
 
 

 

  

Moderating Role of Technology Readiness on AI 

Adoption Among Accounting Personnel 

Ah-Suat Lee1 , Chun-T’ing Loh1* , Yoon-Mei Chin1 , Pik-Yin Foo1 & Yen-Hong Ng1 

1 Teh Hong Piow Faculty of Business and Finance, Universiti Tunku Abdul Rahman, Malaysia 

ctloh@utar.edu.my 

Abstract. Artificial intelligence (AI) is bringing rapid transformation to the 

business world, and the accounting profession is of no exception. Even though 

AI technology is believed to save costs, improve efficiency, and effectiveness in 

the performance of accounting-related tasks, there is still inadequate proof of the 

readiness to adopt AI among accounting personnel. This paper aims to 

understand the antecedents of AI adoption among accounting personnel. 

Perceived ease of use (PEOU) and perceived usefulness (PU) from the 

Technology Acceptance Model (TAM), and an added variable, digital 

competence (DC), are construed as the core enablers of AI adoption in this 

research. Moreover, AI adoption is also affected by technology readiness (TR), 

an experiential variable under Unified Theory of Acceptance and Use of 

Technology (UTAUT). TR depends on the accounting personnel past 

experiences of the feasibility of AI technology use, which is likely to function as 

the moderator influencing the impacts of PEOU, PU, and DC on AI adoption. In 

prior research, few explored the moderating effects of TR, especially within the 

unique characteristics and qualities required in accounting information. 

Accordingly, this paper is expected to make a theoretical contribution by 

advancing an integrated framework of TAM and UTAUT to examine how 

PEOU, PU, and DC support AI adoption, with TR modelled as a moderating 

variable. Primary data collected will be analysed with SmartPLS 4.  

 
Keywords: AI adoption, Technology Readiness, Perceived Ease of Use, 

Perceived Usefulness, Digital Competence. 

1 Introduction 

In the information age, Artificial Intelligence (AI) is gaining prominence in various 

industries. The accounting profession is also experiencing major transformation 

resulting from the increased role of AI. Prior researchers used the task-based approach 

to analyze the effect of AI on accounting-related job roles (including financial and 

management accounting, auditing, taxation, and advisory roles) in their efforts to 

understand how AI may redefine traditional tasks, create new opportunities, or invent 

better ways to perform and complete tasks [1], [2]. The task-based approach developed 

by Autor, Levy, and Murnane [3], involves analyzing the extent to which AI can 

automate the tasks associated with occupations. It claims that manual and routine 
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cognitive tasks can be largely automated by AI, as these tasks are highly structured with 

repetitive procedures that can be easily codified. On the other hand, highly unstructured 

non-routine tasks are difficult to be AI-automated due to the complex, inexplicable, and 

tacit nature of the tasks. Thus, financial accounting and certain management accounting 

tasks such as costing, budgeting and variance analysis, auditing, and taxation are highly 

structured and largely involve routine data entry and account reconciliation with exact 

repetitive procedures that can be largely AI automated as opposed to more complex, 

non-routine, and highly unstructured tasks such as advisory and complicated strategic 

business analysis, which are difficult to be AI automated. 

The adoption of AI by the accounting personnel is believed to assist in many aspects. 

AI can save costs and improve efficiency and effectiveness in the performance of 

accounting-related tasks. For instance, AI can perform data entry tasks commonly 

performed by entry-level accounting personnel. It can recognize and record transactions 

immediately through the source documents [4]. Task automation could increase 

processing capacities beyond human ability. Vast amounts of data can be interpreted, 

and voluminous transactions can be processed efficiently, reducing both time and costs. 

With algorithms, AI can also recognize trends and assist in making professional 

judgments [5], allowing accounting firms to offer their clients beyond conventional 

accounting services, such as advisory and other value-added services [6]. Furthermore, 

AI can produce more reliable, consistent, and precise results through the reduction of 

biases and errors. An AI predictive model and real-time monitoring allow accounting 

personnel to detect irregularities, facilitating the prevention and detection of fraud [7]. 

Undoubtedly, AI is reforming the accounting profession, improving the productivity 

and creativity of the accounting personnel [8]. Accounting professionals can leverage 

AI technology to speed up routine repetitive processes, enabling the accounting 

personals to devote more time and effort in completing many tasks that are more 

complicated and non-routine, which require creative and social intelligence skills 

besides analytical, problem-solving, and decision-making skills when faced with 

unexpected and unprecedented scenarios/problems with no pre-established standard 

operational procedures or solutions. The adoption of AI allows the accounting 

personnel to better serve their clients with higher service quality [9]. 

Notwithstanding the revolutionary change brought by AI, there is still inadequate 

proof of the readiness among accounting personnel to adopt AI to perform accounting 

tasks [10], and some are unsure whether workloads can truly be reduced through AI 

adoption [11]. Hence, understanding the determinants of AI adoption among 

accounting personnel is essential. 

Based on the Technology Acceptance Model (TAM), its two key variables, 

perceived ease of use (PEOU) and perceived usefulness (PU), are considered the core 

enablers of technology adoption in this research. On top of that, accountants need to 

develop the relevant digital skills to use AI technologies effectively. Gulin et al. [12] 

highlighted that despite AI, the human factor is still needed in accounting-related tasks. 

While AI can automate mundane repetitive tasks such as invoicing, payroll, and 

bookkeeping, the human factor is still irreplaceable in fields that need judgment, 

problem-solving, and creativity. Thus, digital competence is added as the third 

independent variable in this research. 
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Instead of displacing workers, AI technology serves to speed up, complement, and 

supplement the tasks of accounting professionals and therefore should be embraced by 

the modern workforce. However, to facilitate AI adoption, accounting personnel need 

to be technologically ready. In prior research, technology readiness (TR) has often been 

modelled as a determinant of technology adoption, and few explore the moderating 

effects. TR is an experiential variable under the Unified Theory of Acceptance and Use 

of Technology (UTAUT). Due to the unique characteristics and qualities required in 

the context of accounting information, TR, formulated by the accounting personnel past 

AI experience, is likely to influence their AI adoption. Thus, TR is considered the 

moderating variable between the relationship of independent variables and AI adoption 

among accounting personnel in this research. 

The research objectives are to examine whether there is a positive relationship 

between PEOU, PU, and DC, and AI adoption among the accounting personnel. This 

research also examines whether TR moderates the relationship between PEOU, PU, and 

DC and AI adoption among the accounting personnel. 

2 Theoretical Framework 

This research uses the Technology Acceptance Model (TAM) to examine the 

determinants of AI adoption among accounting personnel. TAM was first developed 

by Davis [13] and further enhanced by Davis et al. [14]. TAM is a popular model used 

to assess technology acceptance [15]. Researchers prefer to use this model to examine 

technology acceptance or present technologies because it is an adaptable model [16]. 

The flexibility of the TAM allows additional variables to be included to create extended 

models to examine multiple perspectives of technology acceptance [17, 18]. 

PEOU and PU are the two main variables in the TAM model, which are well-

established drivers of intention to engage with new technologies leading to eventual 

adoption. This research adopts both PEOU and PU as independent variables on AI 

adoption. Besides PEOU and PU, numerous scholars posited that individuals’ digital 

competence, including both knowledge and skills, is required for technology use and 

acts as a core enabler of technology adoption. Thus, digital competence is added as the 

third independent variable on AI adoption.  

Distinct from general AI use, the AI applications in accounting practices are far more 

complex due to the profession’s emphasis on accountability, objectivity, and the 

presence of audit trails when dealing with accounting data [21]. As the key guardian of 

corporate governance, accounting personnel are required to continuously evaluate the 

extent of risks inherent within the AI applications [21]. Hence, the decision to adopt AI 

in the accounting profession does not only depend on the adoption of drivers, i.e., 

PEOU, PU, and digital competence, but more importantly on how far the accounting 

personnel believe AI can be feasibly applied while meeting these unique characteristics. 

Such dependency could be captured by the technology readiness (TR) concept 

articulated by Parasuraman [22], whereby the accounting personnel’s eagerness to 

engage with technology is an outcome determined by their past experiences with 

technology use. Accordingly, personnel who experience AI uses positively (optimism, 
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innovativeness) demonstrate higher TR; while those with unfavorable encounters 

(discomfort, insecurity) score lower TR. Recognizing these experiential differences, 

although TR has often been modelled as an antecedent of adoption [22, 23], numerous 

scholars have also explored its moderating effects between adoption drivers and 

eventual technology use [24, 25]. Nevertheless, within the unique context of accounting 

practices, TR is likely to moderate the effects of PEOU, PU, and digital competence on 

AI adoption among accounting personnel. This proposed moderating role is 

underpinned by the Unified Theory of Acceptance and Use of Technology (UTAUT) 

framework [26], which posits that experience serves as a moderator affecting 

technology use by individuals as well as organizations. Specifically, TR conceptualized 

an experiential boundary that conditions how likely adoptions drivers eventually 

translate into actual AI use. Accordingly, this paper advances an integrated framework 

of TAM [14] and UTAUT [26] to study how PEOU, PU, digital competence support 

AI adoption, with TR modelled as moderate variable. 

2.1 Perceived Ease of Use (PEOU) 

Davis [14] defines perceived ease of use (PEOU) as a person’s belief that only 

negligible effort is required to use technology. If interpreted in respect of this research, 

PEOU is the belief that the use of AI requires negligible effort from accounting 

personnel. PEOU is the key determinant of users’ inclination to adopt new technologies 

[27, 28]. AI technologies that are more user-friendly have higher user familiarity, with 

improved operability is prone to be better accepted [29]. Students tend to interact with 

the AI chatbot in their learning process more which they find it easy to use [30]. When 

AI technology is user-friendly, it has a higher chance of being adopted [31]. 

Prior research noted that PEOU has a significant positive impact on AI applications. 

For instance, PEOU is found to significantly affect the use of ChatGPT [32] in higher 

education [33]; the use of AI chatbots in higher education [30], on airline ticket 

consultations [34], and in other industries. 

From the perspective of the accounting profession, prior studies found that PEOU 

positively affects potential customers’ inclination to accept AI [35].  [36] and Nguyen 

and [37] found that PEOU and effort expectancy positively affect the acceptance or 

continuous adoption of AI in accounting. Similar findings are derived from auditors, 

where AI adoption is noted to be significantly affected by the effort needed to use AI 

technology [38, 39]. When auditors perceive that AI technology is effortless to use, 

easy to understand, they will be more likely to incorporate AI into their audit procedures 

[40]. AI adoption in auditing will increase when auditors think that AI can be easily 

incorporated into their workflow with minimal time and effort [41]. Thus, it is 

hypothesized that: 

H1: There is a positive relationship between perceived ease of use and AI adoption 

among accounting personnel. 

2.2 Perceived Usefulness (PU) 

Perceived usefulness (PU) is a person’s belief that his/her work performance can be 

improved through certain technological use [14]. In this research’s context, PU is the 
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belief that AI adoption could enhance the work performance of accounting personnel. 

PU has been widely assessed regarding technology adoption [33]. Because PU is the 

personal belief that AI is useful and could bring benefits [42], these perceptions about 

technology's usefulness greatly affect its adoption by users [43]. PU, or performance 

expectancy, significantly affects an individual’s inclination to adopt AI [44, 45]. 

Prior research assesses PU or performance, as a determinant of AI adoption across 

diverse fields, such as the study of AI adoption by librarians [46]; AI chatbot use by 

students [47]; the use of AI virtual assistants [48]; shoppers’ intention to visit automated 

retail shops empowered by AI [49]; AI device purchase intentions by consumers [50]; 

and the acceptance of AI tourism [51]. 

 [11] posited that AI technology is perceived to be useful in the accounting 

profession, as it can eradicate tiring routine tasks and decrease human errors, freeing 

out one’s time to focus on more complex issues. [52] studied AI adoption by the 

accounting personnel in Vietnam and noted that PU has a positive effect on AI adoption 

because the accounting personnel expect that the adoption of AI could improve their 

job efficiency. From the perspective of auditing, Handoko et al. [41] noted that auditors 

will use AI when they expect that it will enhance their work performance. Auditors tend 

to adopt AI when they perceive that it is useful in enhancing audit effectiveness, 

increasing audit quality, improving decision-making, and enabling the detection of 

fraud. Prior research found that performance expectation significantly affects AI 

adoption [39, 38]. Thus, it is hypothesized that: 

H2: There is a positive relationship between perceived usefulness and AI adoption 

among accounting personnel. 

2.3 Digital Competence (DC) 

Digital competence (DC) denotes the users’ abilities in using electronic devices both 

hardware and software and other technologies. For accounting personnel, digital 

competence includes abilities in handling information (compiling, screening, analyzing 

and integrating information) [8], as well as using digitalization for planning, problem-

solving and data analytics [20], on top of the capabilities to handle hardware and 

software. Having DC allows accounting personnel to have better performance at work, 

especially in the fast-evolving AI-driven working environment. 

DC is considered an important determinant of AI adoption. Students with higher 

digital competency are more likely to adopt new technology, while students with lower 

digital competency may face challenges in technology adoption [53]. Thus, DC is 

included as an additional independent variable in this research on AI adoption among 

accounting personnel. According to [54], it is vital for accounting personnel to develop 

important digital competence to stay abreast with the fast-changing technological 

environment. Past studies have examined DC as the antecedent of AI adoption, but the 

results are not conclusive. [33] noted that DC facilitates AI adoption, however, it was 

not the main reason. [8] found DC did not directly affect AI adoption but suggested 

other potential mediators to be explored in future research. Although the findings of 

[20] also show that DC does not significantly affect AI adoption among accounting 

students, it posits that AI will become more important in the future, and hence, the 

accounting students being the future accounting personnel will still need to improve 
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their DC. As commented by [8], students’ digital competence along with other factors 

(such as TR, PU and PEOU) provide a holistic view on AI adoption. Thus, it is 

suggested that: 

H3: There is a positive relationship between digital competence and AI adoption 

among the accounting personnel. 

2.4 Technology Readiness and Its Moderating Role 

Technology readiness (TR) refers to “people’s propensity to embrace and use new 

technologies to accomplish goals in home life and at work” [22]. It reflects a mindset 

of individuals regarding technology that shapes their tendency to engage in technology 

that is new to them. Such beliefs, according to [22] could take a positive tendency that 

are termed as optimism and innovativeness, as well as negative predisposition that are 

termed as discomfort, and insecurity. 

The use of AI in accounting work is not purely voluntary, the adoption decisions 

also involve evaluations of trusts, ethics, and confidentiality. Thus, while accounting 

personnel may be equipped with adequate knowledge and skills in AI technology, 

perceived AI use is easy to use, and believe its use increases productivity, yet these 

strong predictors may still not lead to eventual AI adoption. 

The unique characteristics of accounting work are often represented in the 

accounting personnel’s technological readiness. In line with the view of [22] of TR, 

personnel with high TR are likely to use AI in an optimistic and innovative approach, 

enabling them to find solutions to effectively use AI while making sure that accounting 

processes and outputs meet the required professional standards. In contrast, personnel 

with low TR often feel uncomfortable and insecure, which hinders their ability to look 

for solutions to ensure AI use conforms to the profession's requirements. Accordingly, 

TR constitutes a digital mindset that goes beyond its antecedent role of improving 

people's perceptions of ease of use, usefulness, and competence. Instead, it reflects a 

more advanced level of preparedness to engage deeply with technology that fosters 

eventual AI use. Such moderator view of technology readiness is further suggested by 

[55], who emphasized the cognitive aspect of digital mindset in determining the success 

of technology adoption. In this regard, effective use of AI is conditional on the 

accounting personnel’s level of technology readiness in terms of optimism and 

innovativeness, as manifested by their strong beliefs in the synergy benefits of AI; their 

ability to integrate AI effectively into problem solving and decision making while 

making sure AI use upholds confidentiality, ethics, and trust. These higher-order skills 

are therefore crucial to foster both effective and responsible use of AI in accounting 

practice. 

The role of TR in technology adoption, however, remains inconclusive. Empirical 

studies revealed that TR functions as a moderator in various contexts, for example, 

between PU and intention to use e-service adoption by consumers [25]; intention to use 

AI chatbot applications among Malaysian university students [33]; PEOU and intention 

[33]; and attitude towards using self-service technology [24]. On the other hand, [56] 

validated TR as an antecedent of AI adoption in accounting and auditing in Vietnam 

but omitted its potential moderating role. To date, there is no study that has evaluated 

this dependency in the context of AI use in the accounting profession despite its 
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potential moderating influence underpinned by UTAUT [26]. Thus, the following 

hypotheses are proposed: 

H4a: Technology readiness moderates the relationship between perceived ease of 

use and AI adoption among the accounting personnel. 

H4b: Technology readiness moderates the relationship between perceived usefulness 

and AI adoption among the accounting personnel. 

H4c: Technology readiness moderates the relationship between digital competence 

and AI adoption among the accounting personnel. 

2.5 Conceptual Framework 

The following research model illustrates the relationships between the independent 

variables, perceived ease of use, perceived usefulness, and digital competence, and the 

dependent variable, AI adoption among accounting personnel. Technology readiness 

moderates these relationships.  

 

 

Fig. 1. Research Model 

3 Conclusion 

The research aims to understand the determinants of AI adoption among accounting 

professionals. The research framework outlines the independent variables, PEOU, PU, 

and DC, with TR as the moderating variable. Primary data will be collected with a 

survey questionnaire based on the research framework. Then, the data collected will be 

analysed with SmartPLS 4 software. This paper is expected to make a theoretical 

contribution by advancing an integrated framework of TAM and UTAUT to examine 

how PEOU, PU, and DC support AI adoption, with TR modelled as a moderating 

variable.  As AI technology is making significant transformations in the accounting 

profession, AI adoption may eventually be unavoidable to stay competitive. This 

research can contribute to accounting firms in the AI adoption by allowing the 

management to understand the antecedents to AI adoptions, facilitating the designing 
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of AI-related training programs, and preparing the accounting personnels by instilling 

a digital mindset and being technologically prepared to accept AI technologies. This 

can smoothen the AI adoption process and reduce resistance. Furthermore, the resultant 

knowledge gained from the study can provide valuable insights to guide governments 

to assist finance related employees by promoting training programs and their supporting 

measures. Employers can take advantage of government incentives by providing 

training programs to their employees to enhance their skills. Employees then should be 

positive towards the effect of emerging technologies and actively seek to acquire new 

skills to take advantage of these technologies. In the future, researchers could conduct 

qualitative research by having interviews with the accounting personnels to explore 

other variables affecting AI adoption. 
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