confirmed that social factors positively
affect satisfaction and usage intention. For example, Alruwaie M et al., based on the
study of citizen e-government services, found that social factors have some influence on
user satisfaction [16]. Based on research on the use behavior of mobile users’ learning
platforms, Xu Xueqi found that the influence of social impact on usage intention was
significant [14]. Accordingly, the following hypothesis is proposed:

H6: Social impact has a positive effect on satisfaction.
H7: Social impact has a positive effect on usage intention.

2.4 Personal Motivation and Usage Intention

Perceived autonomy comes from self-determination theory. Self-determination theory
proposes two main types of motivation. One is intrinsic motivation, which refers to
doing something for their benefits because people enjoy the process itself. The other is
extrinsic motivation, which refers to activities performed for outcomes rather than the
activity itself, such as pursuing a reward or avoiding punishment [17]. Related studies
have shown that perceived autonomy enhances intrinsic motivation. Some studies have
shown that intrinsic motivation can help people maintain longer persistence, provide
better performance, and achieve greater satisfaction when dealing with various tasks in
various domains (e.g., education, behavioral health, organization) [18]. Related studies
have also confirmed that perceived autonomy affects satisfaction and usage intention. For
example, in Y Jung’s (2011) study of online virtual world social networking, it was found
that perceived autonomy affects usage intention [19]. J Kim and JH Park’s (2021) study
of library user behavior found that perceived autonomy affects user satisfaction [20].
Student usage intention of the public online education platforms mainly comes from
internal motivation. Students’ perceived autonomy will have some influence on their
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Fig. 1. Research framework and research assumptions.

usage intention and satisfactionwith the public online education platforms. Accordingly,
the following hypothesis is proposed:

H8: Perceived autonomy has a positive effect on satisfaction.
H9: Perceived autonomy has a positive effect on usage intention.

2.5 Satisfaction and Usage Intention

In previous studies on public online education platforms, satisfaction was regarded as a
key variable that can affect usage intention. The higher the satisfaction is, the stronger
the usage intention. In the ECM model, satisfaction is also the decisive factor in deter-
mining usage intention [9]. Learner satisfaction is an important criterion to measure
the success of education platforms. High satisfaction promotes the success of public
online education platform and improves continuous usage intention [21]. This study
defines satisfaction as the evaluation given by student users after using and experiencing
the online education platform, which plays a mediating role between the variables of
user perception (perceived usefulness and perceived ease of use) and usage intention.
Accordingly, the following hypothesis is proposed:

H10: Satisfaction has a positive effect on usage intention.

The research framework and research assumptions are shown in Fig. 1.

2.6 Methodology

Data Collection and Profile of Survey Respondents
In this study, resource experience (RE), technology experience (TE), perceived useful-
ness (PU), perceived ease of use (PE), usage intention (UI), user satisfaction (USI), per-
ceived autonomy (PA), and social influence (SI) were selected asmeasurement variables.
The source of the questionnaire questions is shown in Table 1.
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Table 1. Operational definition of constructs and measurement items.

Construct Definition Source

Resource Experience (RE) Student user’s perceive the
resource richness, update
speed and playback effect in
the process of using the public
online education platform.

Wang C et al. (2020) [22]

Technology Experience (TE) Student users’ perception of
the responsiveness, recovery,
and effectiveness in the
process of using the public
online education platform.

Kim J et al. (2009) [23], Guan
Lei (2010) [24]

Perceived Autonomy (PA) Student’s hope to have the
internal psychological needs
of learning independently in
the process of using the public
online education platform.

O Sorebo et al. (2009) [25],
Juan Carlos Roca et al. (2008)
[18]

Social Influence (SI) The impact of individuals and
policies in the environment of
student users, such as students,
parents and teachers.

Lu J, Yu C S, Yao J E. (2007)
[26]

Perceived Usefulness (PU) The perceived improvement of
learning efficiency is in the
process of using the online
platform.

Davis F D. (1989) [27] and
Moorthy K et al. (2019) [28]

Perceived Ease of Use (PEU) Student users feel how easy to
operate in the process of using
the public online education
platform.

Davis F D. (1989) [27] and
Yoon S et al. (2016) [29]

User Satisfaction (USI) Student users’ needs and
overall expectations in the
service process are evaluated
after using the public online
education platform.

Bhattacherjee, A. (2010) [30]

Use Intention (UI) Student users’ willingness to
continue using the learning
platforms after trying the
public online education
platform.

Bhattacherjee, A. (2010) [30]
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Table 2. Descriptive statistics of sample data.

Statistical items Category Frequency Percentage

Gender Male 169 48

Female 184 52

Total 353 100

Age 6–12 175 49.6

13–15 170 48.2

16 and above 8 2.3

Total 353 100

Phase of studying Primary school 177 50.1

Junior middle school 176 49.9

Total 353 100

3 Data Collection

In March-April 2022, this study distributed online questionnaires to users of public
online education platforms in partner institutions (33 secondary and elementary school
in 13 cities in Northeast, Northwest, Central, South and Southwest China), and a total of
525 questionnaires were returned, which were carefully screened by the authors of this
paper, and finally 353 valid survey data were obtained, with a data validity rate of about
67%. The number of data recovered from the questionnaire was more than 10 times the
total number of study variables, meeting the reference standard of more than 10 times
proposed by Hair et al. [31]. Descriptive statistics of the samples are presented in Table
2.

4 Results

4.1 Analysis of Reliability and Validity

The data analysis of this study adopts the variance-based partial least squares method
(PLS method), which is suitable for measuring complex models and can test both mea-
surement and structuralmodels [32]. Therefore, PLS 3.0was selected as the data analysis
software for this study. Since the measurement model of this study belongs to the reflec-
tive measurement model, we test the reliability, convergence validity and discriminant
validity of the scale. The results of data analysis are shown in Table 3.

Comparing the correlation coefficient between the square root of AVE and the latent
variable can reveal the discriminant validity. As shown in Table 4, the AVE square root
values (in black font) of all variables are larger than the correlation values between latent
variables.



1124 Z. Lv et al.

Table 3. Results of reliability and validity analysis of the measurement model.

Variables Question item IL AVE CR Cronbach’s Alpha

Social Impact (SI) SI 1 0.909 0.843 0.942 0.907

SI 2 0.926

SI 3 0.920

Perceived Autonomy (PA) P A 1 0.932 0.862 0.949 0.920

P A 2 0.926

P A 3 0.927

Perceived Easy to Use (PEU) PEU1 0.926 0.847 0.943 0.910

PEU2 0.918

PEU3 0.917

Perceived Usefulness (PU) PU1 0.937 0.878 0.950 0.930

PU2 0.925

PU3 0.948

Resource Experience (RE) RE1 0.897 0.769 0.909 0.851

RE2 0.821

RE3 0.910

Technology experience (TE) TE1 0.897 0.787 0.917 0.864

TE2 0.896

TE3 0.867

User satisfaction (USI) UI1 0.938 0.857 0.947 0.916

UI2 0.934

UI3 0.905

User Intention (UI) US1 0.926 0.866 0.950 0.923

US2 0.929

US3 0.937

4.2 Hypothesis Testing

Structural model path coefficient analysis analyses the internal relationship between
latent variables by calculating the standardized path coefficient, T value, confidence
interval (CI), P value, and other parameters, as shown in Table 5.
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Table 4. Correlation coefficients among latent variables of the measurement model.

Latent variable SI PA PEU PU RE TE UI USI

SI 0.918

PA 0.645 0.928

PEU 0.491 0.670 0.920

PU 0.637 0.779 0.720 0.937

RE 0.589 0.695 0.635 0.766 0.877

TE 0.466 0.640 0.778 0.705 0.625 0.887

UI 0.635 0.803 0.651 0.808 0.716 0.639 0.926

USI 0.577 0.760 0.730 0.834 0.721 0.708 0.828 0.931
* The number on the diagonal is the square root of the AVE value

Table 5. Standardized path coefficient of structural equation modelling.

Hypothesis Standardized total
effect

T value Confidence interval
(CI)

Significance (P value)

RE - > PU 0.518 12.416 [0.439–0.601] ∗ ∗ ∗
TE - > PEU 0.778 30.891 [0.728–0.825] ∗ ∗ ∗
PEU - > PU 0.391 9.419 [0.307–0.469] ∗ ∗ ∗
PU - > USI 0.501 7.913 [0.375–0.620] ∗ ∗ ∗
PEU - > USI 0.416 7.79 [0.304–0.514] ∗ ∗ ∗
SI - > USI 0.011 0.277 [0.069–0.092] 0.781

SI - > UI 0.134 2.813 [0.047–0.232] ∗ ∗ ∗
PA - > USI 0.215 3.032 [0.083–0.358] ∗ ∗
PA - > UI 0.454 8.005 [0.339–0.560] ∗ ∗ ∗
USI - > UI 0.490 10.108 [0.395–0.585] ∗ ∗ ∗
Note 1: ∗ ∗ ∗ p < 0:01 (two-tailed). Note 2: ∗ ∗ p < 0:05 (two-tailed)

5 Conclusions

(1) System experience factors (resource experience and technology experience) do not
directly affect student usage intention on public online education platform but indi-
rectly affect student usage intention through perceived factors (perceived usefulness,
perceived ease of use and satisfaction).According to the data analysis, resource expe-
rience affects user satisfaction through perceived usefulness, whichmeans indirectly
affects usage intention. Technology experience indirectly affects usage intention
through perceived ease of use; technology experience indirectly affects satisfaction
and usage intention through perceived ease of use and perceived usefulness. Among
them, perceived usefulness affects usage intentionmore strongly than perceived ease
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of use. Specifically, perceived usefulness is directly affected not only by resource
experience and perceived ease of use but also by technology experience. Perceived
ease of use is only directly affected by the technology experience. Perceived use-
fulness and perceived ease of use indirectly affect usage intention by affecting user
satisfaction. Perceptual usefulness affects usage intention to a greater extent than
perceived ease of use. In addition, during the process of using public online edu-
cation platform, the higher the technology experience level of student users (such
as loading speed, system stability, and system recovery), the higher perceived use-
fulness and satisfaction, and the stronger usage intention. Therefore, the functional
modules related to student users in the public online education platform should focus
on the practical value and pay attention not only to student user resource experience
but also to student user’s technology experience.

(2) Social factors (social impact) directly affect student usage intention on public online
education platform, but the impact on satisfaction is not significant. According to the
data analysis, social impact positively affects usage intention, while social impact
does not significantly affect satisfaction. The results show that student usage inten-
tion on public online education platform is affected by society; that is, students,
teachers, parents, policy and other factors can improve students’ willingness to use
learning platforms. However, the effect of the social impact on satisfaction is not sig-
nificant because the formation of student users’ satisfaction with the public online
education platform comes from the perception after actual use. Social influences
affect students’ usage intention but not their satisfaction.

(3) Personal motivation (perceived autonomy) directly influences students’ usage inten-
tion of public online education platform and indirectly influences satisfaction.
According to the data analysis, perceived autonomy positively affects usage inten-
tion and indirectly positively affects satisfaction. The result shows that perceived
autonomy directly enhances student usage intention on the public online education
platform. Specifically, if students have autonomy in learning duration, course con-
tent, learning progress and other aspects, students’ willingness to use the public
online education platform will increase. In addition, when the students’ perceived
autonomy is higher, the students’ satisfaction is higher, and the intention to use is
stronger.

References

1. G. Chen, C. Shuo, P. Chen, et al., “An Empirical Study on the Factors Influencing Users’
Continuance Intention of Using Online Learning Platforms for Secondary School Students
by Big Data Analytics,” Mobile Information Systems, 2022.

2. ZhangM, Zhu A, Zhang F. et al., “Factors influencing the study of continuous usage behavior
of online education platform users,” Library Forum, 2021.

3. Y. B. Hu and R. H. Huang, “Learning Experience in Smart Learning Environment: Definition,
Elements and Scale,” E-education Research, vol. 37, no. 12, pp. 67-73, 2016.

4. G. Chen, Y. Jin, W. Liang and Y. Liu, “Study on the influence of middle school students’ self-
efficacy on the willingness to use online learning platform,” International Journal of Electrical
Engineering Education, 1917861731, 2021.



Research on the Influencing Factors of Students’ User Intention 1127

5. H. X. Tan, J. H. Zhou and Z. Li, “The Communication between Teachers and Students in the
School of Psychological Education in Ming Dynasty from the Perspective of Passing in and
Out,” Journal of Higher Education, vol. 42, no. 1, pp. 83-93, 2021.

6. J. H. Liu, Z. Z. An and L. F. Xu, “An Empirical Study of Influencing Factors of MOOCUser’s
Usage Will,” Journal of Higher Education, vol. 36, no. 11, pp. 69-76, 2015.

7. Y.M.SunandS.Q.Cao, “Analysis ofCollegeStudents’Willingness toStudyBIMTechnology
Based on Technology Acceptance Model,” Project Management Technology, vol. 19, no. 3,
pp. 70-76, 2021.

8. J.Wu, X. Y. Xu, D. Huang and L. R. Yang, “Influencing Factors of User Satisfaction in Online
Administrative Approval,” E-government, no.12, pp. 75-85, 2014.

9. A. Bhattacherjee, “Understanding Information Systems Continuance: An Expectation-
Confirmation Mode,” Mis Quarterly, vol. 25 no. 3, pp. 351-370, 2001.

10. Y.F. Dong, F.F. Liu and X. Y. Chen, “Impact of Vlogger on Audience in Multicultural Video
Blog Marketing,” New Media Research, vol. 6, no. 22, pp. 18-22, 2020.

11. W. R. Guo, X. Y. Feng and M. J. Cai, “Influencing factors of learner’s learning effect in
intelligent learning environment,”Modern Educational Technology, vol. 30, no. 12, pp. 69-75,
2020.

12. X.H. Sui,G.D.Zhao, J.X.Wang andY.X.Zhang, “AnEmpirical Studyon InfluencingFactors
of Informatization Teaching Ability of Teachers in Universities,” E-education Research, no.
05, pp. 128-134, 2020.

13. F. Weng, R. J. Yang, H. J. Ho and H. M. Su, “A TAM-Based Study of the Attitude towards
Use Intention of Multimedia among School Teachers,” Applied System Innovation, vol. 1,
no. 3, 2018.

14. X. Q. Xu and Y. W. Zhang, “Mobile Learning Platform User Willingness Influencers: A
Technology AcceptanceModel Based onMobile Context and Flow Experience,” E-education
Research, vol. 41, no. 3, pp. 69-75, 2020.

15. V. Venkatesh, M. G. Morris, G. B. Davis and F. D. Davis, “User Acceptance of Information
Technology: Toward a Unified View,” MIS Quarterly, vol. 27, no. 3, pp. 425-478, 2003.

16. M. Alruwaie, R. El-Haddadeh and V. Weerakkody, “A Framework for Evaluating Citizens’
Expectations and Satisfaction toward Continued Intention to Use E-Government Services,”
International Conference on Electronic Government, 2012.

17. R. M. Ryan and E. L. Deci, “When rewards compete with nature-Chapter 2: The undermining
of intrinsic motivation and Self-Regulation,” C Sansone & Jm Harackiewicz, Intrinsic and,
2000.

18. J. C. Roca and M. Gagne, “Understanding e-learning continuance intention in the workplace:
A self-determination theory perspective,” Computers in Human Behavior, vol. 24, no. 4,
pp. 1585-1604, 2008.

19. J. H. Yoon, “Understanding the Role of Sense of Presence and Perceived Autonomy in Users’
Continued Use of Social Virtual Worlds,” Journal of Computer-mediated Communication,
vol. 16, no. 4, pp. 492-510, 2011.

20. J. P. J. H. Kim, “The Influence of Teacher-Librarians’ Autonomy Support on Middle School
Library Users’ Satisfaction and Continuance Intention: The Mediating Role of Three Basic
Psychological Needs,” Journal of the Korean BIBLIA Society for library and Information
Science, vol. 1, no. 32, pp. 59-87, 2021.

21. G. F. Yang, “Continuous use of web-based teaching platform and performance influencing
factors in hybrid learning model,” E-education Research, vol. 36, no. 7, pp. 42-48, 2015.

22. C. L. Wang and S. H.Teothompson, “Online service quality and perceived value in mobile
government success,” International Journal of InformationManagement, vol. 52, pp. 102076,
2020.



1128 Z. Lv et al.

23. J. Kim, B. Jin and J. L. Swinney, “The role of etail quality, e-satisfaction and e-trust in online
loyalty development process,” Journal of Retailing and Consumer Services, vol. 16, no. 4,
pp. 239-247, 2009.

24. L.Guan, “AStudy on theContinuousUserWillingness ofDigital LibraryWebsites inColleges
and Universities: An Integrated Model Based on User Experience, TAM and ECM,” Library
Work and Study, no. 2, p. 12, 2020.

25. O. Sorebo, H. Halvari, V. F. Gulli and R. Kristiansen, “The role of self-determination theory
in explaining teachers’ motivation to continue to use e-learning technology,” Computers &
Education, vol. 53, no. 4, pp. 1177-1187, 2009.

26. J. Lu, C. S. Yu and J. E. Yao, “Personal innovativeness, social influences and adoption of
wireless Internet services via mobile technology,” Operations Research, 2007.

27. F. D. Davis, “Perceived Ease of Use, and User Acceptance of Information Technology,” Mis
Quarterly, vol. 13, no. 3, pp. 319-340, 1989.

28. K. Moorthy, T. T. Yee, L. C. T’Ing and V. V. Kumaran, “Habit and hedonic motivation are
the strongest influences in mobile learning behaviours among higher education students in
Malaysia,” Australasian Journal of Educational Technology, vol. 35, no. 4, 2019.

29. S. Yoon, Kim, H. Christian, “Keeping the American Dream Alive: The Interactive Effect of
Perceived EconomicMobility andMaterialism on Impulsive Spending,” Journal ofMarketing
Research, 2016.

30. A.Bhattacherjee, “This paper examines cognitive beliefs and affect influencing one’s intention
to continue using (continuance) information systems (IS). Expectation-confirmat,” Sbpm, vol.
48, no. 2, pp. 162-164, 2010.

31. G. F. Khan, M. Sarstedt, W. L. Shiau, J. F. Hair, C. M. Ringle and M. P. Fritze, “Method-
ological research on partial least squares structural equation modelling (PLS-SEM),” Internet
Research, 2019.

32. Y. S. Wang, C. H. Yeh and Y. W. Liao. “What drives purchase intention in the context of
online content services? The moderating role of ethical self-efficacy for online piracy - Sci-
enceDirect,” International Journal of Information Management, vol. 33, no. 1, pp. 199-208,
2013.

Open Access This chapter is licensed under the terms of the Creative Commons Attribution-
NonCommercial 4.0 International License (http://creativecommons.org/licenses/by-nc/4.0/),
which permits any noncommercial use, sharing, adaptation, distribution and reproduction in any
medium or format, as long as you give appropriate credit to the original author(s) and the source,
provide a link to the Creative Commons license and indicate if changes were made.

The images or other third party material in this chapter are included in the chapter’s Creative
Commons license, unless indicated otherwise in a credit line to the material. If material is not
included in the chapter’s Creative Commons license and your intended use is not permitted by
statutory regulation or exceeds the permitted use, you will need to obtain permission directly from
the copyright holder.

http://creativecommons.org/licenses/by-nc/4.0/

	Research on the Influencing Factors of Students' User Intention in Public Online Education Platform
	1 Introduction
	2 Literature Review
	2.1 System Experience and User Perception
	2.2 User Perception and Satisfaction
	2.3 Social Factors, Satisfaction, and Usage Intention
	2.4 Personal Motivation and Usage Intention
	2.5 Satisfaction and Usage Intention
	2.6 Methodology

	3 Data Collection
	4 Results
	4.1 Analysis of Reliability and Validity
	4.2 Hypothesis Testing

	5 Conclusions
	References




