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Abstract. By extending the investment interface, power grid companies increase
investment in business expansion projects, which not only effectively improves
market share and customer satisfaction, but also supports economic and social
development. However, after the extension of the investment interface, the contin-
uous expansion of the scale of new investment has brought unprecedented chal-
lenges to the power grid company. Therefore, it is particularly important to forecast
the new investment demand after the extension of the investment interface of the
power grid company. In this paper, the principle of support vector machine and
grey correlation analysis method are introduced. On this basis, the GRA-SVM
model of the new investment demand forecast after investment interface exten-
sion of the power grid company is established, and the process and basic steps
of building the model are described in detail. Then, the influencing factor system
of the new investment demand after investment interface extension of the power
grid company is constructed. According to the actual data of the relevant factors
of the ZY power grid company from 2011 to 2021, the new investment demand of
the ZY power grid company is forecasted by adopting the GRA-SVMmodel, and
the forecast results are analyzed. The research results show that the GRA-SVM
model can not only select the important influencing factors independently, but also
has good forecast ability, high forecast accuracy and reliable forecast results. This
provides a new idea and a new solution for power grid companies to forecast new
investment demand after the extension of investment interface.

Keywords: Investment interface extension · new investment demand · grey
relational method · support vector machine · GRA-SVM model

1 Introduction

With the deepeningofChinese power grid system reformand the continuingdevelopment
of new energy, a series of new requirements of power reform, such as the reform of power
transmission and distribution price, the liberalization of power distribution business, and
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the change of profitmodel of power companies, The internal and external environment of
China’s power grid companies are facing great changes, with increasingly fierce market
competition and increasingly diversified customer demands [1]. In order to ensure the
sustainable development of power grid companies under the new situation, power grid
companies actively change their development ideas, innovate the traditionalmanagement
mode, take customer demand as the orientation, improve their service mode from the
perspective of social development and customer interests, and thus enhance the overall
management level and operation capacity of electric power companies [2].

In recent years, Chinese power grid companies have launched the extension of invest-
ment interface for promoting industrial expansion projects, which not only expands the
power market, increases the electricity sold, but also reduces the burden of customers,
solves the “last mile” problem of customers’ electricity consumption, improves cus-
tomer satisfaction and sets up a good social image. At the same time, it has made a
positive contribution to regional economic and social development [3]. However, after
the extension of the investment interface, the scale of new investment keeps expand-
ing, which brings unprecedented development opportunities to the power grid company,
but also puts forward higher requirements for lean management of new investment [4].
Accurate prediction of the new investment of power grid enterprises not only helps to
avoid excessive investment and invalid investment, reduce the asset responsibility rate
of enterprises, but also helps to improve the precision of investment, improve the effi-
ciency of investment, and promote the healthy and sustainable development of power
grid companies.

Many scholars at home and abroad have studied the investment demand of power grid
enterprises and proposed somemethods for forecasting investment demand [5–8]. Then,
after the extension of the investment interface, there is less research on the prediction of
new investment by power grid enterprises, and there is almost no new progress. In this
paper, the grey correlation analysis method and support vector machine are combined
to establish the GRA-SVM model for forecasting new investment demand of the power
grid company after investment interface extension. Through the example analysis, the
reliability and validity of the model are verified. The model has good reference value
and guiding value to the new investment forecast of the power grid company.

2 Overview of Relevant Methods

2.1 Support Vector Machine

In the early 1960s, based on statistical learning theory, Vapnik et al. proposed the Sup-
port Vector Machine (SVM), a new machine learning method that can map complex
high-dimensional nonlinear problems into linear Spaces and solve high-dimensional
nonlinear small sample problems. Meanwhile, SVM has fast convergence speed and
strong generalization ability in the optimization process [9]. At present, SVM has devel-
oped rapidly and derived a series of improved and extended algorithms, which have
been widely used in solving problems such as image recognition, text classification and
economic forecasting [10]. The model of SVM can be expressed as:

f (x) = ω · ϕ(x) + b · f (x) (1)
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where, x is the input feature vector; f (x) is the output value; ϕ(x) is a nonlinear function
mapped to a higher-dimensional feature space; ω is the weight vector of the hyperplane;
b is the bias vector.

Through the following function [11], support vector machines can solve the optimal
solution of nonlinear regression problem.
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The optimal solution can be obtained by introducing Lagrange formula and Karush-
Kuhn-Tucker condition and using their duality problem.
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Equation (4) satisfies the constraint condition:
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where, αi, α
∗
i is the Lagrange multiplier.

The kernel function can be introduced into SVM algorithm to realize high dimen-
sional computation problems. Since the radial function has better forecast accuracy, the
radial function is selected as the kernel function:

K(xi, yi) = exp

[
−‖xi − yi‖2

2σ 2

]
(6)

When Eq. (4) is satisfied with Eq. (5), by introducing Eq. (1) and Eq. (6), the final
regression fitting function of SVM is:

f (x) =
∑nsv

i=1

(
αi − α∗

i

)
K

(
xi, yj

) + b (7)

Please refer to literature [12] for the basic principles and detailed algorithm steps of
the SVM.
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2.2 Grey Relational Analysis

Grey Relational Analysis (GRA) is a quantitative description and comparison method
for the development and change of a system, which determines the degree of correlation
between factors by determining the geometric similarity of reference data columns and
several comparison data columns [13]. The application of GRA involves various fields
of social sciences and natural sciences, especially in social and economic fields, such as
investment income of various sectors of the national economy, analysis of regional eco-
nomic advantages, industrial structure adjustment, etc., and the application has achieved
good results [14]. The calculation process of GRA is as follows.

(1) Determine the analysis sequence. Determine the reference sequence that reflects
the characteristics of the system behavior and the comparison sequence that affects
the system behavior. The reference sequence can reflect the behavior characteris-
tics of the system. The comparative sequence consists of factors that influence the
behavior of the system. Set the reference sequence (also called mother sequence) for
Y = {Y (k)|k = 1, 2, . . . , n}; ; Set the comparative sequence (also called sub-sequence)
for Xi = {Xi(k)|k = 1, 2, . . . , n}, i = 1, 2, . . . ,m.

(2) Dimensionless data processing. Due to the data in each column in the system
may be diverse in dimension, it is not convenient or difficult to get the correct conclusion
during comparison. Therefore, dimensionless data processing is generally required in
GRA. In this paper, the mean value method is used for dimensionless processing of the
data in each factor column.

y0(k) = Y (k)
1
n

∑n
k=1 Y (k)

, k = 1, 2, . . . , n (8)

xi(k) = Xi(k)
1
n

∑n
i=1 Xi(k)

, k = 1, 2, . . . , n; i = 1, 2, . . . ,m (9)

(3)Grey relational coefficient calculation.Calculate the relational coefficient of y0(k)
and xi(k) according to the following Equation:

ξi(k) =
min
i
min
k

|y0(k) − xi(k)| + ρmax
i
max
k

|y0(k) − xi(k)|
|y0(k) − xi(k)| + ρmax

i
max
k

|y0(k) − xi(k)| (10)

where, ρε(0,∞) is the distinguishing coefficient. The smaller the ρ is, the greater the
resolution is. Generally, the value interval of ρ is (0, 1), and the specific value depends
on the situation. We usually take ρ = 0.5.

(4) Grey relational grade calculation. Because the relational coefficient reflects the
correlation degree between the comparative sequence and the reference sequence at each
moment, its number is more than one, so the information is too scattered to facilitate the
overall comparison. Therefore, it is necessary to concentrate all the relational coefficients
into a value. Which is to obtain its average value. The average value is expressed as
the quantity of correlation between comparative sequence and reference sequence. The
relational grade ri formula is as follows:

ri = 1

n

n∑

k=1

ξi(k), k = 1, 2, . . . , n; i = 1, 2, . . . ,m (11)



Research on New Investment Demand Forecast 169

(5) Grey relational grade sorting. The correlation sequence is formed by arranging
the relational grade of m comparative sequences to the same reference sequence in order
of magnitude, which reflects the “pros and cons” relation of each sub-sequence for
reference sequence. If r1 < r2, it indicates that the reference sequence Y is more closely
related to the comparison sequence X2.

3 GRA-SVM Model for Forecasting New Investment Demand
of Power Grid Company

3.1 Basic Principles of Building the GRA-SVM Model

There are many factors affecting the new investment demand of power grid compa-
nies, such as regional GDP, total industrial output value, new transmission line length,
new reporting capacity, etc. These factors contribute differently to the new investment
demand. As a result, if all the factors are input as variables in support vector machines,
the complexity of the calculation will obviously increase, the performance of the system
will be crippled, the time of calculation will significantly skyrocket and the accuracy of
the calculation will be affected. Grey relational analysis method provides a solution to
such problem.

Grey relational analysis is a method that of measures the correlation between fac-
tors. It’s possible to reduce the attribute indexes of information expression through the
grey relational analysis method, removing the factors that have a low impact on the
new investment demand of power grid companies, reducing the input variables of the
support vector machine and the complexity and training time. That is, the grey relational
analysis method is primarily adopted to delete the influencing factors of the new invest-
ment demand, then the simplified factors are used as the input variables of the support
vector machine. Afterwards the support vector machine will learn further. The principle
of this method is that although the grey relational analysis method starts from the corre-
lation of the data and find the correlation between the factors, it owns no advantages in
forecast, while support vector machine experts in learning, reasoning and classification.
What’s more, support vector machine excels in finding rules from a large amount of
data, extracting information and has a good dynamic forecast function. Therefore, the
two methods are organically combined, enhancing the ability of support vector machine
to deal with unstructured, non-linear complex problems.

3.2 Basic Algorithm of the GRA-SVM Model

Combining the grey relational analysis and support vector machine, the GRA-SVM
model of the power grid company’s new investment demand forecast is established, and
the basic algorithm of the model is given as follows:

Step 1: Preliminarily determine the influencing factors of the new investment demand
of the power grid company, take these factors as independent variables; At the same time,
the new investment of the power grid company is taken as the dependent variable.

Step 2: Collect the data of the new investment of the power grid company and form a
reference series; Accordingly, data that affects the factors of demand for new investment
are collected to form a comparative sequence.
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Step 3: Using the grey relational analysis method to calculate the correlation between
the influencing factors of the new investment demand of the power grid company and
the new investment, delete the influencing factors with low correlation.

Step 4: Take the remaining influencing factors as input variables for support vector
machine; simultaneously, the new investment is used as the output variable of support
vector machine.

Step 5: Select the kernel function of SVM and determine the parameters of the
kernel function; Then, the SVM algorithm is used to map the training samples to a
high-dimensional space to form a stable SVM model.

Step 6: Use a stable SVM model to forecast the new investment needs of the power
grid company.

4 Case Study

Based on the GRA-SVM model forecasting the new investment demand after the
extension of the investment interface of ZY Power Grid Company in western China.

4.1 Construct a Factor Index System

According to domestic and foreign literature related to the new investment of power
grid companies [15–18], after sorting out and summarizing, we can initially form a list
of influencing factors for the new investment demand of power grid companies. Then,
through the questionnaire surveymethod, several rounds of anonymous consultation and
feedback were conducted on the opinions of experts in the power industry, in line with
the principles of systematisms, comprehensiveness and scientific, the factors affecting
the new investment demand of power grid companies were selected. What’s more the
index system of influencing factors of the investment interface of power grid companies
was constructed. The factor index system includes two first-level indexes and 23 s-level
indexes, as shown in Table 1.

4.2 Use the GRA Method to Delete Factor Indexes

We start with collecting the index data of ZYPowerGrid Company’s new investment and
influencing factors from 2011 to 2021. Since the data dimensions of each factor index
are different, the data of these factor indexes need to be processed in a dimensionless
manner using formula (9). At the same time, the use of formula (8) to the data of new
investments is dimensionless processing. After the process, the correlation degree rij
of these factor indexes with new investments is calculated separately using the GRA
method.

When the correlationdegree between a certain factor indexXij and the new investment
of the power grid company is rij < 0.5, it indicates that the influence of the factor index
on the new investment of the power grid company is very low, as a result the factor index
is deleted. According to this deletion principle, combined with the calculation results of
the correlation between factor indexes and new investment, 10 factor indexes are deleted,
namely: disposable income of residents per capita (X14), investment in fixed assets (X15),
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Table 1. The index system of influencing factors of new investment demand

Influencing factor (first-level index) Factor index (second-level index)

External factor Regional GDP (X11)
Employees in the region (X12)
Number of households (X13)
Disposable income of residents per capita (X14)
Investment in fixed assets (X15)
Total retail sales of consumer goods (X16)
Total industrial output value (X17)
Total output value of Construction Industry (X18)
Added value of primary industry (X19)
Added value of secondary industry (X110)
Added value of tertiary industry (X111)
Added value of wholesale and retail trade (X112)
Social electricity consumption (X113)
Maximum load on the whole society (X114)

Internal factor Newly added 10kV and above transmission line length
(X21)
Newly added length of low voltage transmission line
(X22)
Newly added installed capacity of 10kV and above (X23)
Newly added low-voltage installation capacity (X24)
Electricity price (X25)
Power supply load of unit grid asset (X26)
Grid capacity-to-load ratio (X27)
Grid security (X28)
Comprehensive line loss rate (X29)

total output value of the construction industry (X18), added value of primary industry
(X19), added value of secondary industry (X110), added value of tertiary industry (X111),
Added value of wholesale and retail trade (X112), electricity price (X25), grid security
(X28), comprehensive line loss rate (X29).

4.3 Use SVM to Build a Forecast Model

Using the GRA method, the main factor indexes affecting the new investment of ZY
Power Grid Company were selected, namely: regional GDP (X11), employees in the
region (X12), number of households (X13), total retail sales of consumer goods (X16),
total industrial output value (X17), social electricity consumption (X113), and maximum
load on the whole society (X114); Newly added 10kV and above transmission line length
(X21), newly added length of low voltage transmission line (X22), Newly added installed
capacity of 10kV and above (X23), newly added low-voltage installation capacity (X24),
power supply load of unit grid asset (X26), grid capacity-to-load ratio (X27).

The data of the above factors and indexes of ZY Power Grid Company from 2011
to 2018 is used as the input data of SVM, and the data of the new investment amount
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Table 2. Forecast results and error analysis

Year Actual value of new
investment
(ten thousand yuan)

Forecasted value of
new investment
(ten thousand yuan)

Absolute error
(ten thousand yuan)

Relative error (%)

2018 80.25 79.51 −0.74 −0.92%

2019 86.96 85.27 −1.69 −1.94%

2020 87.73 86.19 −1.54 −1.76%

2021 85.92 85.63 −0.29 −0.34%

of ZY Power Grid Company from 2011 to 2018 is used as the output data of SVM,
and the SVM algorithm in SPSS software is used to obtain a stable SVM model. Using
this model, ZY Power Grid Company’s new investment demand from 2019 to 2021 is
forecasted after the fact to test the effectiveness of the above model. The actual and
forecast values of ZY Power Grid Company’s new investment from 2019 to 2021 are
shown in Table 2.

It can be seen from Table 2 that the absolute values of the relative error of forecasted
values according to the GRA-SVMmodel are between 0.34% and 1.94%, and the abso-
lute values of the absolute error of forecasted values are between 2900 and 16900 yuan.
The forecast accuracy is quite high. In this model, the selection of independent variables
reduces the influence of the modeler’s subjective factors to a greater extent, avoids the
noise interference of redundant data, and makes the model closer to the situation of the
real system. As a result, it has better predictive reliability. Therefore, the GRA-SVM
model can be used as a forecast model for the new investment demand of ZY power grid
company.

5 Conclusion

At present, forecasting the new investment demand after the extension of the investment
interface of power grid companies is a hot but difficult issue in the field of power
grid research. Based on the principle of support vector machine and the grey relational
analysis method, this paper establishes the GRA-SVMmodel for extending the forecast
of new investment demand in the investment interface of power grid companies, and the
results show that:

(1) When adopting the GRA-SVM model to forecast new investments, it is mainly
through screening independent variables and selecting factors that have important
impacts on new investments, thus avoiding the influence of subjective factors.

(2) As a method in machine learning, SVM can solve some nonlinearity, uncertainty,
small sample and other problems, and has good applicability in the forecast of
investment demand of power grid companies.

(3) TheGRA-SVMmodel established by using the support vectormachine principle and
the grey relational analysis method has high forecast accuracy and reliable forecast
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results, which provides a new scientific method for the forecast of new investment
demand after the extension of the investment interface of power grid companies.

Acknowledgments. This research is supported by the project of power grid investment ben-
efit evaluation and strategy optimization for investment interface extension of State Grid
Fujian Electric Power Co., Ltd. Economic and Technical Research Institute, China, No.
SGFJJY00GHJS2200046. And this research is supported by the project of Sichuan University,
China, No. 00502055A1004. The corresponding authors of the paper are Xiaofeng Li and Yangzi
Chen.

References

1. Xinwei Nie, Qinyuan Xue, “Observation on the fifth anniversary of the new round of electric
power system reform:Main progress and controversial focus,”ChinaEnergy. Papers 42(7),17-
21 (2020).

2. Weihang Cha, “Research on the diversified development of electric power Enterprises under
the background of carbon peaking and carbon neutrality,” Co-Operative Economy& Science.
Papers (2), 40-141(2022).

3. Zhenyu Feng, Longan Zhao, “Exploration and practice of high voltage industry expansion and
installation service in power supply enterprises under new situation,” EnterpriseManagement.
Papers (S01), 250-251 (2018).

4. Chunmei Zou, “Cost management and control measures in bidding stage of power industry
expansion project,” China Tendering. Papers (5),127-128 (2022).

5. Baichu Hu, Gang Hu, Chaohua Hu, Song Qing, Mingwei Li Chao Peng, “Grid Infrastructure
Investment CalculationModel Based on Gray Prediction,” Journal of University of Electronic
Science Technology of China. Papers 42(6), 890-894. (2013).

6. Weili Hu, Liang Cheng, Qian Ma, Nengping Zhou, Haiyang Wang, “Prediction of Annual
Power Grid Infrastructure Investment Based on Hybrid Algorithm of Improved PSO,” Power
System and Clean Energy. Papers (11),52-56 (2014).

7. Pengfei Zhang, Lu Liu,WeihongYang, XuyangWang, Haozhong Cheng, Yizhu Cai, “Assess-
ment Method for Investment Capacity of Multi-area Electric Power Systems Based on
Debt-to-asset Ratio”. Proceedings of the CSU-EPSA, (6),85-89 (2018).

8. Fuli Zhang, “Optimization of Power Grid Investment Decision-making Based on Transmis-
sion andDistribution Tariff Reform,”Master Thesis, Economic andManagementDepartment,
North China Electric Power University (2020).

9. Jing Sun, Xucheng Guo, “Process Control of Mixed Data Based on Support Vector Machine,”
Dynamical Systems and Controls. Papers (01),1-10 (2022).

10. Feifei Song, Qiang He, Hengyou Wang, Changlun Zhang, Linlin Chen, “Kernel Similarity-
Based Fuzzy Multi-Kernel Least Squares Support Vector Machine,” Data Mining. Papers
(02),123-132 (2022).

11. Guanyu Zheng, “Research on genetic support vector machine for strength prediction of high-
strength concrete in large granary building,” Journal of Henan University of Technology
(Natural Science Edition). Papers 35(3) ,88–91,104 (2014).

12. Wenjian Wang, Changqian Men, [Support Vector Machine Modeling and Application],
Science Press, Beijing, 23–31(2014).



174 K. Lin et al.

13. Shiquan Jiang, [Research on Model and Application on Grey Incidence Decision Making
Based on General Grey Number], University of Science and Technology of China Press,
Beijing, 56–65(2020).

14. Zhen Liu, [Multivariate Grey Incidence Model and Its Application], Orient Publishing Press,
Shanghai, 31–39 (2020).

15. XiaominXu,DongxiaoNiu,HonghaoQin,HanWu,GuorongZhu, “Research on the Influence
Mechanism of the Internal and External Factors of Investment Ability for the Power Grid
Enterprises,” Management Review. Papers 29(3),74-89 (2017).

16. Zhi Li, “Research on Coordination and Optimization of Power Grid Investment Capability
and Investment Demand,” Master Thesis, Economic and Management Department, North
China Electric Power University (2018).

17. Victor M. Guerrero, Edmundo Berumen, “Forecasting electricity consumption with extra-
model information provided by consumers,” Journal of Applied Statistics. Papers (02), 283-
299 (2010).

18. Gellert, Arpad, Fiore, Ugo, et al., “Forecasting Electricity Consumption and Production in
Smart Homes through Statistical Methods,” Sustainable Cities and Society. Papers 76, 1884–
2023(2022).

Open Access This chapter is licensed under the terms of the Creative Commons Attribution-
NonCommercial 4.0 International License (http://creativecommons.org/licenses/by-nc/4.0/),
which permits any noncommercial use, sharing, adaptation, distribution and reproduction in any
medium or format, as long as you give appropriate credit to the original author(s) and the source,
provide a link to the Creative Commons license and indicate if changes were made.

The images or other third party material in this chapter are included in the chapter’s Creative
Commons license, unless indicated otherwise in a credit line to the material. If material is not
included in the chapter’s Creative Commons license and your intended use is not permitted by
statutory regulation or exceeds the permitted use, you will need to obtain permission directly from
the copyright holder.

http://creativecommons.org/licenses/by-nc/4.0/

	Research on New Investment Demand Forecast of Power Grid Company After Investment Interface Extension
	1 Introduction
	2 Overview of Relevant Methods
	2.1 Support Vector Machine
	2.2 Grey Relational Analysis

	3 GRA-SVM Model for Forecasting New Investment Demand of Power Grid Company
	3.1 Basic Principles of Building the GRA-SVM Model
	3.2 Basic Algorithm of the GRA-SVM Model

	4 Case Study
	4.1 Construct a Factor Index System
	4.2 Use the GRA Method to Delete Factor Indexes
	4.3 Use SVM to Build a Forecast Model

	5 Conclusion
	References




