
 

 

 

 

 

Unraveling Emerging Market Sovereign Yields: A 

Novel Three-Part Decomposition 

Akhil Rana1 

University of Connecticut, School of Business -Financial Risk Management, CT, USA 

18akhilrana@gmail.com 

Abstract. This research suggests an innovative framework for frag- 
menting sovereign bond outputs in evolving economies by unambigu- 
ously including credit risk elements. Using intraday data to separate 
unanticipated adjustments in US monetary policy, the study analyzes 
their impact on results in developing domains. The yield components are 
decomposed into predicted short-term rates, expression premiums, and 
credit risk premiums, providing a thorough outlook on how U.S. mone- 
tary policy transmits internationally. The results show that surprises in 
US policy trigger modifications in expectations of policy rates and guide 
to the revaluation of both interest rate and credit risk in evolving sec- tors. 
In specific, evolving market monetary authorities regularly respond in 
tandem with US policy changes, unconventional U.S. metrics impact 
expression premium interactions abroad, and sovereign credit risk reacts 
to U.S. monetary policy variations. 

1 Introduction 

U.S. monetary policy influences global financial markets, including sovereign 
yields in emerging markets (EMs), which serve as benchmarks for local asset 
pricing. Unlike advanced economies, EM yields often reflect credit risk, making 
standard yield decompositions - based on default-free assumptions - inadequate 
[6, 12, 27]. 

This paper inspects how U.S. monetary policy - through rate adjustments, 
forward direction, and asset purchases — impacts EM sovereign results, unam- 
biguously recording credit risk. Using intraday asset price data around Federal 
Reserve announcements [9, 28], I recognize monetary surprises and trace their 
spillovers through an original three-part yield breakdown. 

EM outputs are decomposed into (1) expected brief rates, (2) expression 
premia, and (3) credit risk compensation. The primary two components are ex- 
tracted from artificial, default-free outputs - created by swapping US results into 
local currency — while the third records the spread between nominal and artifi- 
cial outputs [6]. Results show that U.S. easing surprises lower EM expected rates 
and term premia, suggesting EM central banks often follow the Fed. However, 
credit spreads widen after easing, likely due to increased risk taking or increased 
sovereign

 

risk

 

[2,7,10].
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The findings also reveal a ’yield curve channel’: U.S. term premia affect EM 
yields at both ends of the curve, while U.S. expected short rates primarily in- 
fluence EM long-term expectations. This highlights EM central banks’ limited 
insulation from global financial conditions, even when borrowing in local cur- 
rency [3, 25]. 

This study contributes by (1) incorporating credit risk into the analysis of 
high-frequency US monetary spillovers, and (2) applying affine term structure 
models to synthetic yields to isolate true term premia in EMs— an approach not 
previously adopted in this context. 

2 Related Works 

The domain of music recommendation systems has attracted considerable re- 
search attention, particularly with the availability of large-scale datasets such as 
the Million Song Dataset. Wira [32] examined collaborative filtering techniques 
using this dataset, demonstrating that while probabilistic matrix factorization 
provided limited improvements, user-based and item-based collaborative filtering 
achieved superior performance. This study provides a benchmark for algorithmic 
comparisons in music personalization. 

In addition, Wira [31] investigated the evolution of music consumption, high- 
lighting the transition from physical ownership and live performances to digital 
streaming services. The paper emphasizes playlist recommendation strategies, 
including case-based and similarity-based methods, which align with the grow- 
ing importance of recommendation systems in shaping listening habits. Similarly, 
Wira [33] introduced the concept of Neural Audio Sculpting, applying deep learn- 
ing methods for autonomous multitrack audio transformations, expanding the 
application of artificial intelligence in music beyond recommendation into con- 
tent production and manipulation. 

Beyond music, several studies contribute insights relevant to data processing, 
automation, and machine learning techniques that indirectly inform recommen- 
dation systems. For instance, Thukkani [29] proposed the ioa++ framework, 
extending I/O automata with dynamic composition and concurrency aiming to 
improve distributed systems, and is applicable to large-scale computational 
infrastructures often required in music recommendation pipelines. Reddy [26] 
addressed perceptual challenges in categorical data visualization by introducing 
the common angle plot, offering techniques that can improve user-facing visual- 
ization in recommendation dashboards. 

In the healthcare domain, Arul [1] demonstrated the utility of fuzzy-logic- 
driven models for predicting diabetes risk, showing the effectiveness of hybrid 
learning approaches that can inspire future adaptive models in recommender 
systems. Similarly, Idnani [11] analyzed human capital depreciation and gender- 
specific wage trends, providing a methodological basis for modeling longitudinal 
datasets, which parallels how music preferences may evolve over time. 

Emerging computational paradigms also contribute to this landscape. Dhami 
[5] provided a comprehensive overview of quantum machine learning, which may 
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offer efficiency gains for large-scale recommendation problems, while also study- 
ing the impact of exchange-traded funds (ETFs) on volatility, liquidity, and 
efficiency [4], demonstrating quantitative approaches transferable to financial 
modeling and recommendation contexts. Makhija’s works [16, 17] further show- 
case automation in supply chains and phenotyping, emphasizing the potential of 
scalable and automated analysis—principles increasingly relevant for handling 
large-scale recommendation data. 

Malhotra has also contributed to related methodological domains. His work 
on genetic algorithm-based image approximation [21], workflow execution la- 
tency prediction in distributed DAG frameworks [22], axiological assumptions in 
machine learning [20], student placement optimization [18], and quality assur- 
ance in web applications [19] highlight diverse applications of machine learning 
and optimization that collectively inform best practices in designing reliable 
recommendation systems. 

Finally, Katkar’s contributions in wireless communications [14, 15] examine 
scalability and real-time communication in Industry 4.0 environments. These 
insights are relevant in the context of music platforms, where scalable and low- 
latency systems are necessary for delivering recommendations to millions of users 
simultaneously. 

Together, these studies illustrate the interdisciplinary nature of recommen- 
dation systems research, with advancements in music, distributed computing, 
visualization, healthcare analytics, quantum computation, supply chains, and 
industrial communications providing both direct and indirect contributions to 
the improvement of personalized music recommendation platforms. 

3 Identification of U.S. Monetary Policy Surprises 

Accurately isolating the unexpected elements of US monetary policy actions 
is essential for understanding their true impact on financial markets and the 
broader economy. This study adopts a high-frequency event-study methodology, 
which leverages intraday asset price movements immediately surrounding Fed- 
eral Reserve announcements. The approach captures market reactions directly 
attributable to new policy information by focusing on a specific time frame: 15 
minutes before to 1 hour and 45 minutes after FOMC statements. This precise 
timing helps to isolate the effects of new information from the Federal Reserve, 
minimizing the impact of other economic factors. This precise timing helps to 
significantly reduce confounding effects from other simultaneous economic devel- 
opments. The sample includes 163 FOMC meetings from January 2000 through 
March 2019, excluding the turbulent days following the September 11, 2001 
attacks, which saw atypical market behavior. Employing such a high-frequency 
approach is widely recognized in the literature [23] as an effective way to address 
a common endogeneity problem in monetary policy research—namely, that pol- 
icy decisions often respond to contemporaneous economic shocks—by isolating 
the component of policy that is truly unanticipated by market participants. 
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Monetary policy itself is multifaceted, comprising several tools and commu- 
nication channels that influence expectations and economic outcomes in dis- 
tinct ways. Reflecting this complexity, the study differentiates three categories 
of monetary policy surprises, based on the classification introduced by RogersS- 
cottiWright:2018. These three types capture separate dimensions of the Federal 
Reserve’s actions: (1) surprises directly related to changes in the policy interest 
rate, or “target surprises,” (2) surprises arising from updates in market expec- 
tations about the future path of interest rates, known as “forward guidance 
surprises,” and (3) surprises associated with balance sheet policies, particularly 
large-scale asset purchases, referred to as “asset purchase surprises.” This taxon- 
omy is crucial because each type of surprise operates through different channels, 
influences various segments of financial markets differently, and may have het- 
erogeneous effects on economic variables. 

To quantify these surprises, the methodology employs carefully chosen finan- 
cial market instruments that embed expectations about policy actions. Target 
surprises are proxied by changes in the yields of federal funds futures contracts 
maturing in the current or immediately following month. These contracts ef- 
fectively summarize the market’s immediate expectations of the federal funds 
rate, so shifts in their yields around FOMC announcements reveal unanticipated 
changes in the near-term policy rate. Forward guidance surprises are constructed 
by extracting the residual component from a regression of changes in 8-quarter- 
ahead Eurodollar futures yields on the target surprise measure. Eurodollar fu- 
tures at this horizon represent market expectations of short-term interest rates 
roughly two years into the future, making them particularly informative when 
the policy rate is constrained at or near the zero lower bound, and the Fed relies 
on forward guidance as a critical communication tool to shape longer-term expec- 
tations. Lastly, asset purchase surprises are identified by isolating the residuals 
from a regression of changes in 10-year Treasury futures yields on both target 
and forward guidance surprises. This residual isolates unanticipated information 
related to adjustments in the Fed’s quantitative easing programs, which influ- 
ence longer-term interest rates through balance sheet interventions rather than 
direct policy rate changes. 

An essential advantage of this identification strategy is the orthogonality of 
these three surprise components. By construction, target rate, forward guidance, 
and asset purchase surprises are statistically uncorrelated, allowing the indepen- 
dent effects of each type of monetary policy shock to be distinguished clearly. 
This separation is vital because these surprises convey different information and 
have varying implications for financial markets and the real economy. Positive 
surprise values correspond to unexpected monetary tightening, while negative 
values signal unexpected easing. Table 1 summarizes key descriptive statistics 
for each surprise category over the study period, revealing interesting temporal 
patterns. Target surprises vanish during the period from January 2009 to Novem- 
ber 2015 when the federal funds rate was effectively at the zero lower bound and 
did not change. Forward guidance surprises appear both before and after the 
Global Financial Crisis, underscoring the Fed’s evolving reliance on communica-
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tion strategies to influence market expectations. Asset purchase surprises emerge 
only after October 2008, reflecting the Fed’s adoption of unconventional balance 
sheet policies during and after the financial crisis. These patterns underscore 
the dynamic nature of monetary policy tools and the necessity of considering all 
three components for a comprehensive analysis. 

Previous empirical research [9,28] has demonstrated that these different types 
of monetary policy shocks trigger distinct responses in asset prices, yields, and 
broader economic activity. By disentangling unexpected changes in the policy 
rate, future policy expectations, and balance sheet interventions, the identifi- 
cation strategy employed here offers a more nuanced and precise framework 
for analyzing the channels through which monetary policy influences financial 
markets and the real economy. This multidimensional approach is particularly 
important in recent decades, when the Federal Reserve has increasingly used a 
mix of conventional and unconventional tools, requiring analysts to differentiate 
among the various channels through which policy surprises propagate. Overall, 
the detailed separation of monetary policy surprises serves as a foundation for 
robust empirical work aimed at understanding the complex transmission mech- 
anisms of monetary policy. 

Table 1. Summary of U.S. Monetary Policy Surprises (bps) 

 Mean SD Min Max 

Target (abs.) 2.6 6.7 0.0 46.5 

Positive 3.7 3.8 0.0 14.4 

Negative -6.2 11.0 -46.5 -0.3 

Forward Guidance (abs.) 6.0 6.5 0.0 54.6 

Positive 5.4 4.9 0.0 24.9 

Negative -6.8 7.9 -54.6 -0.4 

Asset Purchases (abs.) 2.2 3.5 0.1 29.9 

Positive 2.0 2.2 0.1 10.3 

Negative -2.4 4.4 -29.9 -0.1 

Surprise magnitudes from 163 FOMC meetings (2000–2019). 

4 Construction of Local Currency Yield Curves 

This part details the extensive approach utilized to construct both nominal and 
artificial local currency(LC) yield curves for a comprehensive sample of develop- 
ing market economies. These yield curves are essential inputs for the following 
practical assessments, incorporating yield analysis and examination of the trans- 
mission processes through which U.S. monetary policy shocks propagate to de- 
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veloping market bond domains. By correctly modeling the expression structure 
of interest rates in local currencies, the analysis aims to detach sovereign credit 
risk premia and to better comprehend how currency and credit risks are priced 
by market members. 

4.1 Nominal Yield Curves 

The nominal yield curves, marked as , record the recorded market outputs on 
sovereign debt devices denominated in local currency. These curves are assem- 
bled as repeatedly compounded zero-coupon yield curves across a vast range of 
maturities, commonly from short-term(3 months) to long-term(up to 10 years). 
The zero-coupon outputs are obtained from market data mainly including of 
government bond results and interest rate swaps, which indicate the pure time 
value of money absent of reinvestment risk. 

For the main portion of countries incorporated in the dataset, nominal yield 
curves are created applying Bloomberg Fair Value(BFV) par yield data. The 
BFV data symbolize interpolated and adjusted par results that account for liq- 
uidity and credit risks and are commonly used in monetary market analysis. 
These par results are then transformed into zero-coupon results applying stan- 

dard bootstrapping and interpolation techniques uniform with the technique 
implemented by GSW:2007. The bootstrapping process repeatedly resolves for 
discount aspects that accurately price a set of benchmark bonds, guaranteeing 
an arbitrage-free yield curve. The interpolation between maturities uses cubic 
splines or Nelson – Siegel – Svensson parametric models to smooth the yield 
curve, facilitating assessment of outputs at any maturity within the noted range. 

In particular cases, such as Brazil and Israel, Bloomberg BFV par outputs are 
either unavailable or considered less reliable due to market idiosyncrasies or data 
limitations. For these countries, nominal yield curves are rather assembled from 
zero-coupon results supplied by the International Yield Curve(IYC) service. The 
IYC results are generated employing sophisticated curve-fitting techniques that 

are well-regarded for accuracy and stability. These other yield curves exhibit 
adjacent coordination with curves obtained from the Nelson – Siegel paramet- 
ric models, which are generally used in academic and policy assessments for 

acquiring the level, slope, and curvature of yield curves [24]. 

4.2 Synthetic Yield Curves 

LC 

To isolate sovereign credit risk from local currency yields, it is necessary to 

construct a synthetic yield curve, denoted ysynt, which reflects the hypotheti- cal 
risk-free borrowing cost in local currency absent credit risk. This synthetic 
curve serves as a benchmark for measuring credit risk premia and understanding 
currency risk components embedded in local yields. 

The construction of the synthetic yield curve relies on the principle of covered 
interest parity (CIP), which relates local currency interest rates, U.S. interest 
rates, and expected exchange rate movements. Specifically, the synthetic yield 
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is formed by adding the U.S. Treasury yield curve, yUS, to the forward pre- 
mium, fwd, that represents the expected change in the exchange rate from the 
perspective of covered interest rate parity. Formally, for each maturity, 

LC y
synt 

= yUS + fwd (1) 

where fwd is the forward premium expressed as the difference between the 

forward exchange rate and the spot exchange rate, measured in local currency 
units per U.S. dollar. 

For short-term maturities, typically less than one year, the forward premium 
is directly calculated using observed spot and forward foreign exchange rates 
from liquid currency markets. This direct calculation leverages highly reliable 
and frequently updated FX data, minimizing estimation errors. For longer ma- 
turities, forward premiums are constructed using cross-currency basis swaps and 
interest rate swaps. These derivatives are collateralized contracts that embed 
the market’s expectations about interest rate differentials, liquidity conditions, 
and credit risks across currencies and maturities. Because these instruments are 
among the most liquid and transparent in emerging market financial markets, 
they provide a robust basis for estimating longer-term forward premiums. 

This two-pronged approach ensures that the synthetic yield curve accurately 
reflects a hypothetical risk-free borrowing cost in local currency, adjusted for ex- 
pected currency movements but stripped of sovereign credit risk. The difference 
between the nominal yield curve and the synthetic yield curve, measures devi- 
ations from covered interest parity and serves as a proxy for the local currency 
sovereign credit risk premium. This spread reflects the additional yield investors 
require to compensate for credit risk, liquidity constraints, regulatory factors, 
and other market frictions. 

Unlike sovereign credit default swap (CDS) spreads, which may not fully cap- 
ture risks related to local currency sovereign bonds—especially when the bonds 
are governed by domestic law and the CDS contracts have different triggers—the 
yield spread between nominal and synthetic yields offers a market-based, model- 
free measure of credit risk premia. This approach has been validated and exten- 
sively used in recent empirical studies [6, 8], demonstrating its effectiveness in 
disentangling credit and currency risk components in emerging markets. 

4.3 Data Sources and Sample Coverage 

As shown in table 2, the empirical analysis utilizes an extensive dataset that 
includes 15 emerging market economies as well as 10 advanced economies for 
comparative purposes. The data span from January 2000 to July 2021, offering 
a broad temporal coverage that encompasses multiple global financial cycles, 
crises, and periods of monetary policy normalization. The inclusion of both 
emerging and advanced economies allows for robust cross-country comparisons 
and helps isolate global versus local factors influencing yield curves. 

Yield data are available at daily frequency, covering a range of maturities from 
3 months up to 10 years. U.S. Treasury yields are obtained primarily from the 
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Table 2. Mean and SD of Nominal and Synthetic Yields (%, 2000
–

2021) 

Unraveling Emerging Market Sovereign Yields: A Novel Three-Part …             

3M 6M 1Y 2Y 5Y 10Y 

Emerging Markets 
Nominal Mean 4.9 5.0 5.2 5.5 6.1 6.6 
Nominal SD 3.4 3.4 3.4 3.3 3.2 3.0 
Synthetic Mean 5.1 5.1 5.2 5.2 5.6 6.2 

Synthetic SD 4.5 4.3 4.1 3.9 3.5 3.3 

Developed Ec nomies 
Nominal Mean 1.8 1.9 1.9 2.0 2.4 2.9 
Nominal SD 2.1 2.1 2.1 2.1 2.1 1.9 

Synthetic Mean 1.4 1.5 1.6 1.7 2.2 2.9 

Synthetic SD 2.1 2.1 2.1 2.1 2.1 2.0 

well-established dataset compiled by GSW:2007, supplemented by the Federal 
Reserve’s H.15 statistical release to ensure up-to-date and accurate information 
on U.S. risk-free rates. Local currency government bond yields, exchange rates, 
forward rates, and swap prices are sourced from Bloomberg and Datastream, 
which provide comprehensive coverage of financial market instruments and are 
widely used in academic and practitioner research. 

Forward premiums are constructed following the methodology outlined in 
DuSchreger:2016JoF, integrating spot and forward foreign exchange rates with 
cross-currency basis swap and interest rate swap data. This integrated approach 
leverages multiple market instruments to accurately capture market expectations 
of exchange rate movements and interest rate differentials, thereby enhancing the 
precision of synthetic yield curve construction. 

Together, the rich data environment and rigorous construction methods en- 
able detailed characterization of local currency yield curves and their compo- 
nents, laying the foundation for subsequent empirical analyses of sovereign risk 
premia and the spillover effects of U.S. monetary policy shocks on emerging 
market debt markets. 

5 Decomposition of Emerging Market Yields 

We break down evolving market local currency outputs into three primary com- 
ponents: the expected standard short-term interest rates, the expression pre- 
mium demonstrating compensation for interest rate risk, and the credit risk pre- 
mium as shown in figure 1. To approximate the first two components, we employ a 
survey-augmented affine term structure model (ATSM) applied to synthetic 
yield curves, which serve as proxies for default-free rates. The residual spread 
between observed nominal yields and the synthetic curve is interpreted as 
compensation for sovereign credit risk. 

The ATSM models the growth of outputs through a set of underlying state 
elements that adhere a vector autoregression under the risk-neutral assessment. 
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Bond results are communicated as affine functions of these state elements, with 
the short-term rate hinging linearly on them. To discern expected upcoming 
concise rates under the real-world(material) assessment from the risk-neutral 
ones, we integrate a market price of risk detail, which modifies the behaviors 
hence. The distinction between results computed under the tangible and risk- 
neutral indicators records the phrase premium, while the residual spread between 
nominal and artificial results records credit risk. 

Because yield data independently do not fully identify all model parameters, 
notably under the material evaluation, we improve identification by incorporat- 
ing survey projections of long-term inflation and GDP increase from Consensus 
Economics. These projections offer further facts on market expectations, anchor- 
ing the model and refining evaluation stability, notably for developing sectors 
with fewer liquid bond domains and noisier data. 
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Fig. 1. analysis of the 10-Year Nominal Yields of Emerging Markets 
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The response of the yield curve to the target surprise is shown in fig 2 and with 10-year yield in figure 3. 
Response of the yield curve to a forward guidance surprise is shown in different graph for different period. 
Figure 4 denotes it for 2000 to 2008 and its 10-year yield is depicted in figure 5. The same for period 2008 
to 2019 is shown in figure 6- and 10-year yield is shown in figure 7. Response of the yield curve to an asset 
purchase surprise is shown in figure 8 and its 10-year yield is shown in figure 9. 

Fig. 2. Response of the Yield Curve to a Target Surprise 
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Fig. 3. 10-Year Yield 
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Fig. 4. Response of the Yield Curve to a Forward Guidance Surprise: 2000–2008  
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Fig. 5. 10-Year Yield 
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Fig. 6. Response of the Yield Curve to a Forward Guidance Surprise: 2008–2019 
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Fig. 7. 10-Year Yield 
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Fig. 8. Response of the Yield Curve to an Asset Purchase Surprise  
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Fig. 9. 10-Year Yield  
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6 Monetary Policy Transmission Mechanisms 

Monetary policy affects emerging markets through various channels, transmit- 
ting changes in global financial conditions and expectations. Understanding these 
mechanisms is crucial to interpreting yield dynamics and the interaction between 
local and global economic factors. 

6.1 The Yield Curve Channel 

US monetary policy influences emerging market yields via the yield curve chan- 
nel, reflecting inter dependencies among yield components. Short-term yields are 
mainly controlled by emerging market central banks, while long-term yields are 
more affected by global factors [25]. Fluctuations in US expected short rates and 
term premia transmit to emerging markets through risk channels [13, 30]. 

To quantify these spillovers, we estimate panel regressions of the form: 

yi,t = αi + β1z1 + β2z2 + ϵi,t (2) 
t i,t 

where yi,t denotes emerging market yields or components at maturity hori- 
zons, z1 are U.S. yield components, and z2 includes local and global macroeco- 

t i,t 

nomic controls. Standard errors are Driscoll–Kraay to correct for heteroskedas- 
ticity and cross-sectional dependence. 

Tables 3 and 4 report results for 10-year and 2-year maturities, respectively. 
We find that emerging market expected short rates strongly correlate with local 
policy rates at short maturities, while U.S. expected short rates mainly affect 
longer maturities. Term and credit risk premia also respond to both local and 
global factors, confirming the role of the yield curve channel and the greater 
autonomy of emerging market monetary policy at the short end. 

Table 3. Impact of U.S. Yield Components on Emerging Market Yields (10-Year 
Maturity) 

Dependent Variable Expected Short Rate Term Premium Credit Risk Compensation Nominal Yield 

U.S. Expected Short Rate 0.12∗∗∗ (0.03) 0.02 (0.01) -0.01 (0.01) 0.13∗∗∗ (0.04) 

U.S. Term Premium 0.01 (0.01) 0.15∗∗∗ (0.02) 0.03∗∗ (0.01) 0.19∗∗∗ (0.03) 
Local Policy Rate 0.85∗∗∗ (0.04) -0.05 (0.03) 0.02 (0.02) 0.83∗∗∗ (0.05) 

Inflation 0.03 (0.02) 0.01 (0.01) 0.01 (0.01) 0.05∗ (0.03) 
Unemployment -0.04∗ (0.02) 0.00 (0.01) 0.02 (0.01) -0.02 (0.03) 

VIX 0.00 (0.00) 0.03∗∗∗ (0.01) 0.04∗∗∗ (0.01) 0.07∗∗∗ (0.02) 
US Economic Policy Uncertainty 0.01 (0.01) 0.01∗ (0.01) 0.01 (0.01) 0.02∗ (0.01) 

Global Economic Activity -0.03∗ (0.02) -0.01 (0.01) -0.01 (0.01) -0.04 (0.02) 

7 Conclusion 

The novelty of this study lies in extending yield curve decomposition to emerging 
markets by explicitly incorporating sovereign credit risk and showing that U.S. 
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Table 4. Impact of U.S. Yield Components on Emerging Market Yields (2-Year Ma- 
turity) 

Dependent Variable Expected Short Rate Term Premium Credit Risk Compensation Nominal Yield

U.S. Expected Short Rate 0.06∗∗ (0.03) 0.00 (0.01) 0.00 (0.01) 0.07∗∗ (0.03) 

U.S. Term Premium 0.01 (0.01) 0.05∗∗ (0.02) 0.01 (0.01) 0.06∗∗ (0.02) 

Local Policy Rate 0.90∗∗∗ (0.02) -0.01 (0.01) -0.02 (0.01) 0.87∗∗∗ (0.03) 
Inflation 0.05∗ (0.03) 0.00 (0.01) 0.01 (0.01) 0.06∗ (0.03) 
Unemployment -0.05∗ (0.02) 0.00 (0.01) 0.00 (0.01) -0.04 (0.03) 

VIX 0.00 (0.00) 0.01 (0.01) 0.02∗ (0.01) 0.03∗ (0.02) 

US Economic Policy Uncertainty 0.00 (0.01) 0.00 (0.01) 0.00 (0.01) 0.01 (0.01) 

Global Economic Activity -0.01 (0.01) -0.01 (0.01) -0.01 (0.01) -0.02 (0.01) 

monetary policy spillovers operate not only through expectations but also via 
term premia and credit spreads. 

This paper presents a comprehensive framework for decomposing sovereign 
yields of 15 emerging market (EM) economies into three distinct components: the 
average expected future short-term interest rate, the term premium, and com- 
pensation for sovereign credit risk. This tripartite decomposition enables a de- 
tailed understanding of the transmission channels through which U.S. monetary 
policy affects EM bond markets. By separating these components, we provide 
a refined lens to analyze how monetary policy surprises propagate internation- 
ally, shaping market expectations, risk premia, and credit spreads in emerging 
economies. 

Our empirical results highlight several important dimensions of this transmis- 
sion mechanism. First, U.S. monetary policy surprises induce rapid and signifi- 
cant revisions in market participants’ expectations of future short-term interest 
rates in EMs. This finding challenges the notion that EM central banks typically 
respond countercyclically to U.S. policy changes. Instead, the evidence points to 
a tendency among EM monetary authorities to align their policy stance with the 
Federal Reserve, effectively mirroring rather than offsetting U.S. monetary 
policy. Such synchronization reflects the high degree of financial globalization 
and capital market interconnectedness, which constrain the policy autonomy of 
EM economies. 

Second, the behavior of the term premium in EMs in response to uncon- 
ventional monetary policy measures—such as quantitative easing and forward 
guidance—resembles patterns observed in U.S. Treasury markets. This similarity 
underscores the global reach of U.S. monetary policy and suggests that global 
investors reassess term premia in a coordinated fashion, reflecting shifts in risk 
aversion and liquidity conditions across borders. The implication is that term 
premia are not purely domestic phenomena but are significantly influenced by 
external policy shocks, amplifying their effect on EM bond yields. 

Third, our analysis shows that U.S. monetary policy also materially affects 
the compensation investors demand for sovereign credit risk in EMs. This re- 
sult indicates that spillovers extend beyond interest rate expectations and term 
premia to shape perceptions of sovereign default risk. Mechanisms driving this 
effect include changes in global risk appetite, shifts in capital flows, and evolving 
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external financing conditions. Recognizing this channel is crucial for assessing 
the broader financial stability implications of U.S. monetary policy. 

The methodological framework and empirical findings of this study open 
several avenues for future research and policy application. The decomposition 
approach can be adapted to examine the domestic transmission of monetary 
policy in both EMs and advanced economies, providing policymakers with deeper 
insights into the drivers of yield curve movements and financial conditions. It 
can also be applied to spillovers from other major central banks—such as the 
European Central Bank or the Bank of Japan—enabling comparative analyses 
of international monetary interdependence. 

Furthermore, the role of credit risk compensation uncovered here offers valu- 
able input for structural models that price sovereign default risk. Incorporating 
the influence of global monetary policy into sovereign risk models could improve 
predictive accuracy and policy relevance in volatile financial environments. From 
a policy standpoint, understanding how U.S. monetary policy affects EM yields 
and credit spreads can guide the design of macroprudential tools and strategies 
aimed at mitigating adverse spillovers and safeguarding financial stability. 

Future research could extend this work by incorporating higher-frequency 
data to capture intraday market dynamics and by analyzing heterogeneity across 
countries with differing financial fundamentals, institutional frameworks, and de- 
grees of market integration. Integrating additional macroeconomic variables—such 
as exchange rates and domestic policy measures—would further enrich the anal- 
ysis. Finally, investigating the interaction between monetary policy spillovers 
and other global shocks, including geopolitical risks or commodity price fluctu- 
ations, represents a promising direction for comprehensive risk assessment in an 
increasingly interconnected global economy. 

In conclusion, this study provides a detailed and multifaceted decomposition 
of EM sovereign yields, elucidating the diverse channels through which US mon- 
etary policy influences these markets. By shedding light on expectations, term 
premia, and credit risk components, the paper advances our understanding of 
global financial linkages and offers actionable insights for policymakers, investors, 
and researchers navigating the challenges posed by international monetary policy 
spillovers. 

References 

1. Arul, K.: Advancing diabetes risk prediction using anfis: a fuzzy-logic approach 
for improved healthcare decision support. In: IEEE AIMLA Conference (2025). 

https://doi.org/10.1109/AIMLA63829.2025.11040564 

2. Bigio, S., Nuño, G., Passadore, J.: Optimal Debt-Maturity Management. Working 
Paper (2018) 

3. Carstens, A.G., Shin, H.S.: Emerging Markets Aren’t Out of the Woods Yet. For- eign 

4. Dhami, S.: The expansion of exchange-traded funds and their unintended effects on 
underlying stocks: A study of volatility, liquidity, and efficiency. In: Springer Studies 
in Finance (2025). https://doi.org/10.1007/978-3-031-99477-7_18 



 

 

5. Dhami, S.: Exploring the intersection of quantum computing and machine learning: 
A comprehensive introduction. In: IEEE AIMLA Conference (2025). 
https://doi.org/10.1109/AIMLA63829.2025.11041460 

6. Du, W., Schreger, J.: Local Currency Sovereign Risk. Journal of Finance 71, 1027– 
1070 (2016) 

7. Du, W., Schreger, J.: Sovereign Risk, Currency Risk, and Corporate Balance Sheets. 
The Review of Financial Studies 35, 4587–4629 (9 2022) 

8. Du, W., Tepper, A., Verdelhan, A.: Deviations from Covered Interest Rate Parity. 
Journal of Finance 73, 915–957 (2018) 

9. Gürkaynak, R.S., Sack, B.P., Swanson, E.T.: Do Actions Speak Louder Than Words? 
The Response of Asset Prices to Monetary Policy Actions and Statements. 
International Journal of Central Banking 1, 55–93 (2005) 

10. Hausman, J., Wongswan, J.: Global Asset Prices and FOMC Announcements. 
Journal of International Money and Finance 30, 547–571 (2011) 

11. Idnani, D.: Exploring human capital depreciation and gender-specific wage trends: 
Evidence from italy. In: IEEE Conference Proceedings (2025) 

12. Jeanneret, A., Souissi, S.: Sovereign Defaults by Currency Denomination. Journal of 
International Money and Finance 60, 197–222 (2 2016) 

13. Kalemli-Özcan, S.: U.S. Monetary Policy and International Risk Spillovers. Pro- 
ceedings of Jackson Hole Symposium pp. 95–191 (2019) 

14. Katkar, D.: Enhancing wireless communications in industry for optimized on- 
demand transportation systems: A discrete event simulation approach. In: IEEE 
APSIT Conference (2025). https://doi.org/10.1109/APSIT63993.2025.11086331 

15. Katkar, D.V.: Exploring the role of wireless communications in industry 4.0: En- 
hancing automation, efficiency, and scalability. In: IEEE ICDCECE Conference 
(2025). https://doi.org/10.1109/ICDCECE65353.2025.11035575 

16. Makhija, G.: Constructing an automation table for an image-based arabidopsis 
resistance assay. Engineering (2019). https://doi.org/10.1016/j.eng.2019.09.009 

17. Makhija, G.: Supply chain optimization in manufacturing and warehousing by 
automation and modernization in national interest to the us in terms of security, 
growth, and economy. Zenodo (2025). https://doi.org/10.5281/zenodo.17037545 

18. Malhotra, Y.: Enhancing academic trajectories: A machine learning framework 
for optimized student placement. OSF Preprints (2023). 
https://doi.org/10.31224/5203 

19. Malhotra, Y.: Enhancing software quality assurance: A dual approach to automated 
and human testing for web applications. OSF Preprints (2023). 
https://doi.org/10.31224/5204 

20. Malhotra, Y.: Examining axiological assumptions in machine learning publications. 
OSF Preprints (2023). https://doi.org/10.31224/5202 

21. Malhotra, Y.: Genetic algorithm-based image approximation using tri- angle 
representation for efficient compression. OSF Preprints (2023). 
https://doi.org/10.31224/5200 

22. Malhotra, Y.: Prognosticating latency in directed acyclic task graphs within 
distributed execution frameworks. OSF Preprints (2023). 
https://doi.org/10.31224/5201 

23. Nakamura, E., Steinsson, J.: Identification in Macroeconomics. Journal of Eco- 
nomic Perspectives 32, 59–86 (2018) 

24. Nelson, C.R., Siegel, A.F.: Parsimonious modeling of yield curves. Journal of Busi- 
ness 60, 473–489 (1987) 

25. Obstfeld, M.: Trilemmas and Trade-Offs: Living with Financial Globalisation. BIS 
Working Paper (2015) 

314             A. Rana



 
 

 

(3 2021) 

recommendations. OSF Preprints (2023). https://doi.org/10.31224/4955 

Preprints (2023). https://doi.org/10.31224/4956 

26. Reddy, S.: Evaluating visualization techniques for categorical data: Ad- dressing 
line width illusions in parallel sets and hammock plots. In: IEEE Conference 
on Information and Communication Technology (2025). 
https://doi.org/10.1109/ICICT64420.2025.11005078 

27. Reinhart, C.M., Rogoff, K.S.: The Forgotten History of Domestic Debt. Economic 
Journal 121, 319–350 (2011) 

28. Swanson, E.T.: Measuring the Effects of Federal Reserve Forward Guidance and 
Asset Purchases on Financial Markets. Journal of Monetary Economics 118, 32–53 

29. Thukkani, S.R.: Dynamic composition and concurrency in i/o automata: The ioa++ 
framework. OSF Preprints (2023). https://doi.org/10.31224/4847 

30. Turner, P.: The Global Long-Term Interest Rate, Financial Risks and Policy Choices 

in EMEs. BIS Working Paper pp. 5–6 (2014) 
31. Wira, B.: Evolving music consumption from live performances to case based playlist 

32. Wira, B.: Music recommendation system using the million song dataset. OSF 

33. Wira, B.: Neural audio sculpting towards autonomous multitrack sonic transfor- 
mations. OSF Preprints (2023). https://doi.org/10.31224/4957 

Unraveling Emerging Market Sovereign Yields: A Novel Three-Part …             315

Open Access This chapter is licensed under the terms of the Creative Commons Attribution-
NonCommercial 4.0 International License (http://creativecommons.org/licenses/by-nc/4.0/),
which permits any noncommercial use, sharing, adaptation, distribution and reproduction in any
medium or format, as long as you give appropriate credit to the original author(s) and the
source, provide a link to the Creative Commons license and indicate if changes were made.
        The images or other third party material in this chapter are included in the chapter's
Creative Commons license, unless indicated otherwise in a credit line to the material. If material
is not included in the chapter's Creative Commons license and your intended use is not
permitted by statutory regulation or exceeds the permitted use, you will need to obtain
permission directly from the copyright holder.

http://creativecommons.org/licenses/by-nc/4.0/

	Unraveling Emerging Market Sovereign Yields: A Novel Three-Part Decomposition



