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Abstract. Generative artificial intelligence is increasingly integrated into online
travel platforms to support trip planning, yet limited research examines how
commercial implementations address tourism decision overload in practice. This
study conducts a qualitative, multi-platform comparative analysis of generative
Al trip-planning tools on four major platforms—Booking.com, Tripadvisor,
Google Al Mode Canvas, and Expedia Romie—using a standardized scenario: a
5-day trip to Algiers, for a solo traveler with mid-range budget and cultural
interests. The analysis focuses on three dimensions: choice curation, information
synthesis, and recommendation transparency. Results show that Tripadvisor and
Google Al Mode most effectively reduced decision overload by generating
comprehensive day-by-day itineraries that bundled dispersed information into
actionable plans, while Booking.com provided strong accommodation support
but weaker activity planning, and Expedia Romie underperformed due to data
sparsity for this secondary MENA destination. Transparency emerged as a
universal weakness: no platform systematically communicated recommendation
logic or flagged potential Al errors. These findings contribute to understanding
how platform-level design choices shape Al-mediated tourism decision-making
and highlight the need for improved data coverage for MENA destinations,
explicit transparency mechanisms, and bias mitigation strategies to ensure
generative Al tools support diverse tourism ecosystems while preserving
consumer trust and autonomy.

Keywords: Generative Al, Tourism Decision Overload, Trip Planning,
Recommender system, MENA tourism, Algeria.

1 Introduction

Generative artificial intelligence (Al) is reshaping how tourists search, evaluate, and
select travel options in an increasingly complex digital marketplace, intensifying
longstanding concerns about choice and information overload in tourism [1][2][3][4].
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While online agencies and review platforms broaden access to destinations and ser-
vices, an excess of comparable options and fragmented information can reduce decision
quality, increase decision deferral, and undermine satisfaction, prompting the develop-
ment of recommender systems and, more recently, generative and conversational agents
to streamline decision processes [2][3][5][6]1[7]1[8][9][10]. Emerging evidence suggests
that generative tools such as ChatGPT and platform-specific planners can narrow com-
plex option sets and provide structured suggestions that affect perceived effort, useful-
ness, and trust, yet concerns about hallucinations, bias, opacity, and privacy remain,
and the literature still pays limited attention to how commercial platforms concretely
implement choice curation, information synthesis, and transparency in real interfaces
[L1][12][13][7][9][10].

Against this backdrop, the present study conducts a comparative, multi-platform
analysis of generative trip-planning features on leading travel services, focusing on
choice curation, information synthesis, and recommendation transparency, in order to
deepen theoretical understanding of Al-mediated tourism decision making and to pro-
vide actionable insights for tourism businesses and policymakers seeking to use gener-
ative Al to alleviate decision overload while preserving consumer autonomy and trust

[71[10].

2 Literature review

2.1  Artificial intelligence in tourism

Artificial intelligence has become a central driver in tourism, supporting personaliza-
tion, operational efficiency, and strategic decision-making. Systematic reviews identify
natural language processing, machine learning, and recommender systems as the most
employed technologies, with applications spanning marketing, customer service, reve-
nue management, and operations [10][14]. Generative Al—particularly large language
models—has rapidly shifted from an emerging topic to a prominent research and prac-
tice agenda [15].[1] position generative Al as a transformative capability across the
tourist journey, from inspiration to post-trip engagement, arguing it can lower infor-
mation processing costs and enable granular personalization while raising concerns
over ethics, data governance, and workforce transformation. Against this background,
generative Al trip planners represent a high-impact manifestation of Al integration into
tourism.

2.2 Information and choice overload in digital tourism

Tourism involves complex, multi-attribute decisions that easily lead to overload in
online environments. Meta-analytic and conceptual work establishes that increasing al-
ternatives beyond a threshold reduces decision satisfaction and increases deferral or
reliance on simplifying heuristics [16]. In tourism specifically, choice overload affects
subjective states and behavioral outcomes through decision strategy complexity [17].
Research on online information overload shows that digital interfaces intensify confu-
sion when combining large volumes of options with heterogeneous, inconsistent cues,
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leading to lower perceived decision quality, weakened destination image, and reduced
purchase intentions [3][18][19]. Recent studies emphasize that the problem extends be-
yond quantity to fragmentation across platforms and formats, increasing cognitive in-
tegration effort [4][20]. These findings provide a conceptual foundation for viewing
generative Al trip planners as tools that may reconfigure choice architectures by sum-
marizing, filtering, and restructuring information.

2.3 Tourism recommender systems

Recommender systems have long addressed information overload in tourism through
collaborative filtering, content-based, and hybrid approaches that match users with des-
tinations and accommodations [21][S]. Recent reviews confirm their "pivotal role in
travel planning" by tailoring suggestions to user profiles and contextual [22]. Emerging
work explores proactive recommendation that anticipates user needs; [6] demonstrate
that such interventions can improve satisfaction and reduce perceived difficulty. How-
ever, challenges remain, including data sparsity, seasonality, and need for explainabil-
ity and fairness, as opaque algorithms may undermine trust and exacerbate biases to-
ward popular destinations [5]. Generative Al planners can be seen as an evolution from
item-level suggestions to narrative, itinerary-level recommendations combining multi-
ple items into coherent plans, though empirical comparisons with traditional interfaces
remain limited.

2.4  Generative Al trip planning, and consumer trust

A fast-growing body of work examines how generative Al influences travel planning.
[11] show that when ChatGPT narrows options, travelers' perceptions of effort and sat-
isfaction depend on retained control, suggesting hybrid human—AlI decision processes
can mitigate negative effects of option reduction. Users perceive generative itinerary
planners as helpful for structuring information and saving time, but express concerns
about accuracy and over-reliance [12][23]. Industry actors have responded: Book-
ing.com integrated Al features to "simplify key steps in trip planning" [7], while Tripad-
visor launched an OpenAl-powered itinerary generator [8]. However, generative Al
introduces new risks: [13] demonstrate that Al hallucinations significantly erode con-
sumer trust, especially for safety-critical trip aspects. [24] argue that bridging the re-
search—practice gap requires balancing automation with transparency, allowing users
to understand sources and limitations of Al content.

2.5 Research gap and contribution

The literature shows that Al and recommender systems have long targeted overload,
with generative Al further advancing this agenda through conversational, synthesized
outputs. However, gaps remain: most studies focus on generic models (e.g., ChatGPT)
or industry-level frameworks, with limited attention to how commercial platforms con-
cretely implement generative features [1][11]. Comparative research examining how
different platforms vary in choice curation and information synthesis is scarce, as is
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systematic analysis of how interfaces communicate logic, sources, and limitations—a
gap that recent work identifies as critical for building user trust and bridging research
with practice [13][24]. This study addresses these gaps through multi-platform com-
parative analysis focusing on three dimensions: choice curation, information synthesis,
and recommendation transparency; shifting the unit of analysis from algorithms in iso-
lation to the integrated, platform-level tools through which tourists actually experience
Al-mediated decision support.

3 Methodology

This study adopts a qualitative, multi-platform comparative design to examine how
generative Al trip-planning tools address tourism decision overload. The unit of analy-
sis is the Al-augmented trip-planning interface of leading online travel platforms, and
a scenario-based evaluation was conducted using a standardized simulated trip to Al-
giers, Algeria.

Four platforms were purposively selected because they integrate generative or
large-language-model features for leisure travel planning and have substantial global
or MENA reach: Booking.com’s Al Trip Planner (Smart Filters, Property Q&A, Re-
view Summaries, conversational planner), Tripadvisor’s OpenAl-based trip planner
(personalized day-by-day itineraries from its review corpus), Google Al Mode with
Canvas (side-panel, real-time itineraries integrating Flights, Hotels, Maps), and Expe-
dia’s Romie assistant (preference-learning, group chat planning, proactive recommen-
dations) [7][8][25][26].

A single scenario was applied to each platform: a 5-day/4-night trip to Algiers in
spring 2026 for a solo, mid-budget traveler interested in culture, history, local cuisine,
and authentic experiences. For each platform, a new session was started and natural-lan-
guage prompts aligned with the scenario were used until a reasonably complete itiner-
ary or recommendation set was produced. All prompts, system responses, and interface
elements were captured; cookies were cleared to limit personalization.

The analysis used an a priori framework from research on choice overload, recom-
mender systems, and generative Al in tourism [2][5][13]. Three dimensions were op-
erationalized: Choice curation (how the Al narrows/structures options: extent of nar-
rowing, filters, grouping into itineraries/themes, user control). Information synthesis
(how heterogeneous data are condensed: summaries, review sentiment, practical de-
tails, itinerary coherence) and Recommendation transparency (how basis, scope, and
limits are communicated: data-source statements, explanations, warnings, override con-
trols).

A cross-platform matrix was then constructed for the Algiers scenario, enabling sys-
tematic comparison of how each platform reduces perceived complexity, the richness
of synthesized information, and the clarity of explanations and uncertainty handling,
with particular attention to design choices shaping decision overload for a secondary
MENA destination.
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4 Results

4.1 Overview of platform responses to the Algiers scenario

All four platforms were tested with the standardized Algiers trip-planning scenario. The
platforms varied substantially in their ability to generate useful outputs, the structure of
their responses, and the depth of information provided. Table 1 summarizes the key
characteristics of each platform's response

Table 1. Summary of platform responses to Algiers trip-planning scenario

Platform  Output format Itinerary gen- Options presented Data richness Transparency
erated features

Book- Conversa- Partial day-  3-5 accommoda- Moderate (re- Minimal ex-

ing.com  tional +struc- by-day sug-  tions, limited ac-  views, ratings,  planations

Al Trip tured list gestions tivities prices)

Planner

Tripadvi- Narrative itin-  Full 5-day Bundled attrac- High (review Implicit data

sor Al erary itinerary tions per day excerpts, de- sourcing

Planner scriptions)

Google Al Side-panel Full 5-day Flights, hotels, ac- High (Maps, re- Limited in-situ

Mode workspace itinerary tivities integrated ~ views, real-time explanations

Canvas data)

Expedia Conversa- Partial sug-  Options presented Data richness Transparency

Romie tional assistant gestions features

Source: Elaborated by the authors based on the platforms output

4.2  Choice curation across platforms

The four platforms narrowed and structured options for Algiers very differently. Book-
ing.com’s Al Trip Planner returned 3—5 midrange, centrally located hotels plus broad
activity categories, but offered only a weak day-by-day structure and explicitly
acknowledged limited activities, directing users to explore locally; users could refine
results via filters and follow-up prompts. Tripadvisor generated the most complete
5-day itinerary, bundling 3—4 specific attractions and restaurants per day (e.g., The
Great Mosque of Algiers, Casbah of Algiers, Martyrs' Memorial, Notre-Dame d'Af-
rique, Jardin d'Essai), turning a large pool of listings into about 15-20 concrete recom-
mendations and thereby reducing decision effort. Google AI Mode Canvas also pro-
duced a structured 5-day plan, integrating flights, hotels, and activities in a side panel
that users could iteratively adjust (e.g., more food-focused experiences), though activity
depth for Algiers was thinner than for major European cities. Expedia Romie performed
weakest for Algiers, offering only general suggestions and no full itinerary, illustrating
data sparsity for secondary MENA destinations and limiting its planning value
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4.3  Information synthesis

Information synthesis quality also varied. Tripadvisor provided the richest synthesis,
with narrative descriptions combining attraction details, typical visitor experiences, and
practicalities like opening hours and context; for instance, its Casbah summary inte-
grated themes such as labyrinthine streets, Ottoman architecture, and optimal visiting
times, distilled from many reviews. Google Canvas robustly merged structured data
(prices, ratings, distances) with descriptions and Maps, offering hotel comparisons with
amenity and review highlights and activities linked to travel times from the chosen ho-
tel. Booking.com synthesized accommodation information well through review-based
summaries of “what guests like most” and attribute-focused descriptions, but offered
limited synthesized content for Algiers activities and dining. Expedia Romie could
combine flight information but lacked sufficient destination content to provide compa-
rable synthesis for Algiers, again reflecting data constraints.

4.4 Recommendation transparency

Transparency was the weakest dimension overall. Google Al Mode Canvas offered the
most contextual transparency by visually indicating data sources (e.g., Maps, reviews)
and enabling click-through to underlying listings, with the Canvas layout making
changes in outputs in response to new inputs relatively visible. Tripadvisor implicitly
signaled reliance on its review database through phrases like “traveler favorites” or
“highly rated,” but did not clearly explain why specific options were chosen over others
and did not warn about outdated information or Al limitations. Booking.com occasion-
ally explained recommendations (e.g., “matches your preference for central location™)
and included low-salience disclaimers about verifying details, but gave little insight
into selection logic. Expedia Romie stressed its learning and real-time monitoring ca-
pabilities but provided limited explanation of planning-phase recommendations. Cru-
cially, none of the platforms systematically highlighted the risk of Al hallucinations or
factual errors during trip planning, despite evidence that such errors can significantly
damage consumer trust [13].
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Table 2. Comparative assessment of platforms across analytical dimensions

Dimen-  Indicator Booking.com Tripadvisor ~ Google Expedia
sion Canvas Romie

Extent of narrowing Moderate High High Low
Choice 1 erary bundling Partial Full 5-day  Full 5-day Minimal
Curation

User control High Moderate High Moderate
Infor- Summary quality Good (hotels) Excellent Excellent  Limited
mation Review integration Yes Yes Yes Partial
;}S/nthe- Practical details Moderate High High Low

Data source indication Minimal Implicit Moderate  Minimal
Trans- Recommendation expla-  Occasional Rare Occasional Rare
parency  nations

Error/limitation warnings Rare None Rare None
MENA Destination Performance Moderate Good Good Poor
Language Support English English English English

Source: Elaborated by the authors based on the platforms output

4.5 Implications for tourism decision overload

The comparative analysis (table 2) reveals that generative Al trip-planning tools can
substantially alleviate decision overload through choice curation and information syn-
thesis, but effectiveness depends on platform design and destination data availability.

For Algiers scenario, Tripadvisor and Google Al Mode Canvas most effectively re-
duced overload by generating coherent day-by-day itineraries that transformed dis-
persed information into actionable plans, demonstrating that generative Al can support
destination planning in MENA region, though with less depth than for mainstream
cities; Booking.com offered strong accommodation support but weaker activity plan-
ning, while Expedia Romie underperformed for inspirational planning due to data spar-
sity. The universal weakness in transparency across all platforms suggests that current
generative Al implementations prioritize usability and perceived helpfulness over ex-
plainability and error disclosure. This finding aligns with concerns in the literature that
the efficiency gains of Al-mediated decision support may come at the cost of user un-
derstanding and appropriate calibration of trust [13][24].

5 Discussion

The findings confirm that generative Al trip-planning tools meaningfully reshape the
decision environment for digital tourists, though unevenly across platforms. The most
tangible benefit lies in choice curation: Tripadvisor, Google Al Mode, and Book-
ing.com bundle options into coherent multi-day itineraries, directly addressing the
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problem that excessive alternatives undermine satisfaction and increase decision defer-
ral [16].These systems operationalize a hybrid architecture where Al filters and struc-
tures while humans retain final authority [11].

However, curation effectiveness is destination-dependent. For Algiers, Tripadvisor
and Google Al Mode produced reasonably rich itineraries, whereas Expedia Romie was
constrained by data sparsity. This reinforces that algorithmic performance deteriorates
under sparse data conditions, with popular options over-represented [22][5]. For
MENA stakeholders, generative Al may currently amplify visibility for well-docu-
mented destinations while offering weaker support for emergent locations, potentially
reinforcing spatial inequalities in tourism demand.

Regarding information synthesis, generative Al significantly reduces cognitive ef-
fort by integrating reviews, ratings, and logistical details into manageable packages.
Tripadvisor's narrative itineraries and Google's Canvas summaries exemplify effective
extraction of themes from user-generated content combined with pragmatic constraints
[10][1]. Yet when underlying data are sparse, synthesis becomes generic, underscoring
the continued importance of data quality.

The most pronounced weakness is recommendation transparency. No platform sys-
tematically communicates how recommendations are produced, what sources are used,
or where limitations lie—striking given evidence that Al hallucinations significantly
erode consumer trust [13]. Current implementations prioritize frictionless experience
over informed decision-making, falling short of frameworks calling for explainable,
fair Al aligned with user values [1][24]. Platforms' reliance on popularity metrics risks
privileging mainstream suppliers, raising questions about ensuring diverse, inclusive
representation of MENA—and specifically Algerian tourism offerings.

6 Conclusion

This study examined how generative Al trip-planning tools on four platforms—Book-
ing.com, Tripadvisor, Google Al Mode and Expedia Romie—handle trip planning for
Algiers across three dimensions: choice curation, information synthesis, and recom-
mendation transparency. Results show generative Al can substantially alleviate deci-
sion overload by narrowing options into structured itineraries and synthesizing hetero-
geneous information, especially on platforms with robust data coverage. However, des-
tination-dependent performance differences and systemic transparency deficits pose
risks for consumer trust [13].

Theoretically, the study contributes by shifting focus from generic models to con-
crete platform-level implementations, clarifying how design choices differentially ad-
dress overload and where they fall short of expectations for trustworthy Al [1][24]. For
practitioners, generative itinerary planners create tangible value but should be comple-
mented by transparency mechanisms and bias mitigation strategies. For policy, the
study underscores ensuring MENA destinations are adequately represented in Al data
ecosystems; without coordinated efforts to improve data quality and multilingual con-
tent, platforms may continue favoring dominant hubs [10].
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Limitations include reliance on a single destination, a qualitative scenario-based
methodology, and the absence of direct traveler outcome measurement, which con-
strains generalizability and prevents causal claims about whether observed platform
differences truly reduce decision overload. Future research could validate the present
qualitative findings through quantitative user testing. For example, controlled experi-
ments could assign participants to plan the same multi-day trip using one platform con-
dition and measure perceived information/choice overload, decision confidence, satis-
faction with the resulting itinerary, and trust in recommendations. Behavioral metrics
such as time-to-completion, number of alternatives consulted, prompt iterations, and
decision deferral could complement self-reported scales. Such studies, replicated across
multiple destinations and user segments, would strengthen the external validity of the
comparative framework and clarify which design mechanisms most effectively reduce
tourism decision overload.

Disclosure of Interests. The authors have no competing interests to declare that
are relevant to the content of this article.
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