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Abstract. In the context of artificial intelligence technology reshaping the global
industrial landscape, the financial industry is facing transformational opportuni-
ties and risk challenges. This paper takes "performance enhancement - value cre-
ation - resource capability" as the analytical framework, integrates the resource-
based view and Porter's competitive advantage theory, and uses grounded theory
analysis methods to select typical cases for corpus collection, identification, cod-
ing and analysis. The research shows that artificial intelligence is driving the de-
velopment of China's banking industry from the perspectives of performance,
value and resources. Al technology boosts performance through intelligent risk
control (reducing non-performing loan ratio by 2.3 percentage points) and pro-
cess optimization (shortening credit approval time by 60%); Value creation is
achieved by driving bank data assetization (a 40% increase in ESG data utiliza-
tion), etc. Strengthen resource capabilities by facilitating dynamic capability
building, and ultimately form a competitive advantage and advance the digital
and intelligent transformation of China's banking industry.
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1 Introduction

Banking, as a core pillar of the modern financial system, its operational efficiency and
other capabilities are related to the quality and effectiveness of financial services for
the real economy and the stability of the financial system. Under the infiltration of the
digital economy, Al technology, with its advantages such as data processing, has be-
come the "core engine" driving the transformation of the financial industry, penetrating
from auxiliary links to core businesses. According to the China Banking Association,
by the end of 2024, 62% of commercial banks in China have applied Al technology to
at least three core business segments, and some leading banks have reduced operating
costs by 15-25% and improved customer service response speed by 2-3 times.
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However, the deep application of Al in the banking industry also faces practical
challenges such as "mismatch between Al input and performance improvement", indi-
cating that the impact of Al on the banking industry is not a simple accumulation of
technologies, but a complex systems engineering involving technology adaptation, re-
source integration, and value transformation. Therefore, sorting out the substantive role
of Al from the three aspects of performance, value and resources is the key to promoting
the digital transformation and quality improvement of the banking industry.

Based on this, this paper combines the resource-based view with Porter's competitive
advantage theory to construct an analysis framework of "performance improvement -
value creation - resource capability”, uses the root theory method, selects Bank of Bei-
jing, Bank of Shanghai, and Bank of China as cases, and through the coding analysis
of 309 pieces of raw data, explores the specific path of Al-driven banking development
Identify the practice characteristics of different types of banks and extract the applica-
tion strategies that can be learned from. This study can provide both practical references
for the application of Al in the banking industry and empirical support for the improve-
ment of the relevant theoretical system.

2 Literature Review

The application of artificial intelligence (Al) in banking and financial services has be-
come a core topic of academic research, and its role in performance improvement, value
creation, and resource capacity optimization has been widely verified. The following is
a review of the research results from three dimensions:

2.1 Performance Improvement: From green Innovation to Operational
Efficiency

The improvement of banking performance by Al is mainly reflected in two aspects:
green innovation-driven and operational efficiency optimization. Tian et al. (2023)
noted that Al indirectly enhances firms' green technological innovation performance
through basic, complementary, and extended knowledge coupling[1]. This mechanism
has been validated in manufacturing and has reference value for green finance innova-
tion in banking. Hussain et al. (2024)[2] Based on the resource-based theory it is further
confirmed that Al can significantly and positively affect the performance of green in-
novation by integrating internal and external resources. Research on the energy sector
(Wang et al., 2024) found a positive correlation between Al adoption and corporate
green innovation efficiency, which provides a reference for the performance improve-
ment of the banking industry in areas such as green credit and carbon finance. In addi-
tion, Konstantakis et al. (2024) Konstantakis, Michaelides, Xidonas, Prelorentzos and
Samitas (2024) [3]proposed an Al-based production function to model complex, non-
linear input-output relationships, helping enterprises optimize resource utilization effi-
ciency and improve overall enterprise performance. The proposed Al production func-
tion model indicates that Al can optimize resource allocation by simulating nonlinear
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input-output relationships, which indirectly enhances the overall operational perfor-
mance of banks. This conclusion is highly consistent with the demand for efficiency
improvement in processes such as risk control and credit approval in the banking in-
dustry.

2.2 Value Creation: Efficiency Innovation and Economic Insights

The value created by Al for the banking industry is concentrated in two aspects: effi-
ciency improvement and innovative insights. liu et al. (2024)[4] take the practice of
Bank of China as a case study to confirm that Al has become a core tool for value
creation in the banking industry due to its efficiency and innovation, especially in cus-
tomer service (such as intelligent customer service) and business process optimization.
Zhou et al. (2023) [5]focused on explainable Al technology and found that it can pro-
vide innovative economic insights for digital finance, helping banks form competitive
advantages in product design (such as personalized wealth management) and market
prediction. Early studies (Qadiri et al. 2020 It is also pointed out that Al tools (such as
machine learning) [6]chatbots) can directly create value through fraud detection, cus-
tomer service upgrades, while Odinet (2020) [7]Research on digital debt securitization
suggests that the application of Al in financial asset processing can further expand value
creation scenarios.

2.3  Resource Capabilities: Collaborative Upgrade and Configuration
Optimization

Al supports banking to break through traditional boundaries by strengthening resource
flow and collaboration capabilities. Ma and Zhu (2022) [8]proposed that AI can
strengthen remote collaboration, guide cross-regional division of labor, promote effi-
cient flow of resources and reduce consumption, which is particularly important in
cross-regional banking businesses (such as off-site credit review and cross-border pay-
ments) - by breaking the limitations of physical outlets, Al can integrate customer data
and risk control resources in different regions to improve resource utilization effi-
ciency.Omollo (2020) [6]conducted a study on the real-time fraud detection system of
mobile banking from the technical level, and the real-time processing ability of Al on
data resources can strengthen the response speed of bank risk control resources and
indirectly improve the resource conversion ability.In addition, Suhel et al. (2020)
[7]pointed out that the popularization of Al tools has promoted the transformation of
the banking industry from "manpower-intensive" to "data-driven", concentrating re-
sources (such as manpower and data) on high-value links (such as precision marketing
and asset allocation), and further optimizing the resource capacity structure.

It can be seen that existing research has conducted empirical explorations at both
theoretical and practical levels, and it can be concluded that Al can assist banks in im-
proving performance, creating value, and enhancing resource capacity in scenarios such
as green finance and cross-border services. For this purpose, this study analyzes the
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specific paths of Al in the banking industry from an integrated perspective of perfor-
mance improvement, value creation and resource capacity optimization, and identifies
the influencing factors in the process.

3 Research Design

3.1 Design of the Theoretical Analysis Model

Based on the resource-based view and Porter's value advantage theory, this paper pre-
sents a theoretical analysis framework covering three dimensions: "performance",
"value", and "resources". (Figure 1)

The resource-based view originated from the exploration of "the source of enterprise
competitive advantage". Traditional strategic theories focused on the external market
structure, while this theory emphasizes the core role of internal resources, arguing that
resources with the attributes of "valuable, scarce, difficult to imitate, difficult to replace
(VRIN)" are the key to competitive advantage The background is that enterprises attach
greater importance to internal capacity building and need to explain the formation of
long-term competitive advantage from the perspective of resources. Porter's value ad-
vantage theory (value chain theory) was born out of enterprises' pursuit of operational
efficiency. By breaking down enterprise activities into basic activities (such as produc-
tion, services) and supporting activities (such as research and development, manage-
ment), it focuses on the optimization space in each link. The background is that in the
context of intensified market competition, enterprises need to build advantages through
efficiency improvement or differentiation in the value chain links. Based on both, this
study views artificial intelligence as the core resource of the banking industry and ana-
lyzes its VRIN attributes in combination with the resource-based view; At the same
time, within the framework of Porter's value chain theory, the core links of the banking
industry are dissected to explore the mechanism of the effect of artificial intelligence
on the value chain, and ultimately a logical chain of "resources - value chain - industry
impact" is formed to analyze the mechanism of the effect of artificial intelligence on
the banking industry.

Intelligence on the resource capability )—é—
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Fig. 1. Theoretical analysis model diagram 1
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3.2  Selection of Research Subjects and Research Data

In the current era of rapid development of fintech, the application of artificial intelli-
gence in the banking industry has become a key force driving industry transformation.
Policy, as an important guide for industry development, provides a clear direction and
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strong support for the application of artificial intelligence in the banking industry. In
this context, selecting Bank of Beijing, Bank of Shanghai and Bank of China as cases
for in-depth analysis is of great significance in many aspects.

First, focus on typicality and representativeness: The policy points the way for the
application of artificial intelligence in the banking industry. The Fintech Development
Plan (2022-2025) encourages banks to leverage artificial intelligence to optimize ser-
vices, strengthen risk control and advance digital transformation. Under this guidance,
the three banks demonstrate typicality and representativeness at different levels. Beijing
Bank and Shanghai Bank, as representatives of city commercial banks, rely on the core
economic circles of the Beijing-Tianjin-Hebei region and the Yangtze River Delta, and
their business is closely linked to the regional economy. Beijing Bank has created an
intelligent customer service "Xiao Jing", which takes on wechat channel services and
supports wealth management inquiries and purchases; By leveraging big data and arti-
ficial intelligence to build user profiles, precisely push information to boost retail cus-
tomers and personal deposits. Shanghai Bank may draw on Visa's experience and in-
troduce advanced technology to reduce the false positive rate of transaction risks and
improve risk control performance. Bank of China, a leading state-owned bank, has a
significant advantage in its international layout. In 2024, the Bank will account for 18%
of global cross-border settlement business and 23% of overseas assets. With the help
of artificial intelligence, it optimizes cross-border payment and settlement processes,
shortens transaction times, reduces costs, enhances international competitiveness, and
demonstrates the leading role of state-owned banks in the national financial strategy.

Secondly, ensure the availability and integrity of data. Reliable and complete data is
the foundation of research. The core data of this study comes from the audited annual
reports of three banks in 2024, where detailed financial and business data can help us
understand the effectiveness of the application of artificial intelligence. Industry com-
parison data refer to the Wind database and the China Banking and Insurance Regula-
tory Commission's "Banking Regulatory Statistical Bulletin 2024". The former inte-
grates massive financial data, while the latter summarizes the industry situation from
an official regulatory perspective, providing benchmarks and trend references for re-
search. Policy interpretation and industry analysis refer to the China Banking Develop-
ment Report (2024) and special reports in the Financial Times. The former provides
macro guidance, while the latter brings practical cases and perspectives to enhance the
reliability of the research.

Finally, emphasize the value and timeliness of the research. At present, the applica-
tion of artificial intelligence in the banking industry is developing rapidly. The three
banks, as typical representatives of different types, can reflect the industry dynamics in
a timely manner. Studying them can help understand the impact of Al on various as-
pects of banking operations, such as improving customer service quality, expanding
marketing effectiveness, and enhancing risk control capabilities, providing references
for banks to optimize their business. Ai technology is evolving rapidly, and new sce-
narios and models are constantly emerging. Analyzing the latest practices of the three
banks can help grasp the cutting-edge of the industry, provide timely references for the
formulation of bank strategies and the introduction of regulatory policies, and promote
the high-quality development of the banking industry.
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In summary, the selection of Bank of Beijing, Bank of Shanghai and Bank of China
as cases for an in-depth exploration of the impact of artificial intelligence on the bank-
ing industry is based on a wide range of considerations. The three banks are highly
representative, closely aligning with relevant policy directions such as the Fintech De-
velopment Plan (2022-2025), and demonstrating the characteristics of different types
of banks. Bank of Beijing and Bank of Shanghai, as city commercial banks, rely on the
core economic circles of Beijing-Tianjin-Hebei and Yangtze River Delta. The former
builds intelligent customer service and conducts precise marketing, while the latter may
draw on advanced risk control models; Bank of China, a major state-owned bank, has
leveraged its international layout to optimize its cross-border business with the help of
artificial intelligence. At the data level, they have a high degree of availability and com-
pleteness, with core data derived from audited annual reports for 2024, comparison data
referring to Wind database and CBIRC notifications, and policy interpretation and in-
dustry analysis relying on the China Banking Development Report (2024) and special
reports in the Financial Times. From a research perspective, they are of significant
value and timeliness, capable of capturing industry development dynamics in a timely
manner, helping to clearly understand the impact of artificial intelligence on all aspects
of banking business, and thereby providing highly valuable references for banks to op-
timize business processes and for regulatory authorities to formulate policies

4 Case Qualitative Analysis Based on Grounded Coding

4.1 Research Methods

Grounded theory is a qualitative approach to generating theories from empirical data,
proposed by sociologists Glase and Strauss in the 1960s, with the core being "letting
theories grow naturally from data," rather than presetting a theoretical framework and
then verifying it. Based on raw data such as interviews, observations, and texts, it re-
fines concepts and associations through repeated coding, which is mainly divided into
the following stages:

4.1.1 Open Coding

Carefully sort and analyze the various types of data collected, interpret the data word
by word or sentence by sentence or paragraph by paragraph, and extract the initial con-
cepts that reflect the essence of the data. Compare and generalize the extracted initial
concepts, merge semantically similar or related concepts to form more generalized con-
cept categories. In this process, constantly backtrack the original data to ensure that the
extracted concepts accurately reflect the connotations of the data. A total of 309 labels
were extracted through open coding analysis of three case subjects in this study.

4.1.2 Main Axis Coding
Further explore the intrinsic connections between the categories based on the con-
ceptual categories obtained from open coding. Using logical analysis methods to iden-
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tify causal and associative relationships among the categories, and referring to the rel-
evant analytical framework, integrate the scattered conceptual categories to form a
chain of associative relationships with a certain logical structure, and clarify the role
and function of each category in the study phenomenon. Ultimately, we extracted 15
main axis codes from 309 labels.

4.1.3 Core Concept Extraction

Sift out the core category from the chain of associations formed by the main axis
encoding. The core category should have the characteristics of being frequently present
in the data, being able to dominate other categories, and having a strong explanatory
power for the research phenomenon. Centering on the core category, integrate other
related categories to construct a complete theoretical framework that can systematically
explain the mechanisms of occurrence, development, and change of the research phe-
nomenon, and verify and refine the theoretical framework through raw data.

4.1.4 Test of Theoretical Saturation

Keep conducting theoretical saturation tests throughout the data analysis process. As
data collection and analysis progress, new data are continuously incorporated to ob-
serve whether new conceptual categories are generated or to supplement and revise
existing theoretical frameworks. When the new data no longer brings new information
and the existing theoretical framework can fully explain the research phenomenon with-
out any important aspects not covered, it is judged that theoretical saturation has been
reached. At this point, data collection and analysis work should be stopped to ensure
the stability and completeness of the theoretical framework.

4.2  Grounded Coding and Data Statistics

By using this grounded research approach that summarizes research results into three
core dimensions - performance improvement - value creation - resource capability, we
can not only systematically sort out the relevant data, but also deeply analyze the inter-
nal logic of the application of artificial intelligence in the banking field that affects these
three dimensions respectively, as well as the multi-dimensional influencing factors in-
volved behind them. The following presents 15 basic categories based on grounded
theory and their corresponding examples to the three dimensions of performance im-
provement, value creation, and resource capability, as shown in Table 1.

Table 1. Basic Corpus Extraction and Grounded Analysis (Sample)

Raw data Basic Catego- | Performance-
ries value-resource

Marketing and Sales: Precisely target the market, develop | Market expan- | Performance
effective marketing strategies, and increase product market | sion and sales
share and sales (e.g., use big data to analyze customer needs | performance

and conduct personalized marketing campaigns). (B-a-4)
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Raw data

Basic Catego-

ries

Performance-
value-resource

Basic activity optimization: Optimize internal logistics,
production operations, external logistics, marketing, and
services to enhance efficiency and quality in each link,
thereby improving overall performance (e.g., by optimizing
production processes, reducing production costs, and im-
proving product quality). (B-a-3)

Production Op-
erations perfor-
mance

Provide quality after-sales service, enhance customer loy-

After-sales ser-

dustrial chain (such as optimizing loan approval processes,
increasing the speed of fund disbursement, and optimizing
approval processes). (Z-a-4)

alty, reduce customer churn, and increase customer lifetime | vice perfor-
value. (S-a-3) mance
Efficiently allocate financial resources to all links in the in- | Business  Pro-

cess Optimiza-
tion

Breaking the traditional banking operation model, using Al
technology to comprehensively enhance business effi-

Innovation in

business service

the Al industry chain to improve supply efficiency and re-
duce costs (cost reduction is a direct result of performance
improvement). (Z-a-2)

ciency, applying more than 90 financial scenarios such as | models

credit, marketing, operations, compliance, auditing, achiev-

ing a leap in performance rather than merely gaining an ad-

vantage in traditional competition. (B-a-2)

Open up new performance metrics: Not limited to tradi- | Performance
tional financial indicators, introduce new performance met- | measurement
rics such as customer experience, social impact, etc. (for ex- | methods  and
ample, improving the long-term performance of the enter- | approaches
prise by enhancing customer satisfaction). (B-a-1)

Optimize the procurement process of materials related to | Actual perfor-

mance evalua-
tion

Technology development: Develop the "Jingzhi" large
model with billions of parameters, build multiple Al-related
platforms, enhance technological research and development
capabilities, improve overall operational efficiency, and
promote performance improvement. (B-a-3)

Technology de-
velopment and
application

Provided credit support to 1,800 technology companies and
guided more than 50 investment funds to focus on the tech-
nology sector (Z-b-6)

Product and ser-
vice value crea-
tion

Joint innovation LABS (Resource sharing) (external re-
source introduction) (B-b-6) with companies such as
Huawei, Baidu, Volcano Engine, Zhongke Wengge, and
Zhipu

Support  pro-
vided in terms
of human re-
sources, finan-
cial resources,

technology, etc

Value creation
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Raw data

Basic Catego-

ries

Performance-
value-resource

Value Innovation case: Southwest Airlines creates low-
cost, high-frequency aviation Service model; Airbnb Rede-
fines accommodation Value (S-b-3)

Innovative
practices

Value co-creation: bank-enterprise collaboration, synergy
with government/research institutions (such as joint re-
search and development, industrial chain support), forming
a value network (Z-b-2)

Value chain and
innovation net-
work building

Integration and expansion of resources: Integrate internal
and external resources and explore new resource channels
(expansion of resource channels) (B-c-7)

Resource devel-
opment and

construction

Core competencies: Technology research and development
capabilities, manufacturing capabilities, marketing capabil-
ities, supply chain management capabilities, innovation ca-
pabilities (technology, management, business model),
cross-border integration capabilities, cross-field coopera-
tion capabilities, cross-border integration capabilities, inno-
vative thinking capabilities (S-c-9)

Capacity build-
ing and en-

hancement

Resource integration action: Establishing an integrated ser-
vice system of equity + commercial banking + investment
banking; Promote "three hand-in-hand" (linking bank re-
sources with artificial intelligence enterprises, etc.); Work
with tech companies to integrate resources; Participate in
the multi-central bank money Bridge (mBridge) project
system connection; Integrate internal and external resources

to support digital currency construction (Z-c-2)

Resource allo-
cation and ap-
plication

Resource
pacity

ca-

Based on the summary and coding of 309 pieces of original data, a detailed summary
analysis was conducted based on the three dimensions of P-V-R and three cases. The

specific results are shown in Table 2 below.

Table 2. Statistical Analysis of Data

Perfor- Basic Categories Bank |Bank |Bank|Total |Percentage |The percent-
mance- of Bei- | of of of perfor- | age of perfor-
value-re- jing Shan | Chin mance in|mance in the
sources ghai |a each basic | overall
category

Perfor- Market expansion |7 5 6 18 16% 37.00%
mance im-|and sales perfor-
provement |mance

Production  opera- |5 7 4 16 14%

tions performance
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Perfor- Basic Categories Bank |Bank |Bank|Total |Percentage |The percent-
mance- of Bei- | of of of perfor- | age of perfor-
value-re- jing Shan | Chin mance in|mance in the
sources ghai |a each basic | overall
category

After-sales service |3 5 4 12 10.00%

performance

Business  Process | 5 9 6 20 17%

optimization

Business service | 6 4 5 15 13%

model innovation

Methods and ap- |2 2 4 3%

proaches to perfor-

mance measurement

Actual performance |4 5 5 14 12%

evaluation

Technology devel- |5 7 5 17 15%

opment and applica-

tion
Value crea- | Product and service | 8 12 9 29 29% 32.5%
tion value creation

Support provided in| 11 9 5 25 25%

terms of human re-

sources, financial

resources, technol-

ogy, etc

Innovative practices |9 21 21%

Value chain and in- | 11 24 24%

novation  network

building
Resource | Resource develop-|11 12 8 31 34% 30.5%
capacity ment and construc-

tion

Capacity  building | 20 13 5 38 40%

and enhancement

Resource allocation | 12 9 3 24 26%

and application

As shown in Table 2, the proportions of "performance improvement" (37%), "value
creation" (32.5%), and "resource capacity" (30.5%) are balanced, forming a closed loop
of "resources supporting value and value driving performance". The core approaches
for the three are business process optimization, product and service value creation, and
capacity building. Bank of Beijing is "capability-driven" in terms of resource capabili-
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ties (especially capacity building); Bank of Shanghai excels in product value and oper-
ational efficiency and is an "operational output type"; Bank of China scores low in all
dimensions and has obvious weaknesses in its core sector.

4.3 Research Conclusions

Against the backdrop of a profound reshaping of the global financial landscape and the
continuous deepening of domestic financial supply-side structural reform, the banking
industry is confronted with numerous challenges brought about by narrowing interest
spreads, intensified market competition and the rapid development of fintech. In this
context, it is of great theoretical and practical significance for banks to achieve sustain-
able development and enhance core competitiveness by delving into how the three key
dimensions of performance improvement, value creation and resource capacity work
together to drive the development of banking business. This paper takes Bank of Bei-
jing, Bank of Shanghai and Bank of China as research samples, aiming to analyze the
impact of these three dimensions on the development of banking business and their
inherent synergy mechanisms, and to provide useful references for the banking industry
to cope with the current complex operating environment.

This study focuses on Bank of Beijing, Bank of Shanghai and Bank of China and
constructs a business data system covering different dimensions such as performance
improvement, value creation and resource capacity. The data sources were extensive
and reliable, with a total of 309 pieces of raw data collected. The data mainly came
from annual reports of various banks, reports issued by regulators, internal business
statistics, and analyses of industry research institutions. Specifically, Bank of Beijing's
data focused on detailed data from its balance sheet and income statement, combined
with customer feedback from various businesses and market share statistics; Shanghai
Bank's data includes transaction data for online financial services, the development of
innovative businesses, and risk management reports; Bank of China's data, on the other
hand, includes international business settlement data, earnings analysis of cross-border
financial services, and operational information of its global branches. The systematic
collection and integration of these data provide a solid data foundation for a compre-
hensive analysis of the three dimensions.

This study divides the relevant data into three major dimension categories: P (per-
formance improvement), V (value creation), and R (resource capacity), and further sub-
divides several specific contents under each dimension. The P dimension includes nine
aspects such as market expansion and sales performance, production and operation per-
formance, after-sales service performance, etc. It mainly measures the performance and
efficiency improvement of banks in their daily business activities; The V dimension
covers four aspects: value creation of products and services, provision of support in
terms of human resources, financial resources and technology, and innovation practice,
highlighting the bank's ability to create economic value, fulfill social responsibilities
and drive innovation; The R dimension includes three aspects: resource development
and construction, capacity building and enhancement, and resource allocation and ap-
plication. It mainly assesses the level of the bank's acquisition, development, utilization
of various resources and its own capacity building. This dimension division helps to
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deeply analyze the development status and potential problems of the bank at different
levels.

4.3.1 Analysis of Dimensions

4.3.1.1 Performance Enhancement Dimension.

Performance improvement is a key indicator of the bank's sound operation, and it is
particularly prominent in business process optimization (17%) and market expansion
and sales performance (16%). With its global business layout and diversified business
structure, Bank of China has achieved remarkable results in international business ex-
pansion and profit growth, fully leveraging its advantages in cross-border finance.
Shanghai Bank, on the other hand, focused on regional markets and actively expanded
its business with small and medium-sized enterprises, effectively promoting the expan-
sion of its business scale. However, the performance measurement methods (account-
ing for only 3%) are relatively weak, and Beijing Bank has exposed deficiencies in loan
risk control in certain industries, reflecting the need for further improvement in the
bank's ability to accurately assess and manage credit risks in a complex economic en-
vironment.

4.3.1.2 Dimension of Value Creation.

Value creation is the core driving force for banks to achieve sustainable develop-
ment. Product and service value creation (29%) and the provision of support such as
human resources, finance and technology (25%) are key links in value creation. By
launching distinctive sci-tech financial products, Bank of Shanghai has precisely met
the financing needs of technology-based enterprises, enhanced the innovative value of
financial products, and strengthened market competitiveness. Beijing Bank focused on
optimizing its online and offline service processes, enhancing the customer experience,
effectively increasing the value of customer service and strengthening customer loyalty.
However, in terms of innovative practices (21%), although banks have taken certain
measures, the exploration in areas such as green finance and inclusive finance is still
not deep enough, and there is still much room for improvement in creating social value
and fulfilling social responsibilities.

4.3.1.3 Dimension of Resources and Capabilities.

Resource capabilities are the fundamental support for bank development. Capacity
building and enhancement (40%) and resource development and construction (34%)
are key areas in the resource capabilities dimension. By continuously strengthening the
cultivation and introduction of international financial talents, Bank of China has en-
hanced the professional quality of its human resources, providing a strong talent guar-
antee for its international business development. Bank of Shanghai has increased its
investment in fintech, actively promoted digital transformation, and enhanced its tech-
nology application capabilities and service efficiency. However, under the dual impact
of interest rate liberalization and financial market volatility, resource allocation and
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application (26%) are facing challenges. Some banks are facing problems of rising cap-
ital costs and increasing liquidity pressure, and need to further optimize capital man-
agement strategies to improve the efficiency and flexibility of resource allocation.

Overall, the three dimensions of performance improvement, value creation and re-
source capacity are not isolated but interrelated and mutually reinforcing, together con-
stituting the dynamic system of bank development. Performance improvement is the
external manifestation of value creation, which increases value by enhancing business
efficiency, expanding market share, etc. Value creation, however, depends on the bank's
resource capabilities, including the effective allocation and utilization of human re-
sources, technological resources, etc. At the same time, enhanced resource capabilities
provide a solid foundation for performance improvement and value creation, enabling
banks to better respond to market changes and competitive challenges. The develop-
ment of a single dimension is difficult to achieve long-term sustainable development of
the bank. Only when the three dimensions work together can a powerful development
synergy be formed. For example, simply pursuing performance improvement while ne-
glecting value creation and the development of resource capabilities may lead to a bank
achieving performance growth in the short term, but in the long term, it will lose its
competitiveness due to the lack of innovation and resource support.

5 Conclusion

Artificial intelligence is reshaping the global industrial landscape. The financial indus-
try, as the core of the modern economy, is facing transformation opportunities and risk
challenges. Banking, as the core pillar of the modern financial system, its operational
capabilities are related to the quality and efficiency of financial services for the real
economy and financial stability. In the digital economy, Al is penetrating into the core
business of the banking industry. Research has found that the core path of Al-driven
banking development is a closed loop of "resource capability foundation - value crea-
tion orientation - performance improvement verification", which is confirmed by 309
practical data from Bank of China, Bank of Shanghai, and Bank of Beijing: The three
accounts for 30.5% of resource capabilities, 32.5% of value creation, and 37.5% of
performance improvement, and they continue to work through reverse linkage. Each
dimension focuses on capacity building and enhancement (40% of resource capacity),
product and service value creation (29% of value creation), and business process opti-
mization (17% of performance).

In summary, the core path of Al-driven banking development is a closed loop of
"resource capability foundation - value creation orientation - performance improvement
verification". Different banks need to choose characteristic sub-paths based on their
own resource endowments, and at the same time strengthen the coordination and con-
nection of each node in order to maximize the effect of Al empowerment. The theoret-
ical value of the study lies in its in-depth analysis of the intrinsic relationship among
the three dimensions of performance improvement, value creation and resource capa-
bility, enriching the theory of bank development.
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