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Abstract

Fire has a great impact on the production function, carbon storage, habitat, biodiversity, vegetation replacement
pattern, and the nutrient cycle of terrestrial ecosystems, causing great losses to the local social and economic, life, and
ecological environment. In this paper, the Dead Fuel Index (DFI) fire range was preliminarily explored by applying
the typical grassland fires that occurred on March 29, 2016, and April 17, 2019, on the northern border of Inner

Mongolia. The results show that the DFI range between 11 and 24 is more likely to cause a fire.
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