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Abstract. This study examines the impact of investor sentiment toward green
finance on stock market activity. The research addresses the gap in understanding
the dynamic relationship between green bond market activity and stock market
performance, which is increasingly important as green finance continues to grow
and influence sustainable investment practices. A VAR model was constructed
after confirming stationarity with ADF tests and determining an optimal lag
length of four. The Granger causality test demonstrated that green bond trading
volume has predictive power for stock market trading volume, while impulse
response analysis revealed a positive short-term impact of green bond market
activity on stock trading volume that diminishes over time. The results highlight
the role of investor preferences for green finance in driving short-term stock
market activity but suggest that this influence fades as markets stabilize. The
findings provide valuable insights for policymakers, investors, and regulatory
bodies to better understand the intersection of green finance and market
dynamics, ultimately promoting sustainable financial market development.
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1 Introduction

The expanding field of behavioral finance highlights the significant role of investor
sentiment in stock market volatility, with its impact varying across markets and time
periods [1]. As the field of green finance, encompassing green bonds and stocks, devel-
ops rapidly, an important research topic has emerged: the relationship between green
finance and investor sentiment [2]. This study explores how investor sentiment toward
green finance affects stock market activity, filling a gap in the literature. Given the rapid
growth of green finance and its environmental applications, understanding how investor
sentiment in this area influences stock market dynamics is of practical importance, of-
fering new insights and empirical evidence to advance behavioral finance [3]. The anal-
ysis of the influence of investor sentiment on stock market activities can assist investors
in developing a more comprehensive understanding of market dynamics and in making
more informed investment decisions. For policymakers, understanding changes in in-
vestor sentiment is crucial for formulating more effective financial market policies. Ad-
ditionally, it provides insights and recommendations for governments and regulatory
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bodies to enhance the operational environment of the green finance market, thereby
facilitating sustainable development [4].

In recent years, researchers have explored the relationship between investor senti-
ment and the stock market using various methods. The study by Cong Ma and Mui Yee
Cheok highlights the prevalence of behavioral investors in the stock market, emphasiz-
ing the importance of investigating investor sentiment [3]. A study conducted in 2021
indicated that changes in investor sentiment tend to exhibit short-term volatility due to
fluctuations in the stock market and changes in the Consumer Price Index (CPI) [5].
Moreover, one study employed vector autoregression (VAR) models and Granger cau-
sality tests to investigate the interrelationship between investor sentiment, investor ex-
pectations, financing behavior, and trading behavior. The results indicated that investor
sentiment can influence financing and trading behaviors either directly or by affecting
investor expectations [6]. Meanwhile, the impact of investor sentiment on the green
bond market has also attracted attention in the field of green finance. For example, one
study found that investor sentiment has a significant impact on the returns of the green
bond market, suggesting that participants in the green finance market are increasingly
attentive to changes in investor sentiment [7-10]. Yang Gao's team used multi-source
data to examine how investor sentiment affected stock volatility in China's green stock
market, further demonstrating the significance of investor sentiment in the green stock
market [1]. Moreover, research has revealed a substantial positive correlation between
earnings per share (EPS) and corporate performance disclosures. Investor sentiment
serves as a mediator between environmental information disclosure and corporate fi-
nancial performance [11]. An increase in the level of information disclosure can result
in a reduction in the cost of equity, debt, and information, thereby narrowing the bid-
ask spread and boosting trading volume. Corporate Social Responsibility (CRS) disclo-
sures contribute to improved financial performance, enhance investor confidence, and
lower financing costs [12-14]. Stock trading volume is frequently employed as an indi-
cator to quantify investor sentiment. This suggests that corporate responsibility, partic-
ularly in relation to environmental and green initiatives, exerts an influence on investor
sentiment, which in turn affects company stock prices.

Taking the aforementioned into account, this study uses the overall trading volume
of the U.S. stock market as a stand-in for market activity. green bonds to quantify in-
vestor preference for green finance as a measure of investor sentiment. A VAR model
is constructed, and Granger causality tests are applied to examine the impact of investor
sentiment in green finance on market activity. Furthermore, impulse response analysis
is employed to evaluate the temporary and long-term dynamic impacts of green bond
market activity on stock market trading volume, with a view to elucidating its potential
impact on market liquidity and investor confidence.

2 Methodology

2.1  Data and Descriptive Statistical Characteristics

This study analyzes the impact of investors' preferences for green finance on stock mar-
ket activity in the U.S. financial market. Stock market activity is represented by the
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total trading volume of U.S. stocks. The total trading volume of the U.S. stock market
for each month between 2014 and 2024 was obtained from the Wind Financial Termi-
nal. To quantify the indicator of investor preference for green finance, the total trading
volume of green bonds in the U.S. market was selected as a proxy variable [15]. Annual
data on green bond trading volumes in the U.S. from 2014 to 2023 was sourced from
the Climate Bonds Initiative website (https://www.climatebonds.net/), total U.S. green
bond transaction volume for January through October 2024 was obtained from the ESG
News website (https://esgnews.com/). Monthly data on total bond trading volume in
the U.S. for the same period was also retrieved from the Wind Financial Terminal. To
ensure consistency in data frequency, the weighted average method was employed to
align the monthly trend of total U.S. green bond transactions with that of the overall
U.S. bond transactions. This was done with the objective of increasing the frequency
of the annual data to a monthly basis. Once the total green bond trading volume and
stock trading volume had been aligned on monthly basis, a time-series dataset was con-
structed.
Table 1 is the descriptive statistical characteristics of the data:

Table 1. Descriptive Statistics of the Variable

Variable Name Total trading volume of stocks  Total trading volume of green bonds
Code stock volume green_bonds_volume
Unit Billion shares Ten Million USD
N 130 130
Maximum 2343.4900 9554.1412
Minimum 748.3400 464.8285
Average 1331.7426 3940.7692
Standard Deviation 416.2618 22447077
Skewness 0.6517 0162.3325
Kurtosis -0.7226 -50.6950

Fig 1 illustrates that the total volume of U.S. stock trades and the total volume of U.S.
green bond trades have exhibited slight fluctuations over a relatively brief interval, yet
demonstrating a discernible upward trajectory over the extended period.



390 Y. Li

| Flui al
A | vOlM |
|’U .Iu 'g f J | [ I'.'-" _.‘j ¥
=, !
g1 P | \~/
il T |
| d 'u"\__..""l
4 Al ' A Mo
& I'-\""""" Illlul\'u-n") I'-"'u-""" - '--J'l'.'."'\'v-"" s
T = S A el e
o -
T T T T v T
2014m1 2016m1 2018m1 2020m1 2022m1 2024m1
date
- Stock market (billion USD) Green bonds (Ten million LUSD)

Fig 1. Time Series Line Chart of the Data (Picture credit: Original)

2.2 VAR Model

The VAR model, first proposed in 1980 by Christopher Sims, is designed to facilitate
the analysis of dynamic relationships between multiple time series, including the ex-
amination of joint variables and lagged terms. The model permits for the examination
of the interactions and interdependencies among these variables over time. By employ-
ing impulse response analysis and variance decomposition, the model can elucidate the
manner in which influences dissipate over time. In contrast to conventional linear re-
gression models, the VAR model, as a structural-free model, does not necessitate that
all variables be endogenous [16]. The model's primary advantage is its capacity to cap-
ture the dynamic interrelationships between variables, rendering it an optimal choice
for analyzing complex real-world scenarios.

To more effectively address the time series data utilized in this study and obtain
more precise results regarding dynamic relationships, the study constructs a VAR
model using the total trading volume of U.S. green bonds and the total trading volume
of the U.S. stock market as variables.

2.3  Stationarity Test of Time Series Data

A VAR model can only be established when all-time series are stationary. Conse-
quently, it is essential to initially ascertain the stationarity of the time series data. The
Augmented Dickey-Fuller (ADF) unit root test was employed to evaluate the station-
arity of the data. The analysis in table 2 leads to the conclusion that the null hypothesis,
stating that the green bond trading volume time series includes a unit root, stands re-
jected, thereby implying that the series is non-stationary. Thus, a first-order difference
was applied to the series. Following the application of differencing, the results show
that the first-differenced green bond trading volume time series is stationary.
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Table 2. ADF Unit Root Test Results

Variable: green bonds volume

Test Statis-

tic 1% 5% 10%
Z(t) -2.9970 -3.5000 -2.8880 -2.5780
Variable: D.green_bonds_volume
TesttiSCtatls- 1% 50 10%
Z(t) -14.9110 -3.5010 -2.8880 -2.5780
Variable: stock _volume
TesttiSctatls- 1% 50, 10%
Z(t) -2.9960 -3.5000 -2.8880 -2.5780
Variable: D.stock volume
TesttiSCtatls- 1% 50 10%
Z(t) -17.8530 -3.5010 -2.8880 -2.5780

For the stock trading volume, the MacKinnon approximate p-value indicates that the
null hypothesis can be rejected at the 5% level of significance, but not at the 1% level.
To ensure the validity of the model, the stock trading volume time series was subjected
to further differencing. The results after differencing confirms that the first-differenced
stock trading volume time series is stationary.

2.4  The Optimal Lag Length Selection

The determination of an optimal lag length is fundamental to the robust specification
of a VAR model, as it ensures the inclusion of sufficient information without undue
influence on the degrees of freedom.

In selecting the optimal lag length for a VAR model, information criteria are typi-
cally employed to ascertain the most appropriate lag length. The Akaike Information
Criterion (AIC) and the Bayesian Information Criterion (BIC) are among the various
criteria frequently used to evaluate the goodness of fit of statistical models [17]. In this
study, the results from AIC, HQIC, and SBIC are considered comprehensively, and the
principle of selecting the majority’s recommendation is applied.

Table 3. Determination of Optimal Lag Order

Lag LL LR df p FPE AIC HQIC SBIC
0 -1451.91 3.60E+07  23.0779 23.0962 23.1229
1 -1288.96 325.9 0.000 2.90E+06  20.5549 20.6098 20.69
2 -1275.07  27.774 0.000  2.50E+06 20.398 20.4894 20.6231
3 -1267.01  16.125 0.003 2.30E+06  20.3335 20.4615 20.6486
4 -1253.04 27.938* 0.000  2.0e+06*  20.1753*  20.3399*  20.5804*

~ B~ &~ b
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As shown in the table 3, when the lag length is set to four, the LR, FPE, AIC, HQIC,
and SBIC criteria indicate that this is the optimal lag length. Accordingly, this study
will employ a four-lag model for the VAR analysis. The following sections will present
the results and tests of the four-lag VAR model in full, followed by an analysis of the
findings.

3 Empirical Result and Analysis

3.1  Analytical Study of Model Regression

A four-lag VAR model was employed to analyze the correlation between the total trad-
ing volume of green bonds and stock trading volume. The results of the VAR model
are presented with changes in U.S. stock market trading volume and U.S. green bond
trading volume as the dependent variables. The coefficients, z-statistics, p-values, and
95% confidence intervals for the two equations are presented in table 4.

Table4. VAR Model Regression Results

Variable Lag | Coefficient  Std.err. z P>z [95% conf.interval]
stock_volume
stock volume
L1. | 0.4547 0.0866 52500  0.0000 0.2849 0.6245
L2. | 0.3657 0.0872 42000  0.0000 0.1949 0.5365
L3. | 03151 0.0885 3.5600  0.0000 0.1416 0.4886
L4. | -0.2853 0.0870 -3.2800  0.0010  -0.4559 0.1147
green_bonds_volume
L1. | 0.0379 0.0213 1.7800  0.0750 -0.0038 0.0797
L2. | -0.0194 0.0246 -0.7900  0.4310 -0.0677 0.0289
L3. | -0.1099 0.0244 -4.5000  0.0000 -0.1577 0.0621
L4. | 0.1105 0.0216 5.1200  0.0000 0.0682 0.1527
constant 13.6332
green_bonds_volume
stock volume
L1. | 0.0144 0.3887 0.0400 09710 -0.7474 0.7761
L2. | 0.7050 0.3910 1.8000  0.0710 -0.0613 1.4714
L3. | -0.3450 0.3971 -0.8700 03850 -1.1233 0.4333
L4. | -0.0500 0.3905 -0.1300  0.8980 -0.8154 0.7155
green_bonds_volume
L1. | 0.6561 0.0956 6.8700  0.0000 0.4688 0.8435
L2. | 0.0976 0.1105 0.8800  0.3770 -0.1190 0.3142
L3. | 0.1047 0.1095 0.9600  0.3390 -0.1099 0.3192
L4. | 0.0397 0.0967 0.4100  0.6810 -0.1498 0.2293
constant 3.7700 26.8478  0.1400  0.8880 -48.8508  56.3907

The results in table 4 indicate that an increase in green bond trading volume four-time
steps ago is associated with an increase in the current stock trading volume. This sug-
gests that if the green bond market was active in the preceding period (four-time steps
ago), it may have exerted a positive influence on the stock market in the present period.
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3.2 The Joint Test Results of the Model

A joint test of the coefficients in a VAR model is a test of the significance of the vector
autoregressive equation. The model is deemed meaningful only if the results of the
significance test are statistically significant. A joint test of the coefficients at each lag
level of the model was conducted. The results of the joint test demonstrate that the p-
value remains at 0 up to the fourth decimal place, which is significantly smaller than
0.05. This suggests that the lagged variables in the VAR model exert a notable influence
on both stock trading volume and green bond trading volume. It is imperative that the
lagged terms in the model are not overlooked, as they play a pivotal role in the model's
functionality.

3.3  Residuals and Model Stability Test

The VAR model requires that the residuals be independent, with no interdependencies
between the residuals of different periods. Otherwise, the model's forecast bias would
compromise the reliability of out-of-sample predictions. Hence, following the comple-
tion of the regression, it is essential to test whether the residual sequence is autocorre-
lated. The findings are displayed in Fig 2.
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Fig 2. ACF Plot of Residual (Picture credit: Original)

The 95% confidence interval is represented by the gray-shaded area, which is calculated
using Bartlett's formula. Should the value of the autocorrelation coefficient exceed the
gray area, it is deemed statistically significant with respect to autocorrelation at that lag.
As fig 2 illustrated, majority of the autocorrelation coefficients are situated within the
gray area, thereby indicating that the autocorrelation of the residuals is not statistically
significant.

The unit circle test is used to check whether the eigenvalues of the VAR model are
situated within the unit circle. If the reciprocals of all eigenvalues lie inside the unit
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circle, the VAR system is considered stable. Stability is a prerequisite for the applica-
tion of a time series model to forecast future values, as an unstable model may yield
unstable predictions. If any of the eigenvalues are situated on or beyond the boundaries
of the unit circle, the model could potentially lead to spurious regression.
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Fig 3. Unit Circle Test (Picture credit: Original)

As illustrated in the fig 3, all eigenvalues are situated within the unit circle (i.e., their
magnitudes are less than 1), so as to indicate that the VAR model is stable. This indi-
cates that the dynamic effects of the model will diminish over time, resulting in a return
to a long-term equilibrium state.
3.4  Granger Causality Test

The Granger Causality Test is used to explore whether the historical data of one time
series variable exerts an influence on the current data of another time series variable.

The objective of this study is to conduct a comprehensive examination of the inter-
actions between variables and their lagged terms. This analysis will investigate the dy-
namic relationships between variables within a complex economic system, employing
a VAR model. After stabilizing the time series variables to eliminate the interference
of spurious regressions, the Granger Causality Test is employed to verify the existence
of a statistically significant causal relationship between the time series variables. The
results of the Granger Causality Test are shown in table 5.

Table 5. Granger Causality Test Results

Equation Excluded chi2 df  Prob > chi2

stock_volume green_bonds_volume 36.85 4 0

stock volume ALL 36.85 4 0
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green_bonds_volume stock volume 4.2128 4 0.378
green_bonds volume ALL 4.2128 4 0.378

The results demonstrate that the null hypothesis can be rejected. In other words, there
is Granger causality from green bond trading volume to stock trading volume, such that
changes in the former can be used to predict changes in the latter.

When stock trading volume is excluded, the results suggest that the null hypothesis
cannot be rejected with a significance level set at 5%. There is no Granger causality
from stock trading volume to green bond trading volume. That is, the historical values
of stock trading volume do not provide additional information for predicting the current
value of green bond trading volume.

3.5 Impulse Response Analysis

Impulse Response Analysis is used to study the dynamic impact and persistence of a
shock to one variable on other variables within a system. From the previous results, it
is evident that changes in green bond trading volume can predict changes in stock trad-
ing volume. Hence, statistical software was employed to examine the manner in which
alterations in green bond trading volume impact stock trading volume. The results are
presented in fig 4:

irf_results_2, green_bonds_volume, stock_volume

] 20 40 60 80

Step
95% CI Impulse-response function |

Graphs by irfname, impulse variable, and response variable

Fig 4. Impulse Response Analysis (Picture credit: Original)

The blue line in fig 4 illustrates the response of stock trading volume over time subse-
quent to a one-standard-deviation shock to green bond trading volume. In the initial
few time steps following the shock, the response of stock trading volume exhibits sig-
nificant fluctuations, indicating that changes in green bond trading volume exert a pos-
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itive short-term impact on stock trading volume. Over time, the impulse response func-
tion approaches zero, indicating that the long-term impact of green bond trading volume
on stock trading volume is limited and will ultimately dissipate.

4 Discussion

In conclusion, the data analysis findings indicate that the total volume of stock trading
is significantly impacted in the short term by the activity in the green bond market.
However, this effect stabilizes in the long term. The green bond market's activity is
regarded as an indication that the economy is leading in the direction of more environ-
mentally friendly and sustainable growth. This may foster investor confidence in the
stock market and, in turn, increase trading volume [18]. The issuance of green bonds is
an indication of a commitment to environmental responsibility, which in turn attracts
the attention of investors and increases in stock market trading volume and liquidity.
Such attention can result in an enhancement of a company's environmental rating, the
attraction of long-term and green investors, and an increase in shareholding, which may
lead to an increase in stock prices [19]. The initial short-term boost from green bonds
dissipates as markets adapt to their presence. Over time, green bonds become a standard
part of corporate social responsibility, rather than a mere transient market stimulus.
This leads to a more stable level of investor interest and less volatile trading behavior,
with the impact on market liquidity diminishing as the green bond market matures [20].

Based on the study, companies can enhance their market image and investor confi-
dence by issuing green bonds, which show a dedication to environmental preservation
and draw in long-term, eco-aware investors. This strategy has the additional benefit of
enhancing market recognition and stock performance while aligning with the principles
of corporate social responsibility. For investors, integrating green bonds into their port-
folios supports environmental causes, diversifies investments, and contributes to sus-
tainable development. It addresses climate-related risks and encourages investments
that prioritize environmental and social responsibility, thereby promoting a financial
market focus on sustainability.

5 Conclusion

This study collected monthly data on U.S. stock market trading volume, monthly data
on total U.S. bond trading volume, and annual data on U.S. green bond trading volume.
The time span of the data is 2014 to 2024. With U.S. bond trading volume as the bench-
mark, the annual green bond trading volume data was converted into monthly data using
a weighted average method. A time series was constructed using the monthly data for
U.S. stock market trading volume and green bond trading volume, and the ADF test
showed that the time series became stationary after first differencing. After determining
the optimal lag length to be four based on information criteria, a vector autoregression
model was constructed. Joint tests yielded statistically significant results. Granger cau-
sality tests revealed that green bond trading volume has predictive power for stock mar-
ket trading volume. The regression results indicated a positive effect of U.S. green bond
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trading volume on stock market trading volume. The impulse response analysis addi-
tionally demonstrated that green bond market shocks exert a positive short-term impact
on stock market trading volume, with this effect gradually diminishing over time. In
conclusion, investor preferences for green finance exert a positive influence on stock
market activity in the short term, although this impact wanes over time.

It is crucial to note that when annual data is frequency-converted to monthly data,
some information may be lost, potentially compromising the precision of the model's
fitting outcomes. Additionally, the variance decomposition visualization results of the
are not precise, meaning the proportion of stock trading volume changes attributed to
green bond trading volume cannot be accurately estimated. These factors impose limi-
tations on both the model construction and the fitting of the results. In the future, more
sophisticated indicators could be utilized to gauge investor sentiment in green finance
with greater precision. The incorporation of higher-frequency data could enhance the
precision of model fitting and facilitate more accurate predictive performance.

References

1. Gao, Y., Zhao, C., Sun, B., Zhao, W.: Effects of investor sentiment on stock volatility: new
evidences from multi-source data in China’s green stock markets. Financial Innovation 8(1),
77 (2022)

2. Tabassum, R., Selama, A.l., Nor, N.M., Hassan, A.F.S.: Meaningful Review of Existing
Trends, Expansion, and Future Directions of Green Bond Research: A Bibliometric Ap-
proach. Studia Universitatis Vasile Goldis Arad — Economics Series. 34 (24), (2024)

3. Ma, C., Cheok, M.Y.: Relationship among Covid-19, stock price and green finance markets
pragmatic evidence from volatility dynamics. Economic Change and Restructuring 56(1),
265-295 (2023)

4. Guo, Q.: The Relationship Between Investor Sentiment and Stock Market Price. Frontiers
in Business, Economics and Management, 9(2), 124-129. (2023)

5. Lu, Y., Ding, N., Shi, M., Fan, Z., Zhai, Y.: An Empirical Study on the Influence of Investor
Sentiment and Stock Price Based on VAR Model. In: 2021 4th International Conference
on Advanced Electronic Materials, Computers and Software Engineering, pp. 628-631.
IEEE, Piscataway, NJ, USA (2021)

6. Zhang, B., Li, Y.: A study of the effect between investor sentiment and margin trading be-
havior. In: 2016 3rd International Conference on Social Science, pp. 306-313. DEStech Pub-
lications, Lancaster, PA, USA (2017)

7. Nie Q., Chen S., Chen Y., Hu Y.: Integrated prediction of green bond return under the dual
risks of climate change and energy crisis. Frontiers in Environmental Science. 11, 103389
(2023)

8. Pham, L., Huynh, T.L.D.: How does investor attention influence the green bond market?.
Finance Research Letters 35, 101533 (2020)

9. Pham, L., Nguyen, C.P.: How do stock, oil, and economic policy uncertainty influence the
green bond market?. Finance Research Letters 45, 102128 (2022)

10. Pifeiro-Chousa, J., Lopez-Cabarcos, M.A., Caby, J., Sevi¢, A.: The influence of investor
sentiment on the green bond market. Technological Forecasting and Social Change 162,
120351 (2021)

11. Wang, L. A study on the impact of environmental information disclosure on corporate fi-
nancial performance. In: Yin, M., Wang, P., Kuang, T. 4th International Symposium on




398 Y. Li

Frontiers of Economics and Management Science (FEMS 2023), SHS Web of Conferences,
169, p. 01037. EDP Sciences, Paris, France (2023)

12. Liu, C., Wang, X.: Media and institutional investors focus on the impact on corporate sus-
tainability performance. Sustainability 14(21), 13878 (2022)

13. Chen, C.W., Pantzalis, C., Park, J.C.: Press coverage and stock price deviation from funda-
mental value. Journal of Financial Research 36(2), 175-214 (2013)

14. Bushee, B.J., Core, J.E., Guay, W., Hamm, S.J.: The role of the business press as an infor-
mation intermediary. Journal of Accounting Research 48(1), 1-19 (2010)

15. Ferrer, R., Benitez, R., Bolos, V.J.: Interdependence between green financial instruments
and major conventional assets: a wavelet-based network analysis. Mathematics 9(8), 900
(2021)

16. Talwar, S.: Evolving Equity Market Interdependencies: Evidence from Emerging Markets.
International Journal of Economics and Finance 7(8), 38-52 (2015)

17. Cavanaugh, J.E., Neath, A.A.: The Akaike information criterion: Background, derivation,
properties, application, interpretation, and refinements. Wiley Interdisciplinary Reviews:
Computational Statistics 11(3), e1460 (2019)

18. Aini, A.N., Sukmadilaga, C., Ghani, E. K. Green bonds, investor attention and stock market
reaction: evidence from ASEAN countries. International Journal of Energy Economics and
Policy 13(6), 334-343 (2023)

19. Zhou, D., Zhou, H.: Do Green Bonds Attract Investor Preference? From the Perspective of
Credit Spreads. Foreign Economics & Management 45(11), 19-34 (2023)

20. Fan, R., Xiong, X., Li, Y., Gao, Y.: Do green bonds affect stock returns and corporate envi-
ronmental performance? Evidence from China. Economics Letters 232, 111322 (2023).

Open Access This chapter is licensed under the terms of the Creative Commons Attribution-
NonCommercial 4.0 International License (http://creativecommons.org/licenses/by-nc/4.0/),
which permits any noncommercial use, sharing, adaptation, distribution and reproduction in any
medium or format, as long as you give appropriate credit to the original author(s) and the
source, provide a link to the Creative Commons license and indicate if changes were made.

The images or other third party material in this chapter are included in the chapter's
Creative Commons license, unless indicated otherwise in a credit line to the material. If material
is not included in the chapter's Creative Commons license and your intended use is not
permitted by statutory regulation or exceeds the permitted use, you will need to obtain
permission directly from the copyright holder.


http://creativecommons.org/licenses/by-nc/4.0/

	The Impact of Investor Sentiment over Green Finance on Stock Market Activity: Based on the VAR Model

