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Abstract. Amid the digital wave driving global industrial transformation, the 

platform economy, as a new organizational form in the digital era, is reshaping 

the paradigms of production factor allocation and regional economic develop-

ment. This study overcomes the spatial limitations of traditional resource alloca-

tion research by analyzing China’s provincial panel data from 2014 to 2019. Us-

ing a dynamic Spatial Durbin Model, we empirically examine how platform 

economy development affects resource allocation. The results show: (1) A sig-

nificant positive spatial correlation exists between platform economy growth and 

resource allocation, indicating that platform economy development promotes ge-

ographically optimized resource distribution. (2) Platform economy expansion 

exhibits spillover effects, where improved resource allocation in one region may 

exacerbate imbalances in neighboring areas. 
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1 Introduction 

The April 2023 meeting of the Political Bureau of the CPC Central Committee reaf-

firmed the commitment to the “Two Unwavering Principles” and called for promoting 

the standardized development of platform enterprises while encouraging leading firms 

to pursue innovation. Amid the ongoing economic transformation characterized by 

structural adjustments and growth momentum shifts, the platform economy has 

emerged as a catalyst for high-quality development. By enhancing production effi-

ciency [1], optimizing transaction mechanisms [2], and fostering mass entrepreneurship, 

this new economic model demonstrates significant potential in advancing China’s de-

velopment objectives. 

As a digital-driven organizational form centered on platform enterprises, the plat-

form economy integrates multi-market entities and resources through open, shared, and 

networked ecosystems. Its disruptive impact on traditional industries manifests in two 

dimensions: reconfiguring operational models through data-driven decision-making [3] 

and reshaping resource allocation patterns via algorithmic coordination [4] . However,  
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existing research predominantly focuses on micro-level issues such as antitrust regula-
tion and corporate governance [5], with limited exploration of its macroeconomic impli-
cations. Scholars have identified multi-tiered determinants of resource allocation, in-
cluding policy interventions through industrial policies and regional development plans
[6-7], as well as institutional factors such as tax efforts [8] and cross-border technology
spillovers [9].

This knowledge gap persists in understanding how platform economy development
spatially affects resource allocation efficiency—crucial for policymaking in China’s
transitional economy. Existing studies focus on micro-level impacts (e.g., industry dig-
itization, supply chain upgrading), neglecting three key areas: standardized measure-
ment of platform economy development, spatial interdependencies in resource alloca-
tion, and integration of macroeconomic mechanisms with platform operational traits
[10]. To address these gaps, this study develops a multidimensional provincial platform
economy index (spanning technological penetration, market integration, and value cre-
ation) to reduce single-indicator bias, and applies a dynamic Spatial Durbin Model to
analyze spatial spillovers between platform economy growth and resource misalloca-
tion.

2 Platform Economy Development Index System
Drawing on existing research and considering data availability, this study constructs a
comprehensive evaluation system for platform economy development, comprising two
primary dimensions: platform infrastructure and transaction capacity. The hierarchical
indicator system, detailed in Table 1, integrates three-level metrics that reflect China’s
platform economy characteristics.

Table 1. Development Indicator System for the Platform Economy.

Secondary Indicator Tertiary Indicator Unit Variable
Platform Infra-
structure Level

Platform Hardware De-
velopment Level

Number of Internet Broad-
band Access Ports 10,000 units Netport

Number of Domain Names 10,000 units Netnum
Telecommunication Ca-

pability and Service
Level

Telephone Penetration
Rate

sets/100 peo-
ple Tcover

Mobile Telephone Switch-
board Capacity 10,000 units Tcapacity

Total Telecommunication
Business Volume

100 million
yuan Tvolume

Platform Trans-
action Level

E-commerce Develop-
ment Level E-commerce Sales 100 million

yuan Ebuss

E-commerce Procurement 100 million
yuan Epurch

Number of Enterprises
with E-commerce Transac-

tions
units Enumber

Platform-based Prod-
ucts

Number of Express Parcels
per Internet User

pieces/per-
son

Econ-
sumer
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Synthesized provincial indices (see Table 2) demonstrate significant growth from
2014 to 2019, with persistent regional disparities. Eastern provinces consistently out-
performed central and western regions. In 2019, Guangdong led the rankings, followed
by Beijing, Jiangsu, Zhejiang, and Shandong, underscoring the alignment between plat-
form economy maturity and regional economic development levels.

Table 2. Composite Index of Provincial Platform Economic Development in China (2014-
2019).

Province Platform Economic Development
Index

Province Platform Economic Development
Index

2014 2017 2019 2014 2017 2019

Beijing 33.13 44.41 53.17 Henan 12.14 19.16 27.75

Tianjin 7.04 9.17 12.03 Hubei 9.75 14.54 21.00

Hebei 11.09 17.95 22.30 Hunan 7.95 13.66 21.73

Shanxi 6.08 8.18 12.99 Guang-
dong

44.84 51.18 84.47

Inner Mon-
golia

6.79 9.25 12.00 Guangxi 4.84 10.69 16.87

Liaoning 11.54 13.49 17.68 Hainan 4.76 6.37 8.83

Jilin 5.92 8.76 10.18 Chong-
qing

7.27 12.69 17.45

Heilongjiang 7.71 8.76 10.89 Sichuan 13.48 22.36 32.41

Shanghai 25.68 31.35 39.26 Guizhou 4.45 8.15 13.90

Jiangsu 26.89 32.00 47.52 Yunnan 5.78 8.42 14.47

Zhejiang 27.19 35.66 45.25 Shaanxi 7.63 11.71 16.61

Anhui 9.09 14.39 22.00 Gansu 3.08 6.72 9.46

Fujian 14.74 29.02 31.58 Qinghai 3.04 4.22 5.78

Jiangxi 3.80 8.76 15.09 Ningxia 4.05 5.20 5.95

Shandong 22.57 33.89 40.10 Xinjiang 6.28 7.24 10.92

3 Research Design
3.1 Model Specification

The analysis begins with spatial autocorrelation testing using Moran’s I index, which
quantifies spatial dependence among variables. The calculation follows:

ݏᇱ݊ܽݎ݋ܯ ܫ = ௡
∑ ∑ ௐ೔ೕ

೙
ೕసభ

೙
೔సభ

∑ ∑ ௐ೔ೕ
೙
ೕసభ

೙
೔సభ (௫೔ି௫̅)൫௫ೕି௫̅൯

∑ ௫೔
మ೙

೔సభ
(1)

Where n denotes the number of provinces, -௜represents the variable value for provݔ
ince݅, is the variable mean, and ݔ̅ ௜ܹ௝  defines the economic-distance spatial weight ma-
trix.

Given the identified spatial dependence, we employ a dynamic Spatial Durbin Model
(SDM) to account for both temporal inertia and cross-regional spillovers. Building on
Lesage and Pace’s [5] framework, the model incorporates first-order lag terms to address
path dependency in resource misallocation:
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߬௞௜௧ = ଴ߙ + ௞௝߬௞௜,௧ିଵߚ + ௝ߩ ∑ ௜ܹ௝
ே
௝ ߬௞௜௧ + ௜ߩ ∑ ௜ܹ௝

ே
௝ ௜௧݉ݎ݋݂ݐ݈ܽ݌ + ߣ ௜ܺ௧ + ௜ߤ+ + ௧ݒ + ௜௧ (2)ߦ

߬௟௜௧ = ଴ߙ + ௟௝߬௟௜,௧ିଵߚ + ௝ߩ ∑ ௜ܹ௝
ே
௝ ߬௟௜௧ + ௜ߩ ∑ ௜ܹ௝

ே
௝ ௜௧݉ݎ݋݂ݐ݈ܽ݌ + ߣ ௜ܺ௧ + ௜ߤ+ + ௧ݒ + ௜௧ (3)ߦ

Here, ߬௞௜௧ and ߬௟௜௧  denote capital and labor misallocation indices for province ݅ in
year with lagged terms ,ݐ ߬௞௜,௧ିଵand߬௠௜ ,௧ିଵcapturing temporal persistence. The spatial
weight matrix ௜ܹ௝  is constructed based on interprovincial economic disparities:

௜ܹ௝ = ଵ
ห௒ഢഥି௒ണഥ ห

(݅ ≠ ݆), ௜ܹ௝ = 0(݅ = ݆) (4)

Where തܻ represents per capita GDP in 2000, ensuring closer economic ties between
provinces with smaller developmental gaps.

3.2 Data Sources

The study covers 30 Chinese provinces (excluding Tibet, Hong Kong, Macau, and Tai-
wan) from 2014 to 2019. Data originates from the China Statistical Yearbook, China
Population and Employment Statistical Yearbook. Variable Operationalization

Independent Variables: In this study, we chose Resource Misallocation Indices as
the dependent variables. Following Chen and Hu [4], capital (߬௞௜௧) and labor (߬௟௜௧) mis-
allocation indices are derived through:

௄௜ߛ = ଵ
ଵାఛ಼೔

 , ௅௜ߛ = ଵ
ଵାఛಽ೔

(5)

Where ௄௜ andߛ ௅௜ measure deviations from optimal allocation. The operationalizedߛ
metrics are:

௄పෞߛ = ቀ௄೔
௄
ቁ ቀ௦೔ఉ಼೔

ఉ಼
ቁൗ ௅పෞߛ， = ቀ௅೔

௅
ቁ ቀ௦೔ఉಽ೔

ఉಽ
ቁൗ (6)

Here, ௜ݏ = ௬೔
௒

 indicates provincial GDP share, ௄andߚ -௅represent national capital/laߚ

bor elasticities, and ௄೔
௄

 and ௅೔
௅

 denote actual resource usage shares.
Dependent Variable: The platform economy development index (݉ݎ݋݂ݐ݈ܽ݌௜௧) is

constructed as detailed in Section 3.
Control Variables: Drawing on established literature, control variables include

technological investment, urbanization rate, financial development, and human capital
(descriptive statistics in Table 3).

Table 3. Variable Descriptions and Descriptive Statistics.

Variable Attribute Variable Variable Description
Full Sample

Mean Max Min

Independent Varia-
ble

τₖ Measurement Results 0.307 1.793 0.002
τₗ Measurement Results 0.349 1.726 0.007

Dependent Variable Platform Constructed Index (platform) 17.395 84.47 3.04

Control Variables Open Ratio of Total Import-Export Volume
to Regional GDP 0.25 1.22 0.01
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Population Logarithm of Regional Total Popula-
tion 8.239 12.503 6.368

Human Average Years of Education in Re-
gional Population 25.338 44.594 12.404

Rgdp Regional Per Capita GDP 10.92 12.01 10.17

Continued Table 3. Variable Descriptions and Descriptive Statistics.

Variable Attribute Variable Variable Description
Full Sample

Mean Max Min

market
Ratio of Non-state-controlled Indus-
trial Enterprises to Above-scale Indus-
trial Enterprises

0.896 0.982 0.72

Istruct Share of Tertiary Industry in GDP 0.492 0.835 0.354
Gov Ratio of Fiscal Expenditure to GDP 0.26 0.63 0.12

3.3 Empirical Analysis

Table 4 shows the Moran’s test results between the dependent variable and the core
explanatory variable. The test indicates that the core explanatory variable and the eight
control variables are statistically significant and exhibit strong spatial autocorrelation.
We conduct a Hausman test on the capital misallocation coefficient and the labor mis-
allocation coefficient; the p-values are 0.0000 and 0.0032 respectively, and they pass
the significance test at the 1% level, so fixed effects are chosen. In the LR test, the two
p-values are 0.0037 and 0.0066, both below 0.01, indicating that the spatial Durbin
model can be used.

Table 4. Moran Test Results.

Variable Moran’s I

platform 0.248**
open 0.288**

population 0.152
human 0.383***
rgdp 0.462***

market 0.425***
istruct 0.085
gov 0.570***

Note: The superscripts ***, **, and * denote statistical significance at the 1%, 5%, and 10%
levels, respectively (same below).

The regression results shown in Table 5 and Table 6.

Table 5. Benchmark Regression Results.

(1) (2)
τₖ τₗ

L.τₖ   L.τₗ
1.2719*** 2.292***

(0.000) (0.000)
W.τₖ   W.τₗ -0.1988 3.878***
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(0.233) (0.000)
platform 0.0724 -0.081*

Continued Table 5. Benchmark Regression Results
(1) (2)

(0.314) (0.075)
W×platform -0.873*** 1.3223***

(0.000) (0.000)
Spatialrho 0.7170*** 1.234***

(0.000) (0.000)
Controls YES YES
Year FE

Province FE
YES YES
YES YES

Table 6. Effect Decomposition Results.

τₖ τₗ
Direct Indirect Total Direct Indirect Total

platform
-0.3638** 0.106 -0.258 -0.092 0.161 0.069

(0.038) (0.864) (0.683) (0.489) (0.623) (0.864)

The spatial Durbin model results reveal that both the one-period lagged capital and
labor misallocation indices are statistically significant at the 1% level, confirming a
time lag effect in resource optimization. Spatial spillover effects are evident, with pos-
itive spatial autocorrelation coefficients of 0.717 (capital) and 1.234 (labor), both sig-
nificant at 1%, indicating that provinces with efficient resource allocation positively
influence neighboring regions through capital spillovers and labor mobility. The plat-
form economy’s spatial lag term (W×platform) demonstrates divergent impacts: a co-
efficient of -0.873 for capital misallocation (1% significant) suggests local platform
economy development improves neighboring regions’ capital allocation, while a coef-
ficient of 1.322 for labor misallocation (1% significant) highlights its exacerbating ef-
fect on labor misallocation in adjacent areas. Dynamic effects analysis shows negative
direct effects for both capital and labor misallocation, underscoring the platform econ-
omy’s role in mitigating local resource misallocation, though positive (albeit insignifi-
cant) indirect effects imply potential aggravation of neighboring regions’ imbalances.
Total effects (-0.258 for capital, +0.069 for labor) further reveal that platform econo-
mies enhance capital matching but hinder labor matching, driven by mechanisms where
economically developed provinces attract capital and labor from neighbors through
higher returns and infrastructure advantages, improving their own efficiency at the cost
of widening regional resource allocation disparities.

4 Conclusions and Recommendations
The platform economy demonstrates a positive spatial correlation with resource alloca-
tion efficiency, quantified by Moran’s Index, indicating its capacity to optimize re-
source distribution. While enhancing market transparency and liquidity to reduce
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misallocation at the macro level, it generates dual spatial spillover effects: positive local
impacts but negative spillovers on neighboring regions due to talent and capital con-
centration in hubs. This underscores the necessity for coordinated strategies to balance
regional development.

Based on the research and analysis results, the following suggestions are put for-
ward: First, Narrow regional disparities in platform economy development through tar-
geted policies addressing infrastructure, talent, and capital gaps. Second, Prioritize at-
tracting innovative talent, venture capital, and R&D resources through incentive-driven
entrepreneurship policies. Third, Establish unified regulatory frameworks and cross-
regional cooperation mechanisms to reduce interprovincial barriers. Fourth, Expand
5G, AI, and industrial internet infrastructure to support platform innovation. Fifth, Lev-
erage innovation-driven strategies to optimize economic structures and ensure long-
term viability.
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Open Access This chapter is licensed under the terms of the Creative Commons Attribution-
NonCommercial 4.0 International License (http://creativecommons.org/licenses/by-nc/4.0/),
which permits any noncommercial use, sharing, adaptation, distribution and reproduction in any
medium or format, as long as you give appropriate credit to the original author(s) and the
source, provide a link to the Creative Commons license and indicate if changes were made.
        The images or other third party material in this chapter are included in the chapter's
Creative Commons license, unless indicated otherwise in a credit line to the material. If material
is not included in the chapter's Creative Commons license and your intended use is not
permitted by statutory regulation or exceeds the permitted use, you will need to obtain
permission directly from the copyright holder.
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