2016RA1821.indd 824

Temporal and Spatial Variation of Vegetation Analysis
Based on MOD13 in Mu Us Sandy Land from 2000 to
2015

Ge Qiu'?, Yuilong Bao'**, Yuihai Bao'?, Jiabin Wu®

'College of Geographical Science, Inner Mongolia Normal University, Hohhot 010022, China

“Inner Mongolia Normal University, Key Laboratory of Remote Sensing and Geography Information System ,
Hohhot 010022, China
*Institute of Water Resources for Pastoral Area Ministry of Water Resources, Hohhot 010018, China

ET MODI13 KBS RVYHIT 16a AR TR {LERE
pa i)

g, @R e, AN, SpERC
"SI R B, IR 010022, R

2 P S TG R R S A B T S

IEAIERF 010022, HIH

SRR KRR RIS, WERIEES 010018, +hE

Abstract

To comprehend the variation of vegetation in Mu Us
sandy land, the research use Mu Us sandy land as
research area and make Uxin Qi(county) as a sample to
anticipate the vegetation index variation on different
land-use type. 365 images of Mod13 product are basic
data which from 2000 to2015 and the spatial resolution
is 250m. The data will be input in ArcGIS10.3 to
analyzed and draw graphs of average NDVI in July and
August of Mu Us sandy land and Uxin Qi. Moreover ,
the research will draw a holistic graph of variation in
Mu Us sandy land during the duration of 2000 to 2015.
Besides, some of the meteorological elements has been
analyzed to explain change of NDVI. The conclusion is
the average NDVI although dropt in 2014 and 205 but
grew gradually from 2000 to 2013, vegetation growth
become optimistic and the main reason of the NDVI
change are rainfall, air temperature and sunlight. But
there are still some area of Mu Us heavily desert zing
and it is harm for vegetation growth.
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Fig4-1: Average NDVI in July and August of Mu Us Sandy Land
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Fig4-3: Average NDVI of different land-use type in Uxin Qi in July and August Every Year (From 2000-2015)
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