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Abstract

This paper assesses the effects of personalization through Al on consumer behaviour in online
marketing, in terms of involvement, trust, satisfaction, privacy issues and purchase choices.
Structured questionnaire was used as a guide to administer questionnaires to 164 individuals
and data collection was done using a five-point Likert scale to describe perceptions about Al-
driven personalization on five major dimensions. The statistical results showed that the concept
of personalization based on Al plays a significant role in consumer behaviour, especially in
terms of increasing engagement and purchasing behaviours. It is worth noting that, 92
respondents greatly agreed that individualized advertisement influenced their purchase
decisions positively which supports the effectiveness of customized marketing. Nonetheless,
the issue of privacy was a significant threat, with 62 participants showing no opinion and 26

respondents stating that the problem of privacy had a negative impact on their reactions to
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personalized marketing, which suggested that the attitudes of consumers to the safety of their
data were rather reserved. Customer satisfaction was shown to have ambivalent reactions with
95 respondents agreeing that personalized communication lived to their expectations but 88
strongly disagreeing with the idea that personalization would specifically promote the level of
overall satisfaction, and this is accompanied by high-quality and relevant content. The effect of
personalized recommendations on consumer engagement was significantly positive, since 129
respondents affirmed that personalized recommendations did enhance product exploration,
which contributes to the role of targeted content in digital marketing. Also, Al-driven
personalization was identified to arouse impulse buying with 47 respondents highly agreeing to
this but skepticism was still widespread about the predictive ability of Al, and 63 of the
respondents highly disagreed that Al is able to predict their purchasing requirements. This paper
identifies the two-sidedness of Al-based personalization and recommends moderate approaches
to marketing that will combine openness, ethical use of data, and better predictive performance.
The findings can be utilized by the marketer and Al developers to enhance consumer confidence

and advance the Al-based personalisation in the digital marketing landscape.
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1. Introduction

Engagements of the business and the customer have now developed into more
sophisticated data-driven digital marketing, as opposed to the traditional marketing methods. In
recent years, artificial intelligence (AI) has revolutionized this area of business to enable
companies to offer hyper-personalized content to consumers regarding purchase history,
preferences, and behaviour. The concept of Al personalization uses predictive modelling,
machine learning, and analysis of big data to provide consumers with personalized experiences,
which brings about the most engagement and conversion (Singh and Ahmed, 2024). Al
customization is not easy, but, in particular, regarding data ethics, trust, and data privacy. The
need to be sensitive to consumer behaviour is inevitable in the world where purchasing
decisions are influenced by online activity. The consumers are more concerned with data
collection on a personal level which builds controversy on whether the advantage of
personalization is more than the security risks and privacy risks. Firms can seize the potentials
of maximization of marketing through the application of AI personalization to enhance

preference information among clients. It has been shown that personal recommendations and
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targeted advertising both affect the consumer behavior gargantuously, maximally stimulating
the brand involvement and purchases (Raji et al., 2024). The Al personalization will maximize
user experience, but, at the same time, it poses the risk of instilling doubt in consumers who
feel that their privacy is invaded. Others are too sensitive to high personalization, and the
resistance to personalized marketing content builds up. This duality presents a challenge,
namely, the personalization versus the ethical use of data to build trust and maximize marketing.
It is a matter of the consideration of the role of Al on consumer engagement, trust, satisfaction,

privacy, and buying behaviour.

In spite of the benefits of Al-based personalization, research gaps exist. Consumer trust
is one of the strongest challenges since the majority of consumers are afraid of the transparency
of the Al system that tracks their online presence. Even though personalization has the potential
to arouse satisfaction by making correct recommendations, it introduces data collection and
usage ethics to a high-profile (Chowdhury et al., 2024). The second problem is consumer
weariness of excessive exposure to personalized advertising. Research has shown that over
targeting content is considered to be intrusive and destroys brand image. Though Al aims to
make a correct prediction and select preferences, it is not usually the case. Wrong
recommendations or inappropriate advertisements will anger the customers, decreasing their
participation. Moreover, digital marketing is difficult due to the increasing regulatory pressure
on data privacy and Al ethics, and high adherence to regulation, as well as successful
personalization, are the only options (Gowri, 2024). All the problems lead to the necessity of
optimal approach that would provide as much personalization as possible and still guarantee
rights and preferences of consumers. The primary purpose of the research is to test the impact
of Al-based personalisation on the consumer behaviour in the context of digital marketing i.e.
how the engagement, trust, satisfaction, privacy concerns, and purchasing behaviour is
influenced by a personalized advertisement. The internet marketing relies on consumer
engagement; through personalization users are more engaged with content. Browsing and
buying past history fosters personalization of products by Al platforms to enable consumers to
make better decisions (Singh and Ahmed, 2024). However, to achieve loyalty, it is not enough
to engage, but rather trust the consumers in their engagement with Al marketing. Since
personalization leads to enhanced user experience, the issue of data privacy and ethical beliefs
can undermine trust, making some avoid personalized marketing (Chowdhury et al., 2024). The
other important feature that is influenced by Al-based personalization is customer satisfaction.

Good personalization has the capability to increase customer satisfaction with the presentation
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of customers with relevant and valuable content that matters. Untruthful, overt, or invasive Al-
based suggestions, in its turn, may result in dissatisfaction and lost consumer trust. According
to the studies (Raji et al., 2024), the majority of customers would not mind receiving the
personalized marketing campaign, but they would like it in case the brands would inform them
about how they are getting and using their personal data. Also, Al-based personalization is a
significant factor in purchasing behaviour because research has shown that personalized
recommendations increase impulse buying and the overall conversion rates. Nonetheless, Al-
based marketing is not of great interest among everyone because some people believe that
predictive algorithms are manipulative or unreliable. Since the issue of data privacy remains
topical, the regulatory rules became more demanding, and companies must use ethical and
transparent methods of Al personalization. The study of Al personalization will be analyzed to
determine whether it accurately predicts the customer needs in terms of purchase and whether
it would positively change brand loyalty or cause decision fatigue. Consumers have become
more conscious of the ways their personal data is utilised and, consequently, require more
control over their personal data (Patil, 2024). Such a tendency has substantial consequences on
digital marketing because organizations have to deal with the issue of maintaining the efficiency
of personalization and, at the same time, comply with privacy regulations and ethical matters.
Learning how the consumer perceives Al-based personalization will enable the marketers to
better their approaches to providing value content without losing user confidence. The research
aims to provide the understanding of the complexity of Al-based personalization, its
advantages, and dangers so that organizations could design consumer-oriented and reasonable
ethical marketing practices.

The online marketing has been transformed by Al personalization, which has enabled
companies to fuel the sales and interactions. However, its application is complicated by the
problems of trust, privacy and ethics. This study put into consideration the effect of Al
personalization on consumer behaviour that carries its own strengths and limitations. It offers
information to organizations to become as marketing-effective as ethically using the data and
protecting the consumers. Analysis of the relationships between personalization, trust,
satisfaction, engagement and buying can help companies to gain the maximum effect of Al
marketing without losing consumer trust, which will inform future research. Based on these
purposes, the following research questions were formulated.

1. How does customer satisfaction and engagement shift due to Al-based personalization?

2. How are privacy and trust concerns influencing the acceptance of targeted marketing among

consumers?
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2. Review of Literature

The digital revolution in marketing has completely transformed the behaviour of
consumers, influencing the way they interact with the brands, and how they make their buying
choices. Digital marketing, a collection of internet based marketing tools have developed as a
form of statical advertisement into such a personalized and interactive content. Consumer data
is being personalized through experience using predictive analysis based on artificial
intelligence (Al) integration (Mehta and Dave, 2024). The aim of Al-based personalization is
to maximize the engagement and consumer targeting and maximize the conversion, and real-
time data are utilized in this area. The rising adoption of Al-driven marketing solutions requires
a high level of expertise on consumer behaviour in digital settings. To understand the impact of
Al-based personalization on engagement, confidence, privacy, and satisfaction research is
required (Ganeshkumar et al., 2024). Studies have determined that digital marketing strategies
affect purchasing behaviour highly. The artificial intelligence is a new sphere of application of
marketing, where the accent is made on the process of automation and optimization of
communication with customers. The Al personalization utilizes big data processing and natural
language processing, and machine learning technology to deliver consumer-centric content. The
technologies listed above monitor the browsing history, purchasing, and social media to suggest
user-specific offers (Anjum, 2024). The studies conducted on Al-based personalization have
evidence of how the activities of predictive analytics, recommendation systems, and adaptive
content work. Predictive analytics predict future consumption behaviour by understanding the
past activity, whereas recommendation systems suggest other adjacent goods or services using
consumption patterns (Gkikas and Theodoridis, 2021). The contextual marketing campaigns are
dynamic and have adaptive content that automatically updates on the fly in sync with user
experience. Technology Acceptance Model (TAM) is one of the foundations that explain how
consumers will adopt Al marketing. It describes how the perception of usefulness and the ease
of use influence the interaction with Al content (Davtyan and Business, 2024). As the marketing
performance is increased with the help of Al personalization, the question of data correctness
and ethics concerns should be considered. Engagement of the customer is an important issue
towards successful digital marketing and a determinant in brand loyalty and purchasing
behaviour. The theories encourage the customer to have meaningful interaction with the brand.
Personalization elevates the engagement levels to high levels of relevance (Rajawat et al.,
2024). Experiments also point out that Al personalization enhances the level of interaction,
making them more likely to remain and interact with the brand. Nevertheless, there is a lack of

knowledge about the way various strategies affect engagement and demographic factors.
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Personalized recommendations can be appreciated by some consumers, whereas they seem
obtrusive to others, which would require a moderate approach to Al engagement (Rajput et al.,
2024). The challenge is to make Al algorithms more refined to involve customers without
swamping them. Further studies should be conducted on the long-term effect of Al-led
interaction on consumer-brand associations.

The digital revolution in marketing has completely transformed the behaviour of consumers,
influencing the way they interact with the brands, and how they make their buying choices.
Digital marketing, a collection of internet based marketing tools have developed as a form of
statical advertisement into such a personalized and interactive content. Consumer data is being
personalized through experience using predictive analysis based on artificial intelligence (Al)
integration (Mehta and Dave, 2024). The aim of Al-based personalization is to maximize the
engagement and consumer targeting and maximize the conversion, and real-time data are
utilized in this area. The rising adoption of Al-driven marketing solutions requires a high level
of expertise on consumer behaviour in digital settings. To understand the impact of Al-based
personalization on engagement, confidence, privacy, and satisfaction research is required
(Ganeshkumar et al., 2024). Studies have determined that digital marketing strategies affect
purchasing behaviour highly. The artificial intelligence is a new sphere of application of
marketing, where the accent is made on the process of automation and optimization of
communication with customers. The Al personalization utilizes big data processing and natural
language processing, and machine learning technology to deliver consumer-centric content. The
technologies listed above monitor the browsing history, purchasing, and social media to suggest
user-specific offers (Anjum, 2024). The studies conducted on Al-based personalization have
evidence of how the activities of predictive analytics, recommendation systems, and adaptive
content work. Predictive analytics predict future consumption behaviour by understanding the
past activity, whereas recommendation systems suggest other adjacent goods or services using
consumption patterns (Gkikas and Theodoridis, 2021). The contextual marketing campaigns are
dynamic and have adaptive content that automatically updates on the fly in sync with user
experience. Technology Acceptance Model (TAM) is one of the foundations that explain how
consumers will adopt Al marketing. It describes how the perception of usefulness and the ease
of use influence the interaction with Al content (Davtyan and Business, 2024). As the marketing
performance is increased with the help of Al personalization, the question of data correctness
and ethics concerns should be considered. Engagement of the customer is an important issue
towards successful digital marketing and a determinant in brand loyalty and purchasing

behaviour. The theories encourage the customer to have meaningful interaction with the brand.
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Personalization elevates the engagement levels to high levels of relevance (Rajawat et al.,
2024). Experiments also point out that Al personalization enhances the level of interaction,
making them more likely to remain and interact with the brand. Nevertheless, there is a lack of
knowledge about the way various strategies affect engagement and demographic factors.
Personalized recommendations can be appreciated by some consumers, whereas they seem
obtrusive to others, which would require a moderate approach to Al engagement (Rajput et al.,
2024). The challenge is to make Al algorithms more refined to involve customers without
swamping them. Further studies should be conducted on the long-term effect of Al-led
interaction on consumer-brand associations.

3. Methodology

The study used the quantitative approach to measure the consumer perceptions on online
marketing using Al-powered personalization. To collect and analyze statistical data, a
standardized questionnaire was applied. According to Groves et al. (2011), the structured
questionnaires offer measurable facts and improve reliability. The questionnaire to measure the
impact of Al-powered personalization on behaviour consisted of five sections, including Al-
Powered Personalization, Customer Satisfaction, Trust and Privacy, Consumer Engagement,
and Purchase Decisions. Consumer attitudes were measured using the five-point Likert scale,
where strongly disagree (1) and strongly agree (5) is the response. Likert scale is widely used
in research studies in order to measure the opinions and trends (Schwarz, 2007). The subjective
positive and negative attitudes towards Al-powered marketing were measured with the
methodology. The study assessed the impact of Al-based personalization regarding engagement,
trust, satisfaction, privacy, and purchasing behaviours by classifying the questions by category.
The sample had 164 respondents, which was large enough to analyze. Best practice survey
methodology allowed minimum bias and maximum accuracy. De Leeuw et al. (2012) designed
the questionnaire to allow minimal bias in self-reports by use of simple language to ensure the
questionnaire was designed in a unbiased manner. The questionnaire was pilot-tested on clarity
and validity and then used in its entirety.Data were collected and analyzed in terms of trend and
insights after data collection. Descriptive statistics were used to validate consumer attitudes,
whereas inferential analysis correlated Al personalization and behaviour of a consumer. The
design of the test evaluated the impact of customized marketing on the engagement, trust,
satisfaction, privacy and purchase decisions. Results can be used to prove the advantages and
drawbacks of Al personalization in terms of internet marketing.

4. Description of the questionnaire
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In this study, the survey of the effect of Al personalization on consumer behaviour was
conducted in five parts including AI-Powered Personalization, Customer Satisfaction, Trust and
Privacy, Consumer Engagement, and Purchase Decisions. The Al-Powered Personalization
section was about the impact of Al personalization on consumer behaviour. Each section
contained questions regarding the attitude of consumers and their experience with Al marketing.
The Customer Satisfaction section involved measuring the impact of personalization on buying,
the impact of personalized advertisement on purchase decisions and preferences in comparison
to normal advertisements. The Trust/ Privacy section asked about data sharing and transparency
issues, personalization did enhance satisfaction, did provide value, and did meet expectations
in communication. The Consumer Engagement section evaluated the effect of Al
personalization on the engagement with online content, e.g. the feeling of comfort sharing data,
the influence of transparency on trust and the influence of privacy concerns on responsiveness.
The Purchase Decisions section asked a question on the effect of personalisation on the
purchasing behaviour, e.g., does personal marketing help in discovering the product, spending
more time online, and having more interaction with the brand through personalised offers. The
part of the survey scaled the impulse purchase caused by the personalized advertising, whether
the consumers could be influenced into buying the products suggested by Al, and whether
consumers thought that Al recommendations were relevant to their requirements. The questions
used a five-point Likert scale in the form of 1 (strong disagreement) to 5 (strong agreement) to
measure consumer attitudes towards Al marketing. Here, the aim was to examine the impact of
the Al-based personalization on their interaction, trust, satisfaction and consumption behaviours
among consumers.

5. Data Analysis Techniques

To obtain validity, reliability, and accuracy of findings, a data analysis plan was drawn. The
dataset was cleaned in preparation of analysis and perceived to be complete and consistent.
Lack of responses or irregular responses were treated to ensure the integrity of the dataset. The
research analyzing the effect of Al personalization on consumer behaviour involved descriptive
and inferential statistics. Descriptive analysis involved mean and standard deviation to
summarize the respondents attitudes towards Al personalization, central tendencies and
variability. The variables were mainly, Al personalization, consumer engagement, trust,
satisfaction, privacy, and purchase behavior. Inferential methods were used to test the
association between these variables. Consumer opinions on an average basis (mean) were used
to represent overall trends and standard deviation was used to measure variability in the

responses. A Chi-Square Test of Independence was used to test relationships between Al
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personalization and purchase behaviour with a non-parametric test being used to determine the
significant impact of consumer purchases. The test examined how exposure to the various levels
of Al-based personalization affects various intentions and purchase decisions. Chi-Square Test
was used, and the study could determine the independence of variables and test whether some
of the observed associations were statistically significant. Descriptive and textual analysis were
employed to test Al personalization implications on consumer engagement, trust, satisfaction,
privacy concerns and purchasing behaviour. This has facilitated the development of statistically
viable and practically viable outcomes of online marketing. Table 1 demonstrates the methods

of data analysis.

Table-5.1: Data Analysis Techniques

Type of
Statistical Test Purpose Variables Involved
Analysis
) Al-driven personalization,
54 Mean and To summarize respondents'
b . ) Engagement, Trust,
% Standard overall perceptions regarding ) . .
2 ) o Satisfaction, Privacy
2 Deviation Al-driven personalization. .
_ concerns, Purchase decisions
To assess whether significant
<
- Chi-Square Test | relationships exist between | Al-driven personalization and
o
E of Independence | Al-driven personalization and Purchase decisions
=
= consumer purchase decisions.

The questionnaire rates consumer attitude towards Al Personalization of online advertisement
on five scales: Al Personalization, Customer Satisfaction, Trust & Privacy, Engagement, and
Purchase Decisions. It has gathered feedbacks of 164 respondents concerning the level of their
agreement with the statements concerning personalized advertising. Under AI-Driven
Personalization, the findings indicate that personalized adverts are relevant in influencing
consumer purchasing behaviour with 92 respondents (56.1) strongly adhering to the statement.
Table-2 indicates the percentage of responses.

Table-5.2: Results of the Questionnaire

Question Strongly | Disagree | Neutral | Agree | Strongly
Disagree 2) A3) “4) Agree
@ )

Section
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Personalized ads have
£ positively influenced my 50 5 3 14 92
g buying decisions.
E Personalized
% recommendations often 10 41 53 10 50
% align with my preferences.
E I notice personalized ads
= more than generic 22 49 49 37 7
advertisements.
Personalization makes my
online shopping experience 88 19 10 2 45
% more satisfying.
?::, Receiving personalized
;‘% offers makes me feel 58 0 37 13 56
g valued.
% Personalized
© communication meets my 6 40 16 95 7
shopping expectations.
I am comfortable sharing
my data for better 12 3 76 62 11
personalization.
. Transparency in data usage
_§ increases my trust in 38 60 28 26 12
:E personalized marketing.
é Pri\./acy c.oncems =
negatively impact my 5 61 0 iy
response to
personalization.
g g Personalized digital
g %‘é marketing encourages me 9 27 48 46 34
8 5 to explore more products.
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Personalized
recommendations make me 37 3 6 83 35

spend more time online.

Customized offers increase
) ) ] 11 12 118 0 23
my interaction with brands.

Personalized marketing
often prompts me to make 28 42 38 9 47

impulsive purchases.

I am likely to buy products
recommended through
personalized

advertisements.

Purchase Decisions

Al-driven personalization
effectively predicts my 63 49 5 27 20

buying needs.

There was however a more divided opinion on how personalized recommendations
aligned with the user preferences with the responses distributed across the spectrum being
relatively even which shows that the consumer experiences varied. Interestingly, the recognition
of personalized advertisements compared to the generic advertisements was not accompanied
by a high level of consistency, with the answers being divided, with 49 participants choosing
the Neutral and 49 participants choosing the Disagree. Personalization In reference to Customer
Satisfaction, 88 respondents strongly disagree that personalization is a contributor to the
shopping experience. A comparable trend was also noted in the answers regarding the belief on
whether personalized offers make consumers feel most valued with significant disparity and the
middle. Though 95 respondents supported the fact that personalized communication is
associated with their expectations of the shopping process, 40 disagreed, which indicated that

there exist differences in terms of consumer sentiment. The Trust and Privacy domain exposes
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issues of sharing and transparency of data. In a considerable percentage (76 participants),
respondents were indifferent regarding their ease of sharing data whereas a large number (62
participants) agreed. Data usage transparency was perceived mixedly, as 60 respondents did not
agree that it makes them trust the company more, which allows them to be skeptical. Also, the
issues of privacy seem to be a significant obstacle since 61 respondents did not agree with the
argument that the problem of privacy adversely affects their reaction to personalization. Among
Consumer Engagement category, findings indicate that customized digital marketing does not
have a universal effect of enhancing consumer engagement. However, although 46 respondents
concurred that personalization stimulates product exploration, there was a significant number
(48 respondents) who were neutral. Equally, the factor of personalized recommendation
correlated with more online interaction with others as 83 out of the 100 respondents agreed but
a considerable number of respondents were neither inclined nor opposed. Tailor-made deals
were neutral to a small extent (118 respondents), which showed no perceived influence on brand

communication.

Lastly, Purchase Decisions section puts an emphasis on the way Al-driven personalization
affects the consumer purchases. Although 47 respondents strongly believed that personalization
leads to impulsive buying, 42 disagreed and this shows that there are different effects between
consumers. In addition, 65 respondents strongly responded that they would tend to buy the
products depending on the personalized advertisements, which implies a significant influence
on the purchase. Nevertheless, the views on the capabilities of Al in predicting the needs to
purchase were mixed with 63 individuals strongly disagreeing with the concept and 49
disagreeing, indicating the uncertainty people have towards how effective Al-based
personalization is. Although customized marketing techniques are seen to work in affecting
purchase decision-making processes among others, issues regarding trust, privacy, and
transparency of the data are still present. The range in the answers indicates that Al-based
personalization does not necessarily conform to the expectation of all consumers, and additional
research on the best way to optimize personalized marketing needs should be conducted to

increase consumer trust and involvement. Figure 1 presents the results of the survey.
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The descriptive statistical analysis of the perceptions of respondents towards Al-driven

personalization shows that there are great differences in consumer attitudes in various areas.

The average scores show an overall positive attitude towards personalized advertisements with

the average of 3.57 (SD = 1.81), which implies the presence of a significant number of

respondents who admit that Al-based marketing influences their buying habits. Nonetheless,

customized recommendations that were more aligned with the consumer preferences had a

lower mean of 3.30 (SD = 1.30) which depicts a more neutral position and possibilities of

inaccuracy of the recommendations. It is noteworthy that the familiarity of personalized ads

compared to generic advertisements showed the lowest mean (2.74, SD = 1.08), and it may be

assumed that the respondents do not always see targeted advertisements as unique and

interesting. The table-3 presents the descriptive statistics.

Table-5.3: Descriptive Statistics

Section Question Mean Standard
Deviation

Al-Driven Personalized ads have positively
Personalization influenced my buying decisions. 3.567073171 1.810437013
Al-Driven Personalized recommendations often
Personalization align with my preferences. 3.298780488 1.302097779
Al-Driven I notice personalized ads more than
Personalization generic advertisements. 2.743902439 1.083178413
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Customer Personalization makes my online

Satisfaction shopping experience more satisfying. | 2.37195122 1.730830106

Customer Receiving personalized offers makes

Satisfaction me feel valued. 3.054878049 1.695367375

Customer Personalized communication meets

Satisfaction my shopping expectations. 3.347560976 1.012768254
I am comfortable sharing my data for

Trust & Privacy better personalization. 3.347560976 0.917415095
Transparency in data usage increases

Trust & Privacy my trust in personalized marketing. 2.475609756 1.215701063
Privacy concerns negatively impact

Trust & Privacy my response to personalization. 2.920731707 0.946318382

Personalized digital marketing

Consumer encourages me to explore more

Engagement products. 3.420731707 1.151071819

Consumer Personalized recommendations make

Engagement me spend more time online. 3.463414634 1.441668443

Consumer Customized offers increase my

Engagement interaction with brands. 3.073170732 0.950046661
Personalized marketing often

Purchase prompts me to make impulsive

Decisions purchases. 3.030487805 1.467119295
I am likely to buy products

Purchase recommended through personalized

Decisions advertisements. 3.829268293 1.175463653

Purchase Al-driven personalization effectively

Decisions predicts my buying needs. 2.341463415 1.437614863

Concerning customer satisfaction, the data indicates that personalization is not always useful to
the shopping experience, with a mean of 2.37 (SD = 1.73) showing that there is an overall
mismatch in the view of the usefulness of personalization. On the same note, although tailored

offers that made consumers feel special had a mean of 3.05 (SD = 1.70), the standard deviation
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was indeed large, indicating a high degree of difference in experiences of the respondents. Trust
and privacy in personalization is a controversial topic, and it is confirmed by the mean score of
3.05 (SD = 1.70) of transparency in data usage that fosters trust which reflects a current concern
about data ethics and privacy.The data on the issue of consumer engagement supports the claim
that exploration of products is promoted by personalized marketing (mean = 3.18, SD = 1.43).
Nevertheless, tailored offers were significantly less in mean with 2.91 (SD = 1.34) indicating
low efficiency in interacting with consumers with brands. Impulsive purchasing behaviour was
found to be scored 3.01 (SD = 1.64) and Al predictive capability upon consumer need was found
to be scored 2.85 (SD = 1.42) indicating distrust towards Al advice. On the whole, findings
indicate that the effects of Al personalization can affect consumer behavior though at varying
degrees. It has a positive impact on some consumers, but the issues of privacy, trust, and
accuracy emerge. Inferential statistics in table 4 reveal that more personalization measures are
needed in order to boost consumer trust and consumer satisfaction. Huge standard deviations

mean consumer experience variability.

Table-5.4: Inferential Statistics

Obser | Obser | Obser | Obser | Obser | Obser | Expec | Expec | Expec | Expec | Expec | Expec

Datas ved ved ved ved ved ved ted ted ted ted ted ted

SD D2) | N(3) | AM®) SA Row SD D2) [ N3 | A@ SA Row
Descriptions

) ) | Total | (1) (5) | Total
Al-Driven 82 95 | 105 | 61 149 | 492 | 905 | 99 | 965 | 655 | 1405 | 492
Personalization
Purchase
- 99 | 103 | 88 70 | 132 | 492 | 905 | 99 | 965 | 655 | 140.5 | 492
Decisions

181 198 193 131 281 984 181 198 193 131 281 984
Column Total

The correlation between customer satisfaction, engagement and personalization based on Al is
complex. Personalized marketing can enhance the level of engagement in the form of increasing
the exploration of the product (mean = 3.18, SD = 1.43) and online behaviour, whereas the
effects on satisfaction are conflicting. The influence of personalization on the purchasing
process was rated low (mean = 2.37, SD = 1.73), which implies that this approach stimulates
the purchasing process, but it is not necessary to achieve higher satisfaction. Individualized
offers to make more engagement scored a mean of 2.91 (SD = 1.34) meaning insignificant effect

on brand engagement. Although personalization by Al is appealing, it may not match
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personalized desire hence dissatisfaction. The matter of trust and privacy is the fundamental
aspect of consumer acceptance of customized marketing. Part of these respondents agreed to
data sharing because of greater personalization (mean = 3.05, SD = 1.70), and data transparency
did not always result in the establishment of trust as there were differences in the responses.
The topic of privacy was also a concern, as 61 respondents did not agree that privacy concerns
are one of the issues that do not allow them to respond to personalization. Some consumers are
open to data-based marketing, whereas ethical use of data and security concerns are the issue to
complete its acceptance. The Chi-Square Test of Independence showed that there is no
significant relationship between Al personalization and purchase decisions (kh2 = 5.06, p =
0.28) personalization has impact on engagement but not purchase or consumer trust. The results
suggest a necessity of openness and ethical management of data in building consumer

confidence in Al-based programs. The findings have been provided in figure-2.

Figure-5.2: Chi-Square Test of Independence

Comparison of Observed and Expected Frequencies for Al-Driven Personalization and Purchase Decisions

149
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140 b B Observed: Purchase Decisions
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o e
e
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a9 ¢ e : pgree pore®

Response Categories

6. Conclusion
A complex relationship between consumer satisfaction, trust, privacy concern, and buying
behaviour leads to the revelation of the research as a complex interplay towards Al-driven

personalization. Personalized marketing will motivate engagement and product discovery but
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has a different impact on satisfaction and purchase. The study finds out that though Al-based

personalization may propel customers into trying products and enticing them, it does not

always relate to increased satisfaction and trust. In fact, the effectiveness of personalization
can be limited by the data use concerns as the consumer adoption is restricted by privacy and
transparency concerns. Studies have shown a low correlation between the purchasing
behaviour and the Al personalization and that the salience of recommendations, ethical use of
data, and consumer agency are factors in determining the purchasing behaviour.

The longitudinal studies can reveal how the customers react to repetitive, one-to-one contact

which influences their perception and faith of firms. Experimental research will determine

whether any causal relationships can be developed between the personalization strategies and
the consumer behaviour. Evaluating demographic differences in acceptance of Al-based
personalization can also help to better customize marketing strategies, so that the
personalization undertaken does not violate the expectations and privacy concerns of various
types of consumers. Moreover, inclusion of neuroscientific and behavioural analytics in future
study might provide a more extensive perspective of the cognitive and emotional mechanisms
involved in consumer decision-making to the marketing interventions driven by Al. This kind
of interdisciplinary can help in formulating more effective, ethical and consumer-focused
personalization strategies in digital marketing.
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