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Abstract

In view of the good generalization performance
of the random forest classifier, this paper uses
the random forest classifier to analyze the risk of
the 961 groups of breast tumor lesion tissue
digital mammography image data. Empirical
results show that the random forest classifier has
better generalization performance than Decision
Tree, Support Vector Machine and Recent
Neighbor Method, and breast tumor severity of
influential variable importance is as follows:

Margin, Shape, Age and Density.
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