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Abstract. This thesis examines the spillover effects of the FTX collapse event on 

the cryptocurrency market as well as other financial markets. Representative in-

dices of the capital market, currency market, gold market, energy market, and 

cryptocurrency market are selected, and abnormal returns as well as cumulative 

abnormal returns are estimated for each market using short-term time analysis, 

and the results show that during the selected event window (November 2, 2022 

to November 17, 2022), the FTX collapse produces significant negative spillover 

benefits on the cryptocurrency market, positive spillover effects on the gold mar-

ket, a positive spillover effect on the gold market, a slight negative spillover ef-

fect on the energy market, and essentially no spillover effect on the capital and 

currency markets. It indicates that although the FTX collapse was a devastating 

blow to the cryptocurrency market, it did not have a significant impact on the 

traditional financial market. In addition, due to the unique safe-haven properties 

of the gold market, the crisis had a positive impact on the gold market. 
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1 Introduction 

In November 2022, the rapid collapse of the FTX exchange drew intense attention from 

both cryptocurrency markets and regulatory authorities. As a former industry leader, 

FTX’s governance and liquidity failures triggered sharp declines in its native token 

(FTT) as well as a range of major cryptocurrencies, amplifying market concerns regard-

ing exchange risk, customer asset segregation, and cross-platform contagion3 (Bouri et 

al., 2023). This study examines whether—and through which channels—the FTX col-

lapse generated short-term spillovers, in the form of price-level abnormal returns, to 

broader financial markets such as precious metals, energy, equities, and money mar-

kets. 

To address this question, we employ a short-horizon event-study framework and es-

timate abnormal returns (AR) and cumulative abnormal returns (CAR) for multiple as-

set classes using a standard market model. Event studies provide a well-established 

approach for capturing the immediate price response to discrete shocks at a daily fre-

quency, enabling us to measure rapid market repricing and to complement the growing 

literature that focuses on volatility and connectedness6 (Diebold and Yılmaz, 2014). 
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Recent research has also demonstrated the value of the counterfactual method in as-
sessing shocks to the cryptocurrency market; for example, a study found significant 
counterfactual biases around the collapse of FTX11 (Khan et al., 2025). 

This study makes two primary contributions. First, using daily data, it systematically 
measures the short-term price effects of the FTX collapse across cryptocurrency, pre-
cious metal, energy, equity, and money markets within an event-study setting. Second, 
it bridges price-based event-study evidence with existing research on volatility trans-
mission and financial connectedness, thereby offering actionable implications for reg-
ulators and market participants regarding crisis identification, liquidity management, 
and cross-market monitoring5 (Corbet et al., 2019). The remainder of the paper pro-
ceeds with a literature review, methodology, empirical analysis, and conclusion. 

2 Literature Review 

2.1 Event-study Methodology 

The event-study methodology has long been standard for assessing discrete events’ 
market impact12 (MacKinlay, 1997). MacKinlay outlines its core elements: selecting 
estimation/event windows and using market-model residuals for inference. Recent
work advances these foundations: Borusyak et al., (2024) develop robust estimators for 
treatment-effect heterogeneity2, while Casini and McCloskey (2024) extend identifica-
tion to high-frequency contexts4. 

2.2 Volatility Transmission and Spillovers in Cryptocurrency Markets 

Academic research on cryptocurrency markets has expanded rapidly, covering price 
discovery, volatility transmission, spillovers, and safe-haven characteristics5 (Corbet et 
al., 2019). Methodologically, this literature commonly employs multivariate GARCH 
models8, time-varying parameter VARs, the Diebold–Yılmaz variance-decomposition 
connectedness framework6, and copula or ΔCoVaR techniques to capture return, vola-
tility, and tail-risk transmission10 (Engle, 2002; Katsiampa et al., 2019; Diebold and 
Yılmaz, 2014). These approaches highlight the time-varying and state-dependent nature 
of market connectedness—for example, DCC-GARCH models characterize evolving 
conditional correlations8 (Engle, 2002), while the Diebold–Yılmaz framework quanti-
fies directional spillovers across markets6 (Diebold and Yılmaz, 2014). 

Empirical findings consistently document strong volatility and risk transmission
within the cryptocurrency ecosystem10 (Katsiampa et al., 2019), with contagion inten-
sifying during major disruption events such as the Terra–Luna collapse or exchange-
level failures. Studies linking cryptocurrencies to traditional assets—including equities, 
precious metals, and energy—also reveal time-varying dependence and episodic spill-
overs, suggesting that cross-asset interactions evolve across market regimes5 (Corbet et 
al., 2019). 

However, despite these advances, systematic evidence on how a single exchange 
failure propagates short-term abnormal returns to non-crypto asset classes remains lim-
ited. Existing research has primarily focused on intra-crypto dynamics, with
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comparatively little attention to the responses of broader financial markets. Event-study 
methods, which directly capture immediate price revaluations following exogenous 
shocks12 (MacKinlay, 1997), are therefore well suited to address this gap. 

Accordingly, this paper applies an event-study framework to examine the transmis-
sion chain from exchange-level failure → price-level abnormal returns → cross-asset 
spillovers, extending the contagion literature beyond cryptocurrency markets.  

3 Methodology 

3.1 Event Chronology and Selection of the Event Date 

Building on the literature review’s theoretical groundwork, this section presents the 
empirical design to measure the FTX collapse’s short-term cross-market spillovers. The 
event-study methodology—a standard tool for discrete shock impact assessment12 
(MacKinlay, 1997). This addresses a gap: existing crypto spillover studies focus on 
volatility transmission, not short-term abnormal returns across non-crypto assets. 

The FTX collapse followed a clear timeline: On 2 November 2022, media reported 
Alameda Research’s heavy FTT-dependent balance sheet; 6–8 November saw large 
withdrawals and a liquidity crisis; and on 11 November, FTX filed for bankruptcy. 
Aligned with this and standard event-study practices, we select 8 November 2022 as 
the event date—when FTT plummeted from USD 25.50 (2 November) to below USD 
6 (crisis peak) amid concentrated price shocks. For normal return estimation, we use a 
232-day window (t−252 to t−21); given the 2 November leak triggered early FTX scru-
tiny, the event window is [t−4, t+7] (2–17 November 2022). We employ the OLS mar-
ket model7 (Dyckman et al., 1984)—with the MSCI World Index as the market proxy 
(to control global macro trends)—to compute abnormal returns (AR) and cumulative 
abnormal returns (CAR) for sample assets (equities, money markets, gold, energy, 
cryptocurrencies). 

3.2 Model Specification for the Event Study 

We begin by estimating normal returns using the OLS market model7 (Dyckman, 
1984). Based on Equation (1), the expected or normal return of asset i at time t, denoted 
𝑅𝑅𝑖𝑖,𝑡𝑡, is obtained from the fitted market-model parameters. 

Ri,t=αi+βiRmt+εi,t (1) 

In this model, 𝑅𝑅𝑚𝑚𝑡𝑡denotes the return of the benchmark index, for which we use the 
MSCI World Index—chosen for global coverage, isolating macro trends to better cap-
ture FTX-specific spillovers. Though markets have unique drivers (e.g., crypto liquidity 
vs. gold’s safe-haven demand), it remains appropriate: we focus on FTX-driven short-
term abnormal returns, not long-term dynamics. Actual daily returns for both are cal-
culated using the standard method below. 

E(Rit)=αi+βiRmt Ri,t=[(Pi,t - Pi,t-1)/ Pi,t-1]×100 (2) 
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In Equation (2), 𝑅𝑅𝑖𝑖,𝑡𝑡represents the daily return of asset or index i on day t, while 
𝑃𝑃𝑖𝑖,𝑡𝑡and 𝑃𝑃𝑖𝑖,𝑡𝑡−1denote the closing prices of asset i on day t and the previous trading day, 
respectively. By comparing the actual returns with the estimated normal returns, we 
obtain the abnormal returns. Equation (3) is used to calculate the abnormal return
𝐴𝐴𝑅𝑅𝑖𝑖,𝑡𝑡of asset i on day t:  

ARi,t=Ri,t  - E(Rit) (3) 

For the event window from day Γ1to day Γ2, the cumulative abnormal return (CAR) 
for asset i is computed as follows: 

CARi(Γ1,Γ2)= ∑
𝛤𝛤2

𝑡𝑡=𝛤𝛤1
 ARi,t (4) 

3.3 Data and Sample 

Per standard major financial market classifications, this study selects representative in-
dicators across equities, money markets, gold, commodities, and cryptocurrencies. Eq-
uities are represented by the S&P 500 (SPX) and CSI 300 (CSI), short-term funding by 
the Effective Federal Funds Rate (FF), gold and commodities by the NYSE Arca Gold 
BUGS Index (HUI) and Brent crude oil futures (OIL) respectively, and cryptocurren-
cies by benchmark assets Bitcoin (BTC) and Ethereum (ETH). All seven series (SPX, 
CSI, FF, HUI, OIL, BTC, ETH) are sourced from Investing.com and converted to daily 
returns for estimation. 

4 Empirical Results 

4.1 Abnormal Returns on the Event Date 

 

SPX HS FF HUI OIL BTC ETH
Average change(%) 0.56 -0.69 0 6.38 -2.61 -10.01-14.82
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Fig. 1. The average price changes in each financial market on November 8, 2022. 

Figure 1 illustrates the average price movements across major financial markets on the 
event date. The results indicate that equity and money markets—including the U.S. 
stock market (SPX), the Chinese stock market (CSI), and the money market (FF)—
exhibited essentially no significant fluctuations. In contrast, the gold market (HUI) rec-
orded a pronounced positive increase of +6.38%, suggesting that investors may have 
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shifted from cryptocurrencies toward safe-haven assets. The energy market, repre-
sented by Brent crude oil (OIL), showed a mild decline of –2.61%. The most pro-
nounced reaction occurred in the cryptocurrency market, where Bitcoin (BTC) and 
Ethereum (ETH) experienced sharp declines of –10.01% and –14.82%, respectively. 
These results reflect a swift market response consistent with FTX’s liquidity crisis and 
align with the negative spillover effects documented by Bouri et al3. (2023). 

Table 1 further reports the abnormal returns for each market on the event date. The 
U.S. equity market and the money market show insignificant abnormal returns, whereas 
the Chinese equity market exhibits a weak negative effect (–0.779%) at the 10% sig-
nificance level. At the 1% significance level, the FTX collapse was associated with a 
positive spillover into the gold market (+5.877%), and negative spillovers into the en-
ergy market (–3.045%) as well as the cryptocurrency market, with sharp declines for 
both Bitcoin (–11.238%) and Ethereum (–16.456%). 

Table 1. Abnormal returns of each market on the event date. 

 AR P-value  
SPX 0.00  0.52   
CSI -0.00779  0.07282  * 
FF -0.03053  0.13248   
HUI 0.05877  0.00001  *** 
OIL -0.03045  0.00001  *** 
BTC -0.11238  0.00000  *** 
ETH -0.16456  0.00000  *** 
***, **, and * represent the significance levels of 1%, 5%, and 10% respectively, which is the 

sam8e for Tables 2 - 6. 

4.2 Cumulative Abnormal Returns 

Table 2 presents the spillover effects on equity markets. The results indicate that the 
FTX collapse did not generate significant CARs for the U.S. equity market. In contrast, 
the Chinese equity market exhibits weak positive cumulative effects of 1.286%, 
3.765%, and 5.882%, suggesting a weak but positive response over the event window. 

Table 2. Cumulative abnormal return in the capital market. 

Panel A: S&P 500 Index (SPX) of the U.S. stock market 

 Event Window CAR P-value  
SPX t-4 -0.00728791 0.2274068  
SPX t-3 -0.00342  0.52143   
SPX t-2 -0.01019  0.26212   
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Table 2. Cumulative abnormal return in the capital market (Continued). 

Event Window CAR P-value  
SPX t-1 -0.01367  0.56456   
SPX t -0.01756  0.51940   
SPX t+1 -0.02064  0.60904   
SPX t+2 -0.01629  0.47075   
SPX t+3 -0.02850  0.04310  ** 
SPX t+4 -0.03057  0.73188   
SPX t+5 -0.03460  0.50437   
SPX t+6 -0.03456  0.99523   
SPX t+7 -0.03060  0.51160   

Panel B: SI 300 Index (CSI) of tC e Chinese stock mh rket a

 Event Window CAR P-value  
CSI t-4 0.01617  0.00019  *** 
CSI t-3 0.01165  0.29677   
CSI t-2 0.04144  0.00000  *** 
CSI t-1 0.04208  0.88148   
CSI t 0.03430  0.07282  * 
CSI t+1 0.02917  0.23761   
CSI t+2 0.01286  0.00017  *** 
CSI t+3 0.03765  0.00000  *** 
CSI t+4 0.04131  0.40023   
CSI t+5 0.05882  0.00005  *** 
CSI t+6 0.05305  0.18371   
CSI t+7 0.05114  0.66048   

Table 3 shows the reaction of the money market. The Effective Federal Funds Rate 
exhibits essentially no significant response to the FTX collapse, implying the event was 
not associated with meaningful volatility spillovers into short-term funding markets. 

Table 4 documents a pronounced positive spillover into the gold market. The HUI 
index exhibits pronounced positive cumulative returns during the window, with CAR 
reaching +8.205% on the event date at the 1% significance level. This pattern is con-
sistent with the notion that investors may shift out of cryptocurrencies and into safe-
haven assets during crisis episodes5 (Corbet et al., 2019), a behavior not observed in 
equity or money markets. 

Table 5 reports the effects on the energy market. Brent crude oil futures exhibit a 
mild negative spillover post-event, with the magnitude remaining relatively modest 
compared with other markets. 
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Table 3. Cumulative abnormal returns in the money market. 

Event Window CAR P-value  
FF t-4 -0.02519  0.21448   
FF t-3 0.19249  0.00000  *** 
FF t-2 0.15982  0.10748   
FF t-1 0.12859  0.12378   
FF t 0.09807  0.13248   
FF t+1 0.07288  0.21448   
FF t+2 0.03420  0.05661  * 
FF t+3 0.00133  0.10529   
FF t+4 -0.02600  0.17812   
FF t+5 -0.05716  0.12460   
FF t+6 -0.08419  0.18285   
FF t+7 -0.11147  0.17884   

Table 4. Cumulative abnormal returns in the gold market. 

Event Window CAR P-value  
HUI t-4 -0.04805  0.00038  *** 
HUI t-3 -0.07392  0.05563  * 
HUI t-2 0.01782  0.00000  *** 
HUI t-1 0.02327  0.68660   
HUI t 0.08205  0.00001  *** 
HUI t+1 0.07659  0.68653   
HUI t+2 0.11351  0.00630  *** 
HUI t+3 0.10174  0.38385   
HUI t+4 0.10356  0.89309   
HUI t+5 0.08842  0.26263   
HUI t+6 0.08382  0.73393   
HUI t+7 0.06868  0.26246   

Table 5. Cumulative abnormal returns in the energy market. 

Event Window CAR P-value  
OIL t-4 0.01981  0.00449  *** 
OIL t-3 0.00715  0.06935  * 
OIL t-2 0.04074  0.00000  *** 
OIL t-1 0.02872  0.08462  * 
OIL t -0.00173  0.00001  *** 
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Table 5. Cumulative abnormal returns in the energy market (Continued). 

Event Window CAR P-value 
OIL t+1 -0.02632  0.00042  *** 
OIL t+2 -0.03212  0.40484   
OIL t+3 -0.01524  0.01547  ** 
OIL t+4 -0.04440  0.00003  *** 
OIL t+5 -0.04201  0.73257   
OIL t+6 -0.05171  0.16407   
OIL t+7 -0.08430  0.00000  *** 

Table 6 summarizes the performance of the cryptocurrency market, which emerged 
as the most severely affected among all markets studied. Bitcoin exhibits a CAR of –
8.912% on the event date (1% significance), with continued sharp declines over the 
following days: –20.315% (t+1, 1%), –17.057% (t+2, 10%), and –23.141% (t+3, 1%). 
Ethereum shows a similar response. Its event-day CAR is –11.975% (1% significance), 
and it records the most pronounced negative CAR across all assets on t+1 at –26.096% 
(1% significance). CARs remain severely negative on t+2 (–17.475%, 1%) and t+3 (–
22.145%, 5%). These results confirm that cryptocurrencies experienced the most severe 
and persistent negative spillovers from the FTX collapse. 

Table 6. Cumulative abnormal returns in the cryptocurrency market. 

Panel A: Bitcoin (BTC) 
 Event Window CAR P-value  
BTC t-4 0.01237  0.50392   
BTC t-3 0.03858  0.15664   
BTC t-2 0.05651  0.33275   
BTC t-1 0.02326  0.07237  * 
BTC t -0.08912  0.00000  *** 
BTC t+1 -0.20315  0.00000  *** 
BTC t+2 -0.17057  0.07835  * 
BTC t+3 -0.23141  0.00101  *** 
BTC t+4 -0.20154  0.10651   
BTC t+5 -0.20177  0.99001   
BTC t+6 -0.20835  0.72236   
BTC t+7 -0.18673  0.24277   

Panel B: thereum (ETH) E
 Event Window CAR P-value  
ETH t-4 -0.00401  0.87976   
ETH t-3 0.03223  0.17198   



 

182             G. Xu

Table 6. Cumulative abnormal returns in the cryptocurrency market (Continued). 

Event Window CAR P-value  
ETH t-2 0.06997  0.15490   
ETH t-1 0.04481  0.34308   
ETH t -0.11975  0.00000  *** 
ETH t+1 -0.26096  0.00000  *** 
ETH t+2 -0.17475  0.00116  *** 
ETH t+3 -0.22145  0.07837  * 
ETH t+4 -0.19007  0.23682   
ETH t+5 -0.20377  0.60541   
ETH t+6 -0.22458  0.43295   
ETH t+7 -0.21086  0.60510   

5 Conclusion 

Overall, the FTX collapse—an exchange-level governance and solvency failure—was 
associated with pronounced short-term spillovers mostly confined to the cryptocur-
rency ecosystem (especially assets linked to FTX). Traditional markets showed essen-
tially no systemic contagion at the daily-price level, though broader effects could still 
arise via confidence, liquidity, credit channels, or non-price indicators6 (Diebold and 
Yılmaz, 2014). 

Our analysis suggests that policy should first address the internal vulnerabilities of 
the crypto ecosystem, as highlighted by the severe spillovers. This provides direct sup-
port for strengthening custody13 and client-asset segregation9 (Nabilou, 2022; Gensler, 
2022). Furthermore, the findings further suggest—aligning with prior literature—that 
a comprehensive approach should also encompass cross-market monitoring1 (Board, 
2023), improved transparency5 (Corbet et al., 2019), and international regulatory har-
mony14 (Powell, 2023) to bolster systemic resilience. 

Our daily data aligns with the core goal—capturing short-term cross-market spillo-
vers via daily price adjustments—and isolates the FTX collapse’s net impact. Notably, 
it does not cover intraday liquidity exhaustion or microstructural dynamics (e.g., cross-
market order flow), as these belong to market microstructure research—distinct from 
our macro spillover focus. Future work with trading volumes, fund flows, or on-chain 
indicators could complement this by covering micro dimensions. 

In sum, FTX triggered severe and persistent negative price effects within crypto mar-
kets but only limited immediate spillovers to equities, money markets, and energy. 
Stronger asset-segregation rules, greater transparency, enhanced monitoring, and inter-
national coordination remain essential to mitigating future exchange-level crises14 
(Powell, 2023). 
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