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Abstract—How to effectively allocate computer resource to 
satisfy the users’ different QoS requirement is one of most 
important issues of building virtual high performance 
computing environment. To address this problem, this paper 
presents a novel resource allocate strategy in which the 
slowdown degree of users’ job plays the key role of resource 
allocation. To implement the strategy, this paper also presents 
a Mixed Bin Packing Algorithms which is the combination of 
traditional Bin-Packing Algorithm and some general 
Algorithms. Experimental results show that the Mixed Bin 
Packing Algorithm is more effective than the previous 
algorithms, especially in a large scale application background. 
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I. INTRODUCTION 

Nowadays, high performance computing environment 
plays an increasingly important role in science computing. 
With the growing demand, more users of HPC put forward 
the customized needs of computing environment. At the 
same time, by virtualization technology, building its own 
high performance computing environment for user is one of 
efficient ways to satisfy the diversity of demand, in the 
context of limited physical resources[1-3].  

In general, resources assigned to users for building the 
virtual environment are relatively fixed, and users will be 
exclusive employ this part of resources. When the number of 
user and the users’ job number are changed, the system can 
not reallocate resources belonging to different users timely 
and effectively. Therefore, this resource allocation strategy is 
fairly easy to cause waste of resources and the effective 
utilization of resources in the whole system is difficult to 
guarantee.  

At present, the problem of wasting resources can be 
partially solved through some monitoring technologies [4-6] 
which can achieve real-time monitoring of resource usage of 
virtual machine. But how to coordinate the struggle for 
resources between users and improve the resource utilization, 
especially when users put forward some specific 
requirements of quality of service, are still the key problems 
of resource allocation which are expected to solve[9, 10].  

Generally speaking, the quality of service (QoS)[7] 
include a variety of constraint which may involve time, cost , 
reliability, credibility, safety, etc[8]. Among them, the 
completing time and cost of jobs are usually the two 
important aspects. At present there are some related work is 
to study the problem how to realize resources allocation 

upon the virtual cluster based on specific service quality 
constraint. Because of usually based on the traditional QoS 
constrains, these existing strategies has obvious limitations 
and can not adapt to these changes accompanied with renting 
of virtual clusters.  

Amril N. put forward two steps to built the virtual 
computing environment in [11]. System firstly selects the 
relation resource according the cost optimal strategy and 
then constructs the virtual organization dynamically to server 
the user. This method is easier to satisfy users in cost 
constraints, but does not guarantee that resources are 
efficiently utilized as a whole. In [12], users were be 
classified by different priorities and the resource provision[13] 
were provided to the high level users. The user will enjoy the 
high reliability at the same time paying more cost.  

For the better solution of coordinate the resource using 
between the multiple users which has their own virtual 
machine independently, this paper presents a novel resource 
allocation strategy in which the slowdown degree[14] of 
user’s job is regard as a new metric of QoS and plays the key 
role in the whole process of resources allocation. This new 
strategy allows the system to dynamically adjust the amount 
of resource belonging to the specific user. New resource 
price mechanism can effectively reduce the customer 
spending and maximize the benefit of the whole system. 

The remainder of this paper is organized as follows. 
Section 2 gives a detail of description about the novel 
allocation strategy and the new metric of QoS. In Section 3, 
we outline detailed design of three algorithms to achieve the 
strategy. Section 4 presents a comprehensive set of 
experimental data that evaluate the performance of different 
algorithms. Conclusions and suggestions for future work 
appear in Section 5. 

II. VIRTUAL RESOURCE ALLOCATION STRATEGY BASED 

ON SPECIFIC RANGE 

When user rents a long-term virtual computer resource, 
the required average computing power can be acquired 
through a period of observation. Generally, Allocating fixed 
amount resources to users is relatively easy method to meet 
the users’ computing requirement. We wish to optimize a 
metric that encompasses user centric notions of both 
performance and fairness. From the users' perspective, the 
more resources available, the faster the work will be. At the 
same time, it also can bring about greater cost. While the 
resources occupied reach a certain value, the improvements 
on the performance caused by the additional resources will 
be very limited. Conversely, if can complete the task within 
the arranged time limit, the use of less resources also means 

The 2nd International Conference on Computer Application and System Modeling (2012)

Published by Atlantis Press, Paris, France. 
© the authors

 
 

0440



lower overhead. On the system is concerned, it is also easier 
to improve overall system performance. 

A. Problem definitions 

From the description above, it is not difficult to find that 
computing resources available to users should meet the 
scope of constraints. It may make the following definition. 

Definition 1: Users Resource Requirements Agreement. In a 
virtual computing environment, users can submit their 
resource requirements which should be a proper scope of 
floating. Correspondingly, system accepting the user 
requests also should guarantee the computation ability kept 
in these scopes. 

This resource range can be expressed as 

[ ]iiik αα ,)1( − . Among the expression, iα represents the 

expected optimal computation ability of each user; let ik  

be the ratio between the lowest computation ability and the 

most optimal computation ability. Obviously, each ik  is 

service quality agreement between user and system. Its 
value should be in (0, 1] interval. In some special 
environment, the ratio also can be zero, which means user 
allows job scheduling system suspend their jobs when it is 
difficult to provide the necessary resources. 

Definition 2: Distributed User Resource Restriction. 
Under the distributed computing environment, the resource 
serving to the special user is usually a collection of multiple 
heterogeneous resources. From the Def. 1, the resources 
available to users should be subject to the following 
constraints: 
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Among them, ijα represents the resources which each 

independent host j allocates to user i. H is the amount of 

physical clusters (or mainframes). We let ijα  take rational 

values to enable fine-grain resource allocation. 
Definition 3: Slowdown Degree of User’s job. For each 

user i,  j iij αα  is a reflection of the relative gap 

between its actual occupation of resources and the ideal state. 
It can also be considered as the actual degree of slowing of 
user’s job. 

It should be noted that, when the resource management 
system dynamically adjusts the computing resources 
occupied by the user, the ratio value also changes. But 

unlike ik , this value has nothing to do with the user cost. The 

higher the ratio value is, the higher customer satisfaction is. 

B. Resource Allocation and Accounting Strategy Under the 
Constrain of QoS 

To better balance the resource contention among users 
and achieve maximum effective using of system resources, 

it might be proposed that take the ik  mentioned in the 

previous section as a new contract of QoS between the user 

and system. Based on this agreement, we put forward the 
following differentiated resource accounting strategy: 
1) Differentiated Resource Accounting 

After receiving the relevant request from the user, system 
should set the range of resource requirements according to 
the K value setting by user. When the resource requirement 
of users have a clear upper and lower limitation, the part 
below the lower limit should be gave higher priority to 
ensuring and account with the higher tariff standards; on the 
other hand, the part which are higher than the lower limit, 
can be dynamically adjusted according to the system load 
conditions and charged with a relatively low price. 

At this time, the user's total cost will not only 
determined by its mission total requirements but also closely 

related to the ik value setting by users themselves. Lower 

the value are, the more computing tasks may be completed 
as soon as possible, but the greater of cost to pay. 
2) Resource Allocation Strategy Related to K Value 

Based on this differentiation resource accounting strategy, 
we propose the following resource allocation strategy: 

a) priority to meet user basis needs. The basis resource 

needs are calculated by the ik (definited by user i). 

Standing the perspective of resource providers, this allows 
to maximize the system revenue. In the peak load, it can 
ensure more users to enjoy system services at the same time. 

b) When available resources arise, the user which defines 

the more high value of ik  have the high priority.  

When the system is busy, these users might be handed over 
more resources. This strategy also allows the user sharing 
the system resources to minimize the average slowdown 
degree. 

c) When a new request to build a virtual cluster arrived, 
the resource are released by those user which have the most 

distance between the value of ik and actual slowdown 

degree. 
Based on the above three rules, even if the 

user-defined ik  value is high, the system still will 

initiative allocate more resources to user’s virtual machine 
when the system load is low. So the user’s job run-time will 
not necessarily be obviously prolonged. At the same time, 
these resources are relatively inexpensive. 

C. Formalized Problem Statement 

Comprehensive above problem description, resource 
sharing allocation problem of virtual cluster building upon 
multiple physical clusters environment can be can be 
formulated as a MILP, that is, a Linear Program (LP) with 
both rational and integer variables.. We can write the 
constrains as follows, with Ji ,..,1=  and Hj ..1= . Its 
expression is as follows: 

The 2nd International Conference on Computer Application and System Modeling (2012)

Published by Atlantis Press, Paris, France. 
© the authors

 
 

0441



j∀       j

J

i
ij C≤

=1

α                (1) 

i∀       i

H

j
ij αα ≤

=1

                (2) 

i∀       ( )i

H

j i

ij k−≥
=

1
1 α
α

            (3) 

i∀       1
1


=

≤






H

j i

ij

α
α

              (4) 

i∀      Y
H

j i

ij
=

≥
1 α

α
                (5) 

Among them, jC represents all of the resources 

provided by independent host j, Hj ..1= ; ije represents 

the possibility which the request of user i is dispatched to 
host j;  

If each user’s request is only assigned to no more than 

one physical cluster, { }1,0∈ije . Equation (4) represents 

this constraints and it can be cancel when multiple virtual 
machines servicing on the same virtual cluster are allowed 
to be assign to different physical host.  

The objective of optimization is to maximize Y . To 
maximize the minimum yield, which meaning that all users 
in the system is to minimize the degree of slowdown. 
Solving the problem and obtaining the optimal solution or 
the feasible solutions, we can adjust the configuration of 
virtual machine instances to implement the solution of 
resource allocation problem. 

III. RESOURCE ALLOCATION ALGORITHM FOR VIRTUAL 

CLUSTER 

In general, solving a MILP requires exponential time. 
When the number of users and physical clusters are small, 
solution of the resource allocation problem can be calculated 
by means of special tools for the optimal solution, such as 
the Gnu Linear Programming Toolkit (GLPK), Lingo and so 
on. When problem scale increases to a certain degree, the 
exact solution is often difficultly acquired in a limited time. 

A. General algorithms 

1) Gradually Relaxed Algorithm 
In order to solve the problem, a more direct approach is 

to firstly pre-allocate the resources based on the user-defined 
minimum requirements and then gradually allocate 
remaining part to each task which resources is insufficient. 
Intuitive sense, this method can guarantee as much as 
possible to response to user requests. Gradually relaxed 
algorithm is based on this thought to solve the resources 
distribution.  

In the pre-allocation phase, for each user request it 
should first select the physical cluster which burden is 
relative low in order to guarantee that the remaining 

resources of every physical clusters is roughly equivalent. In 
the second stage, priority should be given these user requests 
which still exist a relatively big distance to reach the upper 
limit of resource requirement. To prior allocate resources to 
the user which possess the largest Slowdown Degree can 
effectively improve the overall service satisfaction. 

2) Greedy Algorithm 
In contrast with the Gradually Relaxed Algorithm, the 

basic idea of Greedy Algorithm are to try to meet the 
maximum demand of each user in the pre-allocation phase 
and only when new user’s tasks request cannot be satisfied, 
the system then withdraws part of the allocated resources for 
secondary distribution. In order to more equal treatment of 
all kinds of users, priority should be given user request with 
greater resources demand in the pre-allocation phase. 

There is a more detailed introduction about this approach 
in [14]. 

B. Mixed Bin Packing Algorithm 

The algorithms mentioned in Section III.A explore the 
solution space directly from specific user needs. Because of 
ignoring the correlation between the resource requirements 
of multiple users, both methods have their obvious 
shortcomings. To solve this problem, this paper proposes the 
improved algorithm based on the knapsack algorithm. 

1） Relative Scarcity of Resources 
From the system perspective, to better characterize the 

degree of scarcity of resources, we gives the following 
definition: 

=
J iH jC ατ  

For request of any user i, according to the resource 
allocation strategy proposed in section II.B it can be easier to 
get the following inference. 

Inference 1: If τ>− )1( ik , then 

ii

H

j
ij k αα )1(

1

−=
=

. 

Inference 2: If τ≤− )1( ik , then 
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2） Algorithm Improvement 
According to Inference 1 and 2, it is not difficult to 

discover that solving the problem can be divided into two 
parts: the solution for the fixed demand part and the solution 
for variable demand. The MBPA algorithm is illustrated in 
Fig 1. 

Among the process, the solution of resource allocation 
problem in step 4 is similar with the traditional bin packing 
problem[15]. At present, many mature approaches to solve 
such problems have already been expressed. In step 7, the 
judgement about the scale of problem should be adjusted 
according to the results for the solution of practical problem. 
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Figure 1. Process description of The MBPA algorithm  

It is obvious that both the number of tasks in queue A and 

B depend on ik  setting by each user. If 1>τ , the original 

problem will directly degenerate into the knapsack problem. 

Otherwise, if all of ik  are smaller than )1( τ− , the 

system will not be able to find the resource allocation 
scheme to meet the needs of all users. To complete all tasks, 
some of request must be hang firstly. 

C. Standardizing Technology 

The algorithms proposed above can be obtained a 
feasible solution of the resources allocation problem within a 
limited time. However, if the results need to be implemented 
by changing the configuration of each virtual machine 
instances, no doubt, it will increase the complexity of 
resource management and job scheduling.  

To better address this issue, we can customize a 
standardized virtual machine instance in the range of 
resources across multiple physical clusters. This method will 
ensure that each virtual machine instance is broadly similar 
at the resources amount and its computing power. By 
dynamically adaptive management techniques, virtual cluster 
can automatically adapt to the changes of number of the 
virtual machine instances. It also reduces the complexity of 
resource management. Another advantage of this approach is 
that the original problem can degenerate into integer 
programming problem and solving the problem can be 
further simplified. 

IV. EXPERIMENTAL TEST 

To facilitate data analysis and comparison of different 
algorithms, this paper experiments are based on standardized 
virtual machine instances. The main body of resource 
allocation is simplified to the standardized virtual machine 
instance. It is also a measure standard of computing ability 
for physical cluster. As the experimental initial conditions, it 
needs to clear the number of physical clusters and the 
number of the standard virtual machine instances which each 
physical cluster can accommodate. To maintain consistency 
in the allocation of resources, the user's demand also 
required to express the number of instances the virtual 
machine. 

During the process of experiments, we gradually increase 
the system load through increasing the number of users. In 
general, when the sum of users’ needs of resource is far less 
than the amount of resources provided by multiple physical 
clusters, most of user’s maximum requests can be satisfied 
easily. So, Experiments will only focus on the situation in 
which the sum of maximum demand for all user is close or 
exceed to the amount of resources. We compare the effects 
of different algorithms mainly by observing the following 
two data: 1) Y value which algorithm can reach; 2) after 
completion of distribution, the amount of remaining 
resources. 

In order to fully test the applicability of the algorithm, 
two groups of physical cluster experiments environment are 
given. First group with smaller size in which contains five 
different physical clusters can accommodate no more than 
320 standard virtual machines. The capacity of each 
individual physical cluster is not less than 50 standard virtual 
machine instances. Second group with larger size is 
composed by eight physical clusters which can support not 
less than 90 standard virtual machines. The total computing 
power reaches to support 1000 standard virtual machine.  

A. Small Problems 

Fig. 2(a) shows changes the value of Y when the user 
total demand increases. Value of Y represents the minimum 
value of slowdown degree among all users’ request. Solution 
of problem should guarantee to get the largest possible value 
of Y. When value of Y reach 1, it indicates that every user 
get enough computing resource as their highest demand. 
Conversely, the lower value of Y means that users generally 
had less access to resources. Under the same conditions, 
different algorithms will be different Y values. The higher 
the value of Y, the higher the overall satisfaction of users. 
Compared data in Fig. 2(a), it can be seen that the value of Y 
decrease significantly when the total number of users and 
user needs continue to increase. 

For small-scale problems, the optimal solution obtained 
through linear programming tools is an important reference 
in comparing the data obtained by different algorithms. The 
data of in Fig. 2(a) indicate that the Y value of the Greedy 
Algorithm or Mixed Bin Packing Algorithms is usually 
20%~40% increase than the value of the Gradually Relaxed 
Algorithm. Fig. 2(b) shows the change of amount of total 
remaining resource accompanying with the increase of users’ 
needs. The higher remaining resource, the lower overall 

1. Initiate iij kC ,,α ; 

2. Calculate τ ; 

3. Sort user’s request queue by ik  in ascending 

order and put them into two groups, i.e. queue A 

( τ−≤ 1ik ) and queue B ( τ−> 1ik ); 

4. Calculate the lowest resource requirement of each 
user’s request in queue A and according to this 
value allocate user’s requests in queue A to 
different physical cluster; 

5. Calculate the remaining resource of each physical 
cluster; 

6. Construct a new problem B which includes the 
remaining resource of each physical cluster and all 
of user’s requests in queue B. 

7. If the scale of problem B is enough small 
Use the Gradually Relaxed or Greedy 
algorithm to solve problem B; 

 Else 
Repeat the procedure from step 1 to 6 to solve 
problem B; 

8. Merge the result obtained in step 6 and 7 and get 
the final allocation scheme. 
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resource utilization. According to Fig. 2(b), the Gradually 
Relaxed Algorithm also has a wide gap in customer 
satisfaction than the other two algorithms. 

 
(a) Y vs. Total users requirement 

 

 (b) Remaining resources vs. Total users requirement 

Figure 2 Y value and Remaining resources in small problems 

B. Large Problems 

 
(a) Y vs. Total users requirement 

 
(b) Remaining resources vs. Total users requirement 

Figure 3 Y value and Remaining resources in small problems 

The data in Fig. 3 shows that the performances of three 
algorithms are more stable for large-scale problems. The 
performance of Gradually Relaxed Algorithm is significantly 

lower than the other two methods. Both the Mixed Bin 
Packing Algorithm and the Greedy Algorithm can guarantee 
to maximize the utilization of resources, but the former has 
more value in the Y value. 

C. Result Analysis 

Based on the above experimental data, it is easy to see 
that the Mixed Bin Packing Algorithm and the Greedy 
Algorithm have obvious advantages than the Gradually 
Relaxed Algorithm in resource utilization. Compared with 
the Greedy Algorithm, the Mixed Bin Packing Algorithm is 
less stable in the small scale of the problem, but in the larger 
problem its relative performance is better, that is, the former 
is more suitable for solving small-scale data and the latter is 
more suitable for solving large scale problems. 

In the current discussion, we retain the limitation which 
the virtual machine instances of same virtual cluster locate in 
the same physical cluster. In practice, this approach will 
ensures that the user virtual environment will not affect by 
the geographic dispersion of entire virtual cluster. But the 
factor also restricts the improvement of performance further. 
Especially when the overall size of resources is small, this 
factor will lead to greater fluctuations in algorithm 
performance for different instances. 

V. CONCLUSION AND FUTURE WORK 

In order to solve resource allocation problem under the 
conditions of virtual cluster, this paper proposes a novel 
mechanism which takes the slowdown degree of user’s job 
as the core indicators of QoS. Under different user 
constraints of QoS, the mechanism ensures optimal 
performance of system and users the lowest cost. Based on 
the novel mechanism，a novel algorithm Mixed Bin Packing 
Algorithm possesses is presented. The Mixed Bin Packing 
Algorithm possesses was verified in different scale of the 
problem. Experimental data show that the Mixed Bin 
Packing Algorithm possesses superiority in performance and 
the approximate optimal features. 

For reducing implementation complexity, current study 
retains the constraint which the virtual machine instances of 
same virtual cluster locate in the same physical cluster. 
However, when the computing ability of single physical 
cluster is limited, relaxing this constraints will also improve 
resource utilization and user satisfaction. How to expand 
existing algorithms and progressively realize the resource 
allocation under the dynamic load conditions will be the 
focus of future research. 

ACKNOWLEDGMENT 

This work is supported by 863 Project of China (Grant 
No. 2009AA01A135 and 2008AA01A202), National Natural 
Science Foundation of China (Grant No. 60773118), the 
Fundamental Research Funds for the Central Universities 
(Grant No.08142007). 

 

REFERENCES 
[1] Foster I, Freeman T, Keahey K, et al. Virtual clusters for Grid 

communities. In: Sixth IEEE International Symposium on Cluster 

The 2nd International Conference on Computer Application and System Modeling (2012)

Published by Atlantis Press, Paris, France. 
© the authors

 
 

0444



Computing and the Grid (CCGRID'06), Singapore, 2006. 513-520 
[2] Lizhe W, von Laszewski G, Jie T, et al. Grid Virtualization Engine: 

Design, Implementation, and Evaluation. Systems Journal, IEEE, 
2009, 3:477-488 

[3] Murphy M, Abraham L, Fenn M, et al. Autonomic Clouds on the 
Grid. Journal of Grid Computing, 2010, 8:1-18 

[4] Jeffrey S, David C, Aravind M, et al. Concurrent Direct Network 
Access for Virtual Machine Monitors. In: International Symposium 
on High-Performance Computer Architecture, Scottsdale, AZ, USA, 
2007. 306-317 

[5] Nesbit K J, Moreto M, Cazorla F J, et al. Multicore Resource 
Management. Micro, IEEE, 2008, 28:6-16 

[6] Cherkasova L and Gardner R. Measuring CPU overhead for I/O 
processing in the Xen virtual machine monitor, in Proceedings of the 
annual conference on USENIX Annual Technical Conference, ed. 
Anaheim, CA: USENIX Association, 2005, pp. 24-24. 

[7] Menasce D A and Casalicchio E. QoS in grid computing. IEEE 
Internet Computing, 2004, 8:85-87 

[8] Yeo C S and Buyya R. A taxonomy of market-based resource 
management systems for utility-driven cluster computing. Software: 
Practice and Experience, 2006, 36:1381-1419 

[9] Kumar S, Dutta K and Mookerjee V. Maximizing business value by 
optimal assignment of jobs to resources in grid computing. European 

Journal of Operational Research, 2009, 194:856-872 
[10] Li C and Li L. Multi-level scheduling for global optimization in grid 

computing. Computers & Electrical Engineering, 2008, 34:202-221 
[11] Amril N. A Cost Efficient Framework for Managing Distributed 

Resources in a Cluster Environment. In: Proceedings of 10th IEEE 
International Conference on High Performance Computing and 
Communications, Dalian,China, 2009. 29-35 

[12] Yang C, Tianyu W and Jianxin L. An Efficient Resource 
Management System for On-Line Virtual Cluster Provision. In: 
Proceedings of  IEEE International Conference on Cloud Computing, 
CLOUD '09., Bangalore, 2009. 72-79 

[13] Elmroth E and Tordsson J. Grid resource brokering algorithms 
enabling advance reservations and resource selection based on 
performance predictions. Future Generation Computer Systems, 2008, 
24:585-593 

[14] Stillwell M, Schanzenbach D, Vivien F, et al. Resource Allocation 
Using Virtual Clusters. In: Proceedings of the 2009 9th IEEE/ACM 
International Symposium on Cluster Computing and the Grid, 
shanghai,China, IEEE Computer Society, 2009. 260-267 

[15] Leinberger W, Karypis G and Kumar V. Multi-capacity bin packing 
algorithms with applications to job scheduling under multiple 
constraints. In: Proceedings of International Conference on Parallel 
Processing, Aizu-Wakamatsu City, 1999. 404-412 

 
 

The 2nd International Conference on Computer Application and System Modeling (2012)

Published by Atlantis Press, Paris, France. 
© the authors

 
 

0445



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles false
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.7
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize false
  /OPM 0
  /ParseDSCComments false
  /ParseDSCCommentsForDocInfo false
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo false
  /PreserveFlatness true
  /PreserveHalftoneInfo true
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Remove
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 200
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages false
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /ColorImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 200
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages false
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /GrayImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 400
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc666e901a554652d965874ef6768467e5770b548c52175370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /ITA (Utilizzare queste impostazioni per creare documenti Adobe PDF adatti per visualizzare e stampare documenti aziendali in modo affidabile. I documenti PDF creati possono essere aperti con Acrobat e Adobe Reader 5.0 e versioni successive.)
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020be44c988b2c8c2a40020bb38c11cb97c0020c548c815c801c73cb85c0020bcf4ace00020c778c1c4d558b2940020b3700020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken waarmee zakelijke documenten betrouwbaar kunnen worden weergegeven en afgedrukt. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /PTB <>
    /SUO <>
    /SVE <>
    /ENU (Use these settings to create PDFs that match the "Required"  settings for PDF Specification 4.01)
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e55464e1a65876863768467e5770b548c62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
  >>
>> setdistillerparams
<<
  /HWResolution [600 600]
  /PageSize [595.162 841.890]
>> setpagedevice




