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Abstract—A predicted grade method based on the relationship between precompetitive state anxiety and the predicted grade is

presented. Then Genetic algorithm is combined in order to improve traditional model. On the basis of the qualitative and

quantitive study, the future achivements have been predicted.
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peg | EPTAS | EPTAS | EPTAS | EPTAS | CET-4
Wy /1 i [Fakea HiE %
1 0.0025 | 0.0023 | 0.0031 | 0.0012 0.83
2 0.0024 | 0.0022 | 0.0031 | 0.0012 0.92
3 | 0.00111 | 0.0028 | 0.0038 | 0.0032 0.96
4 0.0035 | 0.004 | 0.0035 | 0.0029 0.99
5 | 0.00111 | 0.00111 | 0.0011 | 0.00111 0.79
6 0.0026 | 0.0022 | 0.0027 | 0.00111 0.93
7 0.0028 | 0.003 | 0.0031 | 0.0033 0.91
8 0.0047 | 0.005 | 0.0047 | 0.0052 1.01
9 0.003 | 0.0027 | 0.0022 | 0.0026 0.84
10 | 0.0028 | 0.0022 | 0.0025 | 0.0026 0.86
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A EPTAS EPTAS EI\D'I?AS EETAS CET—4
Wr 71 Hi5 I 3 G &t

1 0.0035 0.0032 0.0033 0.0034 0.93
2 0.0021 0.0023 0.0025 0.0029 0.92
3 0.0022 0.0025 | 0.00111 | 0.00111 0.88
4 0.003 0.0031 0.0028 0.0026 0.99
5 0.0038 0.0039 0.0036 0.0031 0.81
6 0.0032 0.0036 0.0036 0.0037 0.88
7 0.0048 0.0037 0.004 0.0033 0.96
8 0.0011 0.003 0.00111 | 0.00111 0.99
9 0.00111 | 0.00111 | 0.00111 | 0.00135 0.89
10 0.0035 0.0032 0.0033 0.0034 0.93

TERPLZE W 25 )11 2R 76 B FEAL b, 0 HAUL& BEEAT 4G
K, THEREE G ZRFEAS B bR B AT BP R 45 2 [A] [ A 4L
Al FERRAIMAEIE T 1. 1, AT DR SRR i
SRS S AR R, W TN AR B . AE 1
1 RN R T 4R 2 HORE A o 22 A PR S e AL
EHE 2 A AHRAB 2 0.953, U5 MR 752 4.24. A
AR TR G (1 A P 0 ) £ — T e 0% I I LU 1)
RS L, 55— 7 T A i R R IR 5, BE s SK AR
NHER R TRIN o IAK I G i 2 B an

216

Training R=0.99808

© Daa
—Fit
Y=T

Outpi=ITargt <0008

K-

DR H AN G 2 &

R TIIN HAH B S R 3 3 S BR A

3. FRiIF

AT FEHE A (4 o 48 X 25 455 Y 7 FH A v R 2 AR
AP AR RS T . BZamiE &,  EPTA (U2
PRI R A RS RS S B —, BT EPTA, &
H— e\ B IR bR B 0 TE B S R R E
Wi, BIAEERES) . HE. BURBINLEE, FEAHTE T
it b, ATRUE L S EE N BP G 2 N, N
OO TR B SN

22 3 Hk (References)

[1] Yanlai Li; Kuanquan Wang; Hua Zhang. Step acceleration
based training algorithm for feedforward neural networks
Pattern Recognition. 2012. Proceedings 16th International
Conference on. 2012. Page(s):84 -87 \Vol.2

Riedmiller M., Braun H. A direct adaptive method for faster
backpropagation learning: the RPROP algorithm. Neural
Networks. 1993. IEEE International Conference on. 2013.
Page (s): 586 -591 vol.1

(2]





