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Abstract. Spain has been characterised as one of the countries with the greatest 

affective polarisation. Divergences go from being political to fostering social di-

vision, and this phenomenon has been aggravated in social media during COVID-

19. This article analyses the public discussion held on Twitter (now, X) in Spain

during March-June 2020, when the first restrictions came into force. The research

shows how the coronavirus has been used as an issue of confrontation between

the main political actors, while substantive debates related to public health were

relegated. Using the sentiment analysis technique, 368,371 tweets were analysed,

corresponding to 27 profiles of political leaders, 12 political parties and 34 pro-

files related to the media. The study examines the polarisation of the public con-

versation held on Twitter and which actors have the most negative impact on the

online public debate, as well as the communicational behaviour of the actors an-

alysed. The results show that opposition leaders concentrated most of the nega-

tive polarised content. In contrast, government actors tended toward more mod-

erate or positive messaging, while media displayed predominantly neutral tones.

Keywords: Affective polarisation; COVID-19; political actors; sentiment anal-

ysis; Twitter; social media. 

1 Introduction 

1.1 A Subsection Sample 

Social media have been identified by different studies as scenarios that have promoted 

the social and political polarisation of Spanish society [1,2]. Some reports have also 

shown that social conversation spaces on the internet, such as Twitter (company now 

known as X) or YouTube, tend to privilege extreme positions in a democracy [3,4]. 

The Spanish government implemented the first state of alarm to fight COVID-19 in 

March 2020. This measure led to an intense political divergence fuelled mainly by po-

litical representatives, as well as, on some occasions, by the media. Different Spanish 

political actors used the pandemic to intensify their ideological distancing from their 

political rivals and social media was an essential channel to accentuate such differences. 
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In addition, Spain is also beginning to be characterised as one of the most affectively 

polarised countries in the world [5].  

Social media polarisation hinders consensus and cohesion among citizens [6]. There-

fore, political polarisation, and especially affective polarisation, represents a new chal-

lenge for democracies in digital societies [7,8]. 

The paper aims to explore quantitatively the affective polarisation that could be 

found in the Twitter conversation developed by the main political and media leaders 

during the first state of alarm provoked by COVID-19 in Spain. This is a politically and 

socially relevant issue because political and emotional division leads to a more con-

frontational and less cohesive citizenry. In addition, this study offers a valuable contri-

bution as it was conducted before major restrictions on Twitter/X’s data access. Since 

late 2021, the platform has limited API access, increased costs, and reduced transpar-

ency, making large-scale data collection increasingly difficult. This research thus cap-

tures a moment in digital political communication that is now harder to study. 

The article raises an academically original issue, since affective polarisation, rather 

than ideological polarisation, is a new phenomenon for which there is still not so many 

data available for Spain. Based on the analysis of a relevant sample of tweets, the aim 

of the paper is to characterise affective polarisation in the public discussion on Twitter 

during the first state of alarm of COVID-19 in Spain. The text determines the main 

topics of discussion in the period analysed, identifies the polarisation detected in the 

messages of political and media actors, and explores which topics generated greater 

polarisation.  

Thus, the article answers these research questions: 1. How polarised was the public 

conversation on Twitter during the first state of alarm caused by COVID-19 in Spain?, 

2. How was the affective polarisation (positive, negative or neutral) generated by the 

actors analysed during the study period?, and 3. Which issues generated the most af-

fective polarisation in the period analysed?  

Political polarisation is particularly prominent on social media, where discourses that 

tend towards ideological division generate a lot of conversation. Traditionally, this has 

been a division in ideologically-rooted discourses. However, a new type of polarisation, 

conceptualised as affective, is now present in everyday politics [7]. This form of polar-

ization refers to the extent to which party supporters dislike each other [9].  

Internet social networks have acquired an increasingly relevant role in political com-

munication and are also used as a direct source of information by citizens [10]. How-

ever, their capacity to be a true space for debate is in question [11,12,13].  

Affective polarisation is based on the evaluations that some groups make of mem-

bers of other groups, as they consider them different because they have ideologically 

different attitudes [14]. Twitter has a preponderant role in the entrenchment of affective 

polarisation in Spain. Barberá [15] highlighted that social media have a great impact on 

the political divide by creating echo chambers, those spaces that become increasingly 

polarised the higher the level of information consumption and interest [6]. For Barberá 

and Rivero [3], political discussion is strongly polarised on Twitter, where users with a 

greater political identification are the ones who participate the most.  

Spain, characterised by Hallin and Mancini [16] as a country that belongs to the 

media system of the polarised pluralism model, seems to reproduce in social media the 
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tension observed in traditional media. According to Díaz and del Fresno [17], social 

media reflect confrontational political and communicative behaviour. Gidron et al. 

[18,19] found that political polarisation increased in the 1996, 2004 and April 2019 

elections in Spain. Torcal and Thomson [20] suggest that affective polarization towards 

members of opposing parties negatively impacts general social trust in a mutually rein-

forcing manner. 

Political polarisation could be explained by the sociological phenomenon of ho-

mophily [21], whereby interactions between citizens tend to occur more frequently 

when similar views are shared than when users have distant ideologies or opinions. 

McPherson et al. [21] note that "homophily constrains people's social worlds in a way 

that has powerful implications for the information they receive, the attitudes they form, 

and the interactions they experience". 

The polarisation concentrated in social media platforms, a recurrent channel in 21st 

century political communication [22], represents a challenge for the health of democ-

racy, since the conversation generated in the new media has a great impact both inside 

and outside social media [8,23]. In its most affective aspect, political division impedes 

the consensus and cohesion necessary to reach agreements beneficial to the common 

good. 

2 Materials and methods 

This exploratory study uses a quantitative methodology [24]. The research has been 

carried out using the technique of sentiment analysis [25]. This technique is used for 

Natural Language Processing (NLP) [26] on an analysis corpus composed of a sample 

of Twitter messages issued by politicians, political parties, and media during the months 

of implementation of the first state of alarm caused in Spain by the COVID-19 pan-

demic (March-June 2020). Although the social media is now known as X, in the article 

we use the name Twitter as it was at the time of the research. 

Sentiment analysis has been reported in different studies to identify the polarity (pos-

itive, neutral, or negative) of a large set of texts based on programming techniques. In 

communication discourse analysis, sentiment analysis has been used mainly for the 

identification of polarity in discussion in social networks such as Twitter [27] or Face-

book [28] and has also been employed in characterising the polarity of media discourses 

[29]. 

In the first part of the study, a search and capture of tweets published in the profiles 

of 27 political leaders, in the profiles of 12 political parties and in 34 profiles related to 

the media was carried out. In total, the sample of tweets collected was 368,371 mes-

sages, of which 7,644 correspond to messages published by political leaders; 16,128 

correspond to the Twitter accounts of political parties; and 344,599 tweets were dis-

seminated through the profiles of the media. The tweets were collected by means of 

Python programming scripts that made it possible to collect most of the tweets issued 

by the profiles sectioned during the first state of alarm caused by COVID-19 in Spain. 

The tweets were collected between 1 March and 30 June 2020. 



          233COVID-19’s Role in Amplifying Affective Polarization on Spanish …   

The selection of the analysed profiles of the three actors was carried out through 

simple random sampling [30] in which some of the profiles that met specific character-

istics depending on the type of actor were chosen. Thus, for political leaders, those with 

at least 45,000 followers were chosen. For the profiles of political parties, they were 

required to meet one of two conditions: more than 30,000 followers or more than 20,000 

messages posted on the account. Finally, for the media, a random sample of profiles 

with more than 70,000 followers and more than 15,000 tweets published on the profile 

was chosen. These thresholds aimed to ensure sufficient visibility and activity among 

selected accounts, increasing their potential impact on public debate while keeping the 

sample size manageable for computational purposes. 

Once the tweets had been collected and sorted we identified the polarisation of the 

tweets in the sample. To identify the affective polarisation of the tweets collected, a 

supervised sentiment analysis was carried out [31]. To do this, the tweets were first 

cleaned; a Python programming stemer was used to apply the analysis to the lexemes 

of the words, using the term frequency-inverse document frequency (Tf-Idf) trans-

former to convert the lexemes in matrixes; the links were deleted, and the words were 

separated in the hashtags (as they usually appear together).  

The sentiment analysis was performed using supervised machine learning in which 

models were generated based on data samples manually labelled during the research 

process (data training) and then applied to the total data. The classified training was 

performed on a sample of 1200 tweets, in each of the cases. According to Arcila-Cal-

derón et al. [31], this analysis allows the approach to "political texts in a fast way avoid-

ing the bias produced by coders or dictionaries with a priori categories unable to detect 

the themes-themes, the context or the ironies-sarcasms". 

Once the training (classifiers) was performed, the sentiment analysis was executed 

under the Support Vector Machine algorithm [32] which gave the best and most stable 

performance when applying the reliability test on a random sample of the analysis cor-

pus. To test and adjust the reliability and performance of the prediction algorithms used, 

a cross-validation was also performed under the K-Fold model [33]. The reliability tests 

gave a 67.9% prediction accuracy, an adequate rate and close to the processes per-

formed with other common algorithms in sentiment analysis, such as Naive Bayes [31]. 

However, this level of accuracy entails certain limitations. The model may struggle 

with irony, ambiguity, or context-dependent language, which are common in political 

discourse. Additionally, working with Spanish-language tweets involves further con-

straints, such as the limited availability of annotated corpora and pre-trained models. 

The automated processing of the tweets allowed the characterisation of each of the 

messages in the sample into three categories: positive, neutral, or negative, depending 

on whether the content of the message tended to generate polarisation. The results of 

the model run allow us to know which actors (politicians, parties or media) have gen-

erated the most polarisation during the period of analysis. 

Finally, once the polarisation of each tweet had been specified, the study focused on 

the messages identified as negative. Based on these, the main issues generating polari-

sation are described, and a subsequent screening is carried out for each of the three 

actors analysed: political leaders, political parties, and the media. 
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3 Results 

3.1 Polarisation balance 

The results of the study indicate a differentiated behaviour for each of the actors ana-

lysed. In the first group, political leaders, the lowest percentage of messages with a 

neutral valuation (0.46) is identified, while they represent the highest proportion of 

tweets with positive valences (0.3). At the same time, political parties lead the percent-

age of messages tending towards polarisation (negative charges associated with politi-

cal tension, insults, or open criticism of political opponents) with a percentage that rep-

resents 3 out of every 10 tweets published in the period studied. Even so the percentage 

of messages characterised as neutral exceeds 50% and shows an interest linked to po-

litical organisation and more institutional communication. In the case of the media an-

alysed, the high percentage of neutral messages, which exceeds 70%, also corresponds 

to the lowest values of both polarisation (or negative charge) and positive valence. In 

the first case, the media are 10% below the political parties, the leaders in terms of 

polarisation, and 22% below political leaders, who are at the top of the list of positive 

characterisations of tweets. 

In the case of the politicians studied, the former leader of the Popular Party (PP), 

Pablo Casado, has 59% negative messages. Casado is, at the same time, the politician 

who posted the fewest positive tweets and the leader who posted the fewest neutral 

messages. Next to Casado are Teodoro García Egea, a member of the PP (49%) and 

Santiago Abascal, leader of Vox, with 47% of messages with negative polarisation. As 

can be seen in Figure 1, after the three main political actors of the opposition, the per-

centages of polarised valences drop considerably: from the values of Casado, García-

Egea and Abascal, we quickly pass to 0.35 of Pablo Echenique (Unidas Podemos) and 

Rocío Monasterio (Vox).  

The list of positive messages linked to unity in complex times is headed by Ada 

Colau (mayor of Barcelona and coordinator of Catalunya en Comú) and Joaquim Forn 

(Partit Demòcrata Europeu Català). Colau is second to last in the table in the emission 

of polarising messages (9%), only surpassed by the former president of the Catalan 

Government, Quim Torra, who obtains 7% in negative valences of his tweets. In the 

case of the leaders with the highest percentage of tweets with positive valences, the list 

continues with several Catalan politicians who are leaders of pro-independence posi-

tions, such as Oriol Junqueras and Carles Puigdemont, and the first national politicians 

to appear are Pedro Sánchez and Yolanda Díaz with 35% and 32.5%, respectively. 

Referring to neutral positions, the list is headed by three women. Isabel Celaá, Min-

ister of Education, leads the table of politicians with 67% of neutral messages, followed 

by Isabel Díaz Ayuso, President of Madrid and member of the PP, who reaches 66% of 

tweets identified as neutral, and Begoña Villacís, spokesperson for Ciudadanos in the 

Madrid City Council, whose neutral communications on Twitter reach 58% of her mes-

sages analysed in the study period. 

There are also important differences if we look at the political party. As can be seen 

in Figure 2, PP, Vox and Ciudadanos reflect a greater negative polarity in their tweets 

than the government partners (Unidas Podemos and PSOE). 
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Fig. 1. Graph of the general percentage of valence in the politicians analysed. Own elaboration. 

 

 

Fig. 2. Percentage of validity of the tweets of the politicians analysed as a party average. Own 

elaboration. 

In the PSOE’s average, most of the messages were neutral. Referring to the the pro-

independence parties in Catalonia, the intention to share positive messages linked to 

their project to break with Spain stands out. 

The profiles corresponding to political parties show a similar trend to the previous 

graph, although most political organisations show an intention to issue neutral mes-

sages, as shown by their overall percentage (0.53). Vox’s and PP’s Twitter profiles are 

the ones that publish the highest percentage of messages with the most negative content. 

Vox Noticias profile issues more than 50% of negative messages. In the case of PP, its 
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publications with negative valences reached 48% of the total number of messages pub-

lished during the study period. 

In the case of the media there is a preponderance of neutral messages, with an aver-

age of 73%. Unlike the previous actors analysed, where the standard deviations between 

the categories of positive, neutral, and negative ranged between 10% and 15%, for the 

media the deviation drops to 3% for positive messages, 7% for neutral messages and 

6% for negative messages. These values show a much more homogeneous behaviour 

among the sample of media analysed, even though there are media with high polarisa-

tion data (such as the case of Estado de Alarma TV, with 35% of messages with nega-

tive polarity). The media promote, for the most part, an informative framework.  

3.2 Analysis of polarisation issues 

The general analysis of the tweets associates the mentions of Pedro Sánchez, Govern-

ment (13.2%) and PP (8.5%) with polarization actors. In the data on the frequency of 

terms, actors such as Vox (5.2%), Pablo Casado (3.5%), Pablo Iglesias (3.2%), the Con-

gress of Deputies (2.4%), Fernando Simón (2.3%), the PSOE (2%) and Isabel Díaz 

Ayuso (1.7%) also stand out. In the messages with a negative tone, the mentions of 

Pedro Sánchez reach 32.6%. Among the actors, with 1.5% of mentions, Fernando 

Grande Marlaska also appears, and Salvador Illa, María Dolores Montero and Santiago 

Abascal emerge with 1.4%. 

The main issues identified are the management of the coronavirus crisis (6.8%), the 

declaration of the state of alarm (5.8%), discussions on the de-escalation phases (4.6%), 

health (2%), the extension of the state of alarm (1.9%), the new normality (1.9%) and 

the debate on masks (1.6%).  

The disaggregation of the themes by actors does not alter too much the main issues 

defined in the overall picture of the analysis. The government and Sánchez remain at 

the top of the mentions, appearing in 27.5% and 24.5% of the messages analysed. Other 

important actors are the PP (14.4%), Vox (6.7%), Pablo Iglesias (4.4%), the PSOE 

(3.2%) and Isabel Díaz Ayuso (2.5%). In relation to the issues detected, the list of men-

tions is led by the management of the crisis (10.4%), the measures adopted by the gov-

ernment in the face of COVID-19 (5.6%), the state of alarm (5.3%) and the impact on 

the self-employed, families and workers (3.6% in each case). The word "against" is 

again relevant (7.2%), as well as "already" (7%) and "must" (5.5%) (translated from 

the original Spanish tweets). 

The issues most highlighted by the media are the state of alarm (5.7%), the manage-

ment of the crisis (3.8%), the measures adopted by the Government (2.8%), the estab-

lishment of the phases of deconfinement (2.5) and some topics such as health (2%), 

masks (1.6%), children (1.3%) and elderly residences or data (1.1% in each case). In 

the media, the words "against" (4.8%), "already" (3.6%) and "asks" (3.3%) are also 

relevant (translated from the original Spanish tweets), and at the territorial level Madrid 

(3.2%) reappears as a relevant entity in the political discussion on Twitter. 
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4 Conclusions 

The results prompt reflection on the theoretical framework used before analyzing the 

tweets. First, the recurrence of certain themes and actors—mainly Pedro Sánchez, the 

Government, and opposition parties like PP and Vox—shows a concentration of dis-

course. Most negative messages target these actors and avoid urgent issues such as 

healthcare, the economy, or the social crisis from COVID-19. Instead, discussions re-

volve around the general management of the pandemic, often lacking deliberative intent 

or cohesion [6]. 

Positive messages were marginal; in two of the three groups, they were the least 

frequent. Only political leaders reached 30% positive messages, though overall they 

made up just 8.64%, compared to 18.43% negative ones. The spread of negative content 

via influential Twitter accounts reinforces extremist positioning [3]. 

Different roles shaped message polarity. Political leaders often used Twitter for cam-

paign messaging and to build emotional branding, reinforcing echo chambers [9,20]. 

Opposition figures like Casado, García-Egea, and Abascal stood out for spreading po-

larised content [23], while those in executive roles showed more restraint, often staying 

below 22% confrontation. 

Pro-independence Catalan leaders posted more positive messages to foster unity, and 

Ciudadanos stood out with 56% positive tweets—though this didn’t translate into elec-

toral success. The study notes that affective polarisation [7] can drive support in certain 

contexts, as seen with Vox or PP. 

Media outlets, in contrast, were largely neutral (73%), contributing less to polarisa-

tion. Their tone reflects professional standards and distance from the traditionally po-

larised pluralist model [16]. This positions them apart from the confrontational style 

observed among political actors [17]. 

Sample texts messages confirm the absence of deep political debate. Instead, social 

media becomes a battleground for opposition narratives [22], with figures like Díaz 

Ayuso and Madrid serving as focal points of future political confrontation [14]. 

The study examined affective polarisation on Twitter during Spain’s first COVID-

19 lockdown, identifying dominant issues, actors, and the sentiment of tweets. Opposi-

tion leaders and parties emerged as key promoters of polarisation, while executive fig-

ures leaned toward neutrality or positive messaging. Relevant societal debates were 

notably absent, displaced by more abstract discussions on crisis management—such as 

the state of alarm, government actions, and institutional responses—while substantive 

issues like healthcare, social inequality, or economic impact remained marginal. These 

findings suggest that the public conversation was driven more by partisan confrontation 

than by deliberation on concrete societal challenges. 

Media actors played a moderating role, showing neutrality amid growing polarisa-

tion. Still, Twitter blurs distinctions by hosting all actors equally, reinforcing polarised 

environments. Though limited by the unique context of the pandemic and platform data 

access, the study remains a valuable academic snapshot—especially since it precedes 

Twitter’s (now X) data closure. 
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This study has some limitations. The bag-of-words approach lacks context sensitiv-

ity. Transformer-based models could improve accuracy, but at the cost of interpretabil-

ity, which is crucial when text-classification informs broader analytical categories. The 

focus on a predefined set of actors also limit the representativeness of the study. 

Future research could combine advanced language models and qualitative ap-

proaches to better capture discursive complexity, as well as explore comparative anal-

yses across platforms, time periods, or countries. Network analysis could also shed light 

on how polarising content spreads and which actors amplify or moderate messaging. 
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