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Abstract. In the current movie box office forecasting research, most of the research is based on the
basic features in the movie mining, ignoring the influence of actors in the social media platform on
movie box office. This paper proposes to crawl the Sina Weibo and comment data, analyzing the
popularity of actors and tweets. In addition, we propose the LDA topic model based on popularity of
tweets, which as the input of the LDA model. Then the topic distributions based on popularity of
actors are obtained. Combined with the above two features, a variety of regression algorithms are
used to construct the prediction model. The experimental result shows that the feature extraction
method can improve the forecasting effect of the box office to a certain extent.
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