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Abstract. Wearable health technology gained significant attention for its poten-

tial to improve personal health management and reduce the burden on healthcare 

systems. Yet, despite its benefits, adoption among white-collar workers in Ma-

laysia remains relatively low, highlighting the need to better understand the de-

terminants of intention to adopt. This study examines the key factors influencing 

their intention to adopt wearable devices for health monitoring, focusing on per-

ceived usefulness (PU), perceived ease of use (PEOU), facilitating conditions 

(FC), and social influence (SI). This study employed a quantitative approach, 

gathering responses from 408 white-collar workers across various industries and 

states in Malaysia. A structured questionnaire was distributed via Google Forms, 

and non-probability convenience sampling was used to select participants. The 

collected data were analyzed using SPSS, incorporating descriptive statistics, re-

liability testing, and inferential analysis. The results revealed that PU emerged as 

the strongest predictor of adoption intention (β = 0.405, p < 0.001), followed by 

SI (β = 0.229, p < 0.001). FC also showed a positive but weaker effect (β = 0.141, 

p = 0.033), while PEOU was not significant (β = 0.065, p = 0.323). Collectively, 

these variables explained 56.3% of the variance in adoption intention, confirming 

the robustness of the model. The study validates the applicability of the Technol-

ogy Acceptance Model (TAM) and the Unified Theory of Acceptance and Use 

of Technology 2 (UTAUT2) in the context of wearable health technology and 

provides practical insights for policymakers and businesses to develop strategies 

that promote the adoption of health monitoring wearable devices. 

Keywords: Wearable Devices, Perceived Usefulness, Perceived Ease of Use, Fa-

cilitating Conditions, Social Influence, Technology Acceptance Model, Unified 

Theory of Acceptance and Use of Technology 2, White-collar Worker. 
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1 Introduction 

The rise of wearable technology has changed how health is monitored and managed 

globally. These devices track activity, heart rate, and other indicators, offering real-time 

data, helping detect medical issues early, and promoting healthier habits. [1, 2]. Their 

integration into daily life can improve health outcomes, reduce healthcare costs, and 

enhance workplace productivity. In Malaysia, where white-collar workers are highly 

susceptible to lifestyle-related diseases, wearable devices could serve as valuable tools 

for promoting preventive healthcare [3]. 

Despite these benefits, the adoption of wearable health devices remains limited 

globally [4]. Many individuals hesitate to use them due to concerns about effectiveness, 

privacy, accuracy, cost, and lack of standardization [5]. As a result, a gap persists be-

tween the recognized advantages of wearable technology and its actual utilization, es-

pecially in workplace contexts. 

This issue is especially urgent in Malaysia, where lifestyle-related diseases are ris-

ing. The [6] reported that 54.4% of Malaysians screened were overweight or obese, 

often linked to sedentary lifestyles and poor dietary habits. White-collar employees, 

who represent a substantial proportion of the workforce, face heightened risks due to 

prolonged sitting, limited physical activity, and job-related stress [7, 8]. With an esti-

mated 4.25 million white-collar workers in the country [9], the need for effective health 

monitoring solutions is urgent. 

Wearable devices have the potential to address these risks by promoting physical 

activity, enabling early detection of health issues, and providing personalized insights 

that encourage proactive self-care [10, 11]. However, their adoption in Malaysia re-

mains modest, with only about 1.6 million users nationwide [9]. Perceptions of weara-

bles as luxury items and concerns over digital trust further limit widespread uptake [12, 

13]. This underutilization represents a missed opportunity to integrate technology into 

preventive health strategies and workplace wellness programs. 

Although several studies have explored wearable adoption in Malaysia, most focus 

on university students [14] or the elderly [15]. Research specifically addressing white-

collar workers remains scarce, despite their unique occupational constraints and health 

challenges. While [2] examined adult populations more broadly, their findings may not 

fully capture the workplace-specific barriers and motivations influencing this group. 

Given that around 26.5% of Malaysia’s highly skilled labor force are white-collar pro-

fessionals in sectors such as finance, IT, and management [9], investigating their adop-

tion behaviors is both timely and necessary. 

Hence, this study explores what influences Malaysian white-collar workers’ inten-

tion to use wearable health monitoring devices. Using TAM and UTAUT2 as frame-

works, it examines perceived usefulness (PU), perceived ease of use (PEOU), facilitat-

ing conditions (FC), and social influence (SI).  Prior research has reported mixed find-

ings on the significance of these variables [16, 17, 18, 19], underscoring the need to 

validate their roles in this context. 

By understanding the factors influencing adoption intention, the study contributes 

to how wearable health technologies can be promoted as tools for preventive care. The 

findings are expected to act as guidance in strategizing ways that improve adoption, 
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boost workplace productivity, and eventually reduce the burden of chronic diseases in 

Malaysia. 

1.1 Objectives 

1 To study/ examine the relationship between perceived usefulness and the intention 

to adopt wearable devices for health monitoring among Malaysian white-collar 

workers. 

. 

2 To study the relationship between perceived ease of use and the intention to adopt 

wearable devices for health monitoring among white-collar workers in Malaysia. 

. 

3 To study the relationship between facilitating conditions and the intention to adopt 

wearable devices for health monitoring among white-collar workers in Malaysia. 

. 

4 To study the relationship between social influence and the intention to adopt wear-

able devices for health monitoring among white-collar workers in Malaysia. 

. 

2 Literature Review 

2.1 Wearable Devices for Health Monitoring 

Recent studies show that wearable devices can improve health monitoring by providing 

continuous access to key physiological and behavioral data. Previous studies confirm 

that wearables can track indicators like blood pressure, oxygen levels, heart rate, breath-

ing, perspiration, and blood glucose [5, 20, 21]. Such monitoring provides early warn-

ings of potential illness and contributes to chronic disease prevention, thereby enhanc-

ing individual health management. In addition, certain devices integrate Global Posi-

tioning System (GPS) functionality, enabling location tracking. For instance, [22] re-

ported its effectiveness in safeguarding children with autism, where parents could 

quickly respond to health-related abnormalities. Furthermore, few studies emphasized 

the motivational role of social-sharing features, which allow users to exchange health 

data with peers, encouraging competition and adherence to healthier behaviors [23, 24]. 

The relevance of wearables became especially apparent during the COVID-19 pan-

demic. Prior studies documented their value in monitoring infected individuals re-

motely, reducing the risk of exposure for healthcare providers [25, 26]. Devices capable 

of continuously measuring parameters such as body temperature, oxygen saturation, 

and blood pressure enable timely detection of infection, real-time assessment of patient 

condition, and guided intervention. However, despite these advantages, concerns re-

main regarding the reliability of certain sensors and the ability of users to interpret 

health data accurately, highlighting the need for ongoing refinement and supportive 

frameworks to ensure effective adoption. 

2.2 Dependent Variable 

The intention to use health monitoring wearable devices is a critical factor that influ-

ences actual usage behavior. Intention as a dependent variable is often linked with tech-

nology adoption models, such as the Technology Acceptance Model (TAM), Unified 
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Theory of Acceptance and Use of Technology (UTAUT), Task-Technology Fit Theory 

(TTF), Expectation-Confirmation Model (ECM), and so on which propose that inten-

tion to use technology is a strong predictor of actual usage [27, 28, 29]. According to 

[19], the intention to adopt a fitness tracker is likely influenced by personal awareness 

of the device or health. Some thought that pursuing fissionability and trends, the PEOU 

[30, 31] SI, and FC [19, 32] could influence the intention to adopt wearable devices for 

health monitoring. Besides, the intention to adopt wearable devices is also often thought 

will be affected by perceived privacy, health consciousness, cost, and PU in different 

contexts [31, 33]. [34] also proposed that fitness wearable technology adoption and the 

intention to suggest it to others are both directly and indirectly affected by performance 

expectancy, effort expectancy, habit, compatibility, and innovativeness. 

The intention to use health monitoring wearable devices is significantly influenced 

by barriers as well. According to [35], operational imperfection in handling issues can 

cause resistance to continuous intention to use and the actual usage of smartwatches. 

Smartwatches are seen as fashionable wear among consumers. Thus, the design of 

smartwatches plays an important role in the adoption intention besides being used for 

health monitoring [35]. The other concern in the hesitancy to use wearable devices is 

the data protection and privacy issue. Users often fear that their personal data could be 

retrieved by an unauthorized group and used without the user’s consent [36, 37]. There-

fore, despite the health benefits of using wearable devices, these barriers can discourage 

potential users from adopting these technologies. 

2.3 Independent Variable 

Perceived Usefulness (PU), also referred to as performance expectancy, denotes the 

extent to which individuals believe that the use of a given technology will enhance their 

quality of life or improve task-related performance [38, 39]. PU is an important deter-

minant of adoption within the Technology Acceptance Model (TAM), as consumers 

are inclined to engage with technologies identified as beneficial [27]. PU express the 

degree to which users believe these health devices support health monitoring, early de-

tection of risks, and promote healthier lifestyles by alerting to health-conscious behav-

iors [40]. Through vital sign monitoring, daily activity levels and producing actionable 

insights, wearables provide value that directly influences the intention to adopt. Previ-

ous research has consistently underscored the comparable role of perceived usefulness 

(PU) in influencing technology adoption [18, 41, 42, 43]. The workplace context further 

highlights PU’s importance. [44] observed that white-collar workers increasingly 

acknowledge the advantages of wearables for stress management, sleep monitoring, 

and maintaining productivity. [45] reported that 73.7% of office employees who per-

ceived wearables as beneficial for health management expressed a stronger intention to 

adopt compared to those who did not. [46] also demonstrated that PU was associated 

with continued use among individuals managing chronic conditions such as hyperten-

sion and diabetes. [47] emphasized that when health benefits are clear and tangible, 

adoption is more likely, particularly in sedentary workplace settings. 

Perceived ease of use (PEOU) referred to as effort expectancy, reflects the extent to 

which individuals believe that engaging with a particular technology requires minimal 



444             S. Munisamy et al.

effort [38, 48]. Within the context of wearable health devices, this construct encom-

passes dimensions such as system usability, ease of initial configuration, seamless data 

integration, and the presence of intuitive user interfaces [49]. 

Individuals working in white collar sectors may choose wearable devices that are 

simple, convenient, and easy to integrate into their daily routines [50]. Studies also 

showed that most individuals preferred to use the device if it required little technical 

knowledge or adjustment [18, 51]. Similarly, [24] emphasized that PEOU is a pivotal 

factor for users who are unfamiliar/ unaware of emerging technologies, as a user-

friendly interface reduces adoption barriers and improves the learning experience. [52] 

also reported that most individuals opt for wearables with minimalistic designs and au-

tomated functionalities that need fewer manual inputs. The role of simplicity in adop-

tion is particularly relevant among professionals with their demanding schedules, as 

ease of use not only lessens cognitive load but also enhances user engagement. 

The importance of PEOU extends beyond initial adoption, influencing long-term en-

gagement with wearable devices. [53] reported that elderly diabetic patients were more 

likely to continue using digital health wearables, as it is easy for them to navigate. This 

proposed that PEOU not only impacts the choice to adopt a wearable device but also 

influences the sustained usage and adherence to health assessment practices. Likewise, 

[54] reported that consumers were more interested in adopting wearable devices that 

offered unrestricted access to health data irrespective of location or time, highlighting 

the importance of seamless usability in driving customer acceptance. 

Facilitating Conditions (FC) describe how the individuals perceive the accessibility 

of the resources, infrastructure, and support systems that assist their use of wearable 

devices [55]. According to UTAUT2, FC plays a substantial role in shaping technology 

adoption by lessening operational barriers.  In wearable health monitoring, the im-

portant features include technical support, compatibility with smartphones and 

healthcare platforms, knowledge availability, and accessibility to stable networks [56]. 

A study by [57] demonstrated the significance of a stable network and infrastructure, 

which increases the readiness to adopt wearable devices, while [58] demonstrated that 

timely after-sales service strengthens adoption decisions. In a different study, [2] em-

phasized that integrating wearables into wellness programs with organizational support 

increases adoption among white-collar workers. Additionally, [59] proposed that train-

ing and guidance from experts boost user confidence, thus improving adoption inten-

tions. [60] added that seamless connectivity enabling real-time data monitoring en-

hances perceived value in healthcare settings. Overall, these findings showed that FC 

are not only complementary to PU and PEOU but also crucial in building a supportive 

atmosphere for wearable adoption. 

Social influence (SI) refers to the effect of social interactions and relationships en-

compassing family, friends, colleagues, and peers on an individual’s behavioral inten-

tions [29, 32]. A substantial body of research has identified SI as a key determinant in 

the adoption of wearable technologies [32, 50, 61]. For instance, [62] found that SI 

significantly shapes young consumers’ intentions to adopt wearable devices, as pur-

chasing decisions are often influenced by interpersonal discussions and shared experi-

ences. In healthcare contexts, SI has been shown to exert a positive influence, with 

caregivers and close contacts encouraging device adoption [55, 63]. Furthermore, [64] 
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posited that SI may be particularly impactful in collectivist cultures, where individuals 

are more inclined to consider the opinions of others, such as medical professionals, 

when making health-related consumption choices. 

Moreover, promotional activities conducted during social events have been identi-

fied as influential in shaping individuals’ intentions to adopt wearable technologies. 

[50, 65]. [66] also pointed out that the younger adult group is more responsive to SI 

compared to middle-aged and elderly groups, as they might tend to use Internet-based 

social networks more frequently, placing them in an environment where SI has more 

impact on their decision-making process. [65] particularly proposed that individuals 

usually would accept and adopt if an influencer recommends the use of healthcare wear-

able devices. Brand image and word-of-mouth are also considered forms of SI, which 

can influence individuals’ adoption of wearable technology [38]. 

2.4 Planned Conceptual Framework 

 

Therefore, the conceptual framework, Figure 1, developed based on our research ob-

jectives and underlying theories, serves as the foundation for this study. It illustrates 

the relationships between PU, PEOU, FC, and SI, and the intention to adopt wearable 

devices for health monitoring among white-collar workers in Malaysia. PU, PEOU, FC, 

and SI are the independent variables (x) influencing the dependent variable (y), the 

intention to adopt wearable devices. In other words, the intention to adopt wearable 

devices among white-collar workers in Malaysia is shaped by their perceptions of these 

factors. 
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3 Research Methodology 

3.1  Research Design 

This research adopted a quantitative, cross-sectional research design to explore the de-

terminants of adoption intention for wearable health monitoring technologies among 

Malaysian white-collar employees. Quantitative methods were deemed appropriate as 

they allow for systematic testing of theoretical relationships using statistical tools. The 

framework for this study was grounded in the Technology Acceptance Model (TAM) 

and the Unified Theory of Acceptance and Use of Technology 2 (UTAUT2), which 

identify perceived usefulness (PU), perceived ease of use (PEOU), facilitating condi-

tions (FC), and social influence (SI) as predictors of technology adoption intentions. 

3.2  Population and Sampling 

The target population consisted of white-collar employees working in finance, IT, man-

agement, and administrative roles across Malaysia. This group was selected because 

they are especially vulnerable to lifestyle-related health problems due to sedentary 

working conditions, making them an important demographic for preventive health 

monitoring. 

    A non-probability convenience sampling approach was employed in light of acces-

sibility constraints and the dispersed geographical distribution of the target workforce. 

Although this sampling technique presents limitations regarding the generalizability of 

findings, it facilitated efficient data collection from a demographically varied respond-

ent pool. To establish an adequate sample size, the Krejcie and Morgan Table was ref-

erenced, which recommends a minimum of 384 participants for studies involving large 

populations [67]. This study collected 408 valid responses after a pilot test, which was 

more than enough to support reliable regression analysis.  

3.3 Data Collection 

This study utilized a survey method for data collection. The survey used a set of struc-

tured questions created in Google Forms and was shared on platforms like Instagram, 

WhatsApp, Facebook, Microsoft Teams, and professional networks so people could 

easily access and complete it. In addition to online dissemination, respondents were 

also approached in person at selected workplaces to ensure a more representative and 

robust dataset. Using both online and in-person methods helped reach different types 

of people and made the sample more accurate. After conducting a pilot test, 408 valid 

responses were gathered for the main study.  

3.4 Instrument Development and Pilot Study 

The questionnaire comprised two sections: the first gathered demographic data, includ-

ing age, gender, educational background, occupation, and prior experience with wear-

able devices; the second assessed the constructs of perceived usefulness (PU), per-

ceived ease of use (PEOU), facilitating conditions (FC), social influence (SI), and 
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intention to adopt wearable health monitoring devices. All measurement items were 

derived from previously validated scales, thereby ensuring content validity. Items as-

sessing Perceived Usefulness (PU) and Perceived Ease of Use (PEOU) were adapted 

from Davis (1989) and subsequent Technology Acceptance Model (TAM) literature, 

while those pertaining to Facilitating Conditions (FC) and Social Influence (SI) were 

sourced from [68]. The items measuring intention to adopt were drawn from [28]. Par-

ticipant responses were captured using a five-point Likert scale, ranging from “1 – 

strongly disagree” to “5 – strongly agree.” 

A pilot study with 40 respondents was first conducted to assess the clarity, reliability, 

and usability of the instrument. Insights from the pilot study prompted minor revisions 

to item wording, thereby enhancing the instrument’s clarity and appropriateness for the 

main study. After validation, the questionnaire was distributed more widely, receiving 

408 usable responses. 

3.5 Data Analysis 

The data were analyzed using SPSS. Descriptive statistics were employed to profile the 

demographic characteristics of respondents, while internal consistency was assessed 

via Cronbach’s alpha, with values exceeding the 0.70 threshold deemed acceptable 

[69]. Construct validity was examined through factor analysis to verify appropriate item 

loadings. To evaluate the hypothesized relationships among Perceived Usefulness 

(PU), Perceived Ease of Use (PEOU), Facilitating Conditions (FC), Social Influence 

(SI), and the intention to adopt wearable health monitoring devices, multiple regression 

analysis was conducted. This analytical approach enabled the estimation of direct ef-

fects of the independent variables on the dependent variable, while accounting for de-

mographic controls. The sample size surpassed the minimum recommended threshold, 

thereby fulfilling the statistical assumptions required for regression analysis [70]. 

3.6 Ethical Considerations 

This study received ethical clearance from the UTAR Scientific and Ethical Review 

Committee (Reference No. U/SERC/78-384/2024). Participation was entirely volun-

tary, with informed consent obtained from all respondents before they completed the 

questionnaire. Anonymity and confidentiality were strictly maintained, and no person-

ally identifiable information was collected. All data were securely stored and used ex-

clusively for academic research. 

4 Results 

4.1   Descriptive analysis 

Following the pilot study, 408 valid responses were analyzed. Table 4.1 presents the 

respondents’ demographic profile. The majority were aged 25–34 (46.1%), followed 

by those aged 35–44 (29.7%), with fewer participants under 25 or over 45. Gender 

distribution was relatively even (52.2% female, 47.8% male). In terms of education, 

most held a Bachelor’s degree (61.8%), while 23.5% had postgraduate qualifications 
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and 14.7% held diplomas. Respondents were employed in diverse sectors, including 

finance, healthcare, information technology, education, and public administration. This 

variation suggests that the dataset adequately represented the diversity of Malaysia’s 

white-collar workforce. 

4.2  Reliability of Constructs 

To assess internal consistency, reliability analysis was performed using Cronbach’s al-

pha. As presented in Table 4.2, all constructs surpassed the recommended threshold of 

0.70, reflecting acceptable to excellent reliability. The Intention to Adopt construct 

yielded the highest reliability (α = 0.902), followed by Perceived Usefulness (α = 

0.854), Perceived Ease of Use (α = 0.839), and Facilitating Conditions (α = 0.829). 

Although Social Influence recorded a slightly lower value (α = 0.789), it remained 

within acceptable limits. These findings affirm the robustness of the measurement in-

struments for subsequent inferential analysis. 

Table 4.2 Reliability Statistics of Constructs 

Construct Number of 

Items 

Cronbach’s  

Alpha 

Reliability 

Perceived Usefulness (PU) 5 0.854 Reliable 

Perceived Ease of Use (PEOU) 5 0.839 Reliable 

Facilitating Conditions (FC) 4 0.829 Reliable 

Social Influence (SI) 4 0.789 Reliable 

Intention to Adopt  5 0.902 Reliable 

4.3  Regression Analysis 

A multiple regression analysis was performed to investigate the effects of Perceived 

Usefulness (PU), Perceived Ease of Use (PEOU), Facilitating Conditions (FC), and 

Social Influence (SI) on the intention of adopting wearable health monitoring devices. 

The model yielded statistically significant results, F (4,403) = 129.603, p < 0.001, ac-

counting for 56.3% of the variance in adoption intention (R² = 0.563; Adjusted R² = 

0.558), thereby indicating a strong model fit. As shown in Table 4.3a, the predictors 

collectively demonstrated substantial explanatory power, with a multiple correlation 

coefficient of R = 0.750 and a standard error of estimate of 0.410. 

Table 4.3a. Model Summary 

Model R R² Adjusted R² Std. Error of the Estimate 

1 0.750 0.563 0.558 0.410 

As presented in Table 4.3b, PU emerged as the strongest predictor of adoption in-

tention (β = 0.405, p < 0.001), demonstrating that respondents who perceived wearables 

as beneficial for health monitoring were more likely to adopt them. Social Influence 

was the second strongest predictor (β = 0.229, p < 0.001), confirming that recommen-

dations and encouragement from peers, colleagues, and family members played a 
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significant role in shaping adoption behavior. FC also had a positive and statistically 

significant effect (β = 0.141, p = 0.033), suggesting that organizational and infrastruc-

tural support facilitates uptake, although its influence was comparatively weaker than 

PU and SI. In contrast, PEOU did not significantly affect adoption intention (β = 0.065, 

p = 0.323), indicating that ease of use was not a decisive factor for this population. 

Table 4.3b. Regression Results for Intention to Adopt Wearable Devices 

Independent Variable Standardized 

Beta (β) 

t-value Sig. (p) Hypothesis Result 

Perceived Usefulness 

(PU) 

0.405 9.335 < 0.001 Supported (H1) 

Perceived Ease of Use 

(PEOU) 

0.065 0.993 0.323 Not Supported (H2) 

Facilitating Conditions 

(FC) 

0.141 2.140 0.033 Supported (H3) 

Social Influence (SI) 0.229 4.742 < 0.001 Supported (H4) 

Based on these results, hypothesis testing was conducted. Table 4.4 summarizes 

the findings for each proposed hypothesis. 

Table 4.4. Hypothesis Testing Results 

Hypothesis Path β p-value Result 

H1 PU → Intention to Adopt 0.405 <0.001 Supported 

H2 PEOU → Intention to Adopt 0.065 0.323 Not Supported 

H3 FC → Intention to Adopt 0.141 0.033 Supported 

H4 SI → Intention to Adopt 0.229 <0.001 Supported 

Overall, three hypotheses (H1, H3, H4) were supported, while one (H2) was re-

jected. PU had the strongest influence on intention, confirming that perceived benefits 

are critical to adoption. SI also played a substantial role, highlighting the importance of 

peer, family, and colleague encouragement in adoption decisions. FC contributed mod-

erately, suggesting that organizational and infrastructural support enhances uptake. In 

contrast, PEOU was not significant, indicating that ease of use alone is insufficient to 

drive adoption among Malaysian white-collar workers. 

5 Discussions 

This study contributes meaningful insights into the determinants of wearable health 

monitoring device adoption among Malaysian white-collar workers. The regression 

analysis demonstrated that Perceived Usefulness (PU), Facilitating Conditions (FC), 

and Social Influence (SI) significantly influenced adoption intention, whereas Per-

ceived Ease of Use (PEOU) did not exhibit a statistically significant effect. These find-

ings hold theoretical relevance within the frameworks of the Technology Acceptance 

Model (TAM) and the Unified Theory of Acceptance and Use of Technology 2 
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(UTAUT2), while also offering practical implications for the design, promotion, and 

implementation of wearable technologies in occupational health contexts. 

5.1  Perceived Usefulness 

This study found that Perceived Usefulness (PU) strongly influences Malaysian white-

collar workers’ intention to use wearable health devices (β = 0.405), supporting the 

Technology Acceptance Model (TAM), which suggests people adopt technology they 

believe enhances performance or wellbeing [27]. Here, PU reflects users’ belief that 

wearables aid in health monitoring, risk detection, and healthier habits. 

Perceived Usefulness (PU) plays a key role in simulating wearable devices adoption. 

Studies by [18, 42, 43] point to benefits like real-time health tracking and personalized 

advice. [71, 72] add that improvements in efficiency and well-being also support adop-

tion. For Malaysian white-collar workers, PU is especially important because their sed-

entary jobs raise risks like obesity and stress. Wearables help by tracking stress and 

sleep [47]. Incentives such as health insurance discounts and participation in wellness 

programs enhance the perceived utility of wearable devices, thereby reinforcing Per-

ceived Usefulness (PU) as a key determinant in individuals’ adoption decisions. 

5.2  Perceived Ease of Use 

Contrary to the expectations outlined in the Technology Acceptance Model (TAM), the 

present study found that Perceived Ease of Use (PEOU) did not exert a statistically 

significant influence on the intention to adopt wearable health monitoring devices (β = 

0.065, p = 0.323). This suggests that, among Malaysian white-collar workers, ease of 

use is not a primary consideration in adoption decisions. Although TAM posits both 

Perceived Usefulness (PU) and PEOU as core determinants of technology acceptance 

(Davis, 1989), these findings indicate that the relevance of PEOU may be context-de-

pendent and less pronounced in certain user populations. 

This result diverges from earlier studies, which concluded that simple, intuitive in-

terfaces are crucial for adoption, particularly among individuals unfamiliar with emerg-

ing technologies [24, 51]. However, it aligns with [34, 56], who found no significant 

relationship between PEOU and the adoption of wearable health technologies. One ex-

planation is that wearable devices are now widely designed to be user-friendly, featur-

ing straightforward interfaces, seamless smartphone integration, and automated track-

ing. This reduces the likelihood that users perceive complexity as a barrier. 

In the context of white-collar workers, PEOU may also be overshadowed by other, 

more salient considerations. These individuals are typically accustomed to using digital 

tools in their professional lives and may assume a baseline level of usability in new 

technologies. Instead, their adoption decisions may be more strongly shaped by the 

perceived benefits of wearables, such as health monitoring and stress management, as 

well as by encouragement from peers and colleagues. Thus, while ease of use remains 

relevant in technology design, it appears less influential in predicting adoption intention 

within this demographic. 
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5.3  Facilitating Conditions 

Facilitating Conditions (FC) demonstrated a positive and statistically significant effect 

on the intention to adopt wearable devices (β = 0.141, p = 0.033), although its influence 

was comparatively weaker than that of Perceived Usefulness (PU) and Social Influence 

(SI). This outcome aligns with the Unified Theory of Acceptance and Use of Technol-

ogy 2 (UTAUT2), which posits that the availability of supportive infrastructure and 

resources fosters technology adoption [68]. Within the scope of this study, FC encom-

passed elements such as organizational support, stable connectivity, post-purchase ser-

vice provision, and access to technical assistance, all of which serve to mitigate usage 

barriers and enhance user confidence. 

Previous studies reinforce the importance of these supportive mechanisms. [19] 

highlighted that stable network access and responsive feedback platforms improve the 

user experience and willingness to adopt wearables . Similarly, [56, 57] argued that 

access to technical expertise and user-friendly support services strengthens adoption 

behavior. For white-collar workers, particularly those managing demanding schedules, 

the assurance of reliable infrastructure and troubleshooting support ensures that wear-

able devices can be integrated seamlessly into daily routines. 

In the Malaysian workplace context, organizational initiatives such as employer-

subsidized devices, training workshops, or integration with wellness programs may fur-

ther enhance perceptions of FC. While FC alone may not guarantee adoption, its pres-

ence reduces friction and enhances the perceived feasibility of using wearables. Thus, 

FC serves as an important enabling condition that complements the stronger effects of 

PU and SI, ensuring that once motivated, workers encounter minimal obstacles in trans-

lating their intention into actual use. 

The results also highlight the importance of FC (β = 0.141, p = 0.033), suggesting 

that organizational and infrastructural support influence adoption decisions. This find-

ing aligns with UTAUT2 [68], which emphasizes FC as a predictor of behavioral in-

tention. Prior research has likewise concluded that the availability of technical support, 

reliable connectivity, and post-purchase service provisions facilitates the adoption and 

continued use of wearable technologies [19, 55]. In the Malaysian workplace, employ-

ers who provide or subsidize devices, offer IT support, and integrate wearables into 

wellness programs can enhance adoption among employees. 

5.4  Social Influence 

SI was identified as the second strongest predictor of intention to adopt wearable de-

vices (β = 0.229, p < 0.001). This finding highlights the significant role of social net-

works such as family, peers, colleagues, and professional communities in shaping tech-

nology adoption decisions. The Unified Theory of Acceptance and Use of Technology 

2 (UTAUT2) explains that Social Influence (SI) is about how much people feel that 

those important to them want or encourage them to use a certain technology [68]. This 

study supports that idea, showing that advice and support from trusted networks 

strongly encourage Malaysian white-collar workers to use wearable devices. 



452             S. Munisamy et al.

This finding aligns with a substantial body of literature indicating that Social Influ-

ence (SI) plays a pivotal role in shaping individuals’ decisions to adopt emerging tech-

nologies. [50, 62] observed that the likelihood of adopting wearable devices increases 

when individuals receive support or recommendations from friends, caregivers, or other 

trusted social contacts. Similarly, [63, 55] demonstrated that in healthcare contexts, en-

couragement from family members and caregivers significantly enhances interest in 

digital health technologies, including wearable devices. 

[64] noted that in collectivist societies, people are especially sensitive to social 

norms and group expectations, especially when it comes to health habits. This matches 

[73] theory of cultural interdependence, which explains that in collectivist cultures, 

group approval and shared practices have a strong influence on personal choices. [34] 

further confirmed that in Asian communities, social support is a major reason people 

adopt wearable health technology, often more important than individual preferences. 

In a collectivist country like Malaysia, where group values shape personal behavior, 

social encouragement is a powerful driver. That’s why workplace wellness programs 

and peer-led efforts can be especially effective in increasing adoption. 

6      Implications 

6.1     Theoretical Implications 

This study makes both theoretical and practical contributions. On the theoretical side, 

it confirms that TAM and UTAUT2 are relevant and applicable within the Malaysian 

workplace setting, confirming that Perceived Usefulness (PU) and Social Influence (SI) 

are the strongest determinants of wearable adoption, while Perceived Ease of Use 

(PEOU) has limited relevance. This suggests that as technologies mature and become 

more intuitive, usability becomes a baseline expectation rather than a predictor, high-

lighting the need for future models to emphasize constructs such as trust, privacy, and 

health consciousness. The positive effect of Facilitating Conditions (FC) also reinforces 

the importance of organizational and infrastructural support. 

6.2     Managerial Implications 

The findings suggest that employers and policymakers should emphasize the tangible 

health benefits of wearables, integrate them into workplace wellness initiatives, and 

leverage social reinforcement through peer support and group challenges. Providing 

subsidies, technical assistance, and supportive infrastructures can further encourage 

adoption, leading to healthier employees and improved workplace productivity. 

7      Limitations and Recommendations 

While this study offers valuable contributions, several limitations should be acknowl-

edged. First, the use of non-probability convenience sampling may restrict the general-

izability of the findings, as the sample may not adequately represent the broader popu-

lation of Malaysian white-collar workers. Second, reliance on self-reported data 
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introduces the possibility of response bias, particularly in areas related to health behav-

iors and technology usage, where participants may inaccurately report or misrepresent 

their actual practices. Third, the cross-sectional design constrains the ability to observe 

temporal changes in adoption intention, which may be shaped by ongoing develop-

ments in technology and workplace dynamics. 

 Future research should seek to overcome these limitations by utilizing probability-

based sampling methods to improve representativeness and implementing longitudinal 

designs to capture temporal shifts in adoption behavior. Expanding the scope to include 

other occupational groups and cross-country comparisons would also provide a broader 

perspective on wearable adoption. Additionally, integrating variables such as trust, pri-

vacy concerns, and health consciousness may enrich theoretical models and provide 

deeper insights into adoption dynamics. 

8 Conclusion 

Wearable health technology has become a vital tool for enhancing individual well-be-

ing and reducing pressure on healthcare systems. This study examined the factors in-

fluencing adoption intention among Malaysian white-collar workers, a population par-

ticularly vulnerable to sedentary lifestyles and related health risks. This study explores 

why people choose to use wearable technology, based on two popular models: TAM 

and UTAUT2. It examines four key factors: how useful the device is (PU), how easy it 

is to use (PEOU), the support people have (FC), and how much others influence their 

decision (SI). 

The results show that usefulness (PU) matters most. People are more likely to use 

wearables when they see clear health benefits like managing stress, tracking sleep, and 

spotting health issues early. Social influence (SI) also plays a big role, where support 

from friends, coworkers, and networks encourages adoption. Supportive conditions 

(FC), such as workplace help and access to technology, make a difference too, but less 

than PU and SI. Ease of use (PEOU) didn’t have much effect, likely because people 

now expect technology to be simple by default. 

These findings help us better understand what drives wearable tech adoption and 

offer useful tips for companies and developers to encourage more people to use these 

devices. 

This study contributes to the literature by challenging TAM’s assumption that PEOU 

is central while reinforcing UTAUT2’s emphasis on contextual factors such as SI and 

FC. Practically, the findings offer guidance for businesses and policymakers by recom-

mending integration of wearables into workplace wellness programs, improved IT sup-

port, and incentive-based strategies to encourage adoption. Overall, promoting weara-

ble adoption among white-collar workers can help address lifestyle-related health risks, 

improve public health outcomes, and strengthen workplace productivity. 
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